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Abstract 

The current study aims to examine the mediating role of knowledge manage-

ment in the relationship between business intelligence and organizational perfor-

mance in Jawwal company in the Gaza Strip. This research used the quantitative ana-

lytical approach by adopting the questionnaire technique as a data collection tool. 

The study population was made up of Managers, Head of Departments and other 

employees in Jawwal in the Gaza strip whom performs their work using computers. 

The researcher received 110 questionnaires out of 132. Therefore, the responding 

rate is amounted to 83% of the total distributed questionnaires. In addition, the re-

searcher used the Statistical Package for Social Science and partial least squares pro-

grams in order to analyse the collected data. The study results revealed the follow-

ings: First, there is high positive direct significance effect of business intelligence on 

knowledge management. Second, there is high positive direct significance effect of 

knowledge management on organizational performance. Third, there is high positive 

indirect significance effect of business intelligence on organizational performance. 

 Fourth, there is high positive significance mediating role of knowledge man-

agement in the relationship between business intelligence and organizational perfor-

mance. Finally, this signifies the crucial importance of the mediating role of 

knowledge management when examining the relationship between business intelli-

gence and organizational performance. As well as, business intelligence works its 

beneficial effects on firm performance through the level of knowledge creating, stor-

ing, sharing, and application. The researcher recommended on the importance of cre-

ating a culture that believes in the importance of integrating knowledge management 

and business intelligence in business processes for successful performance at Jawwal 

Company. Moreover, the researcher recommended on the importance for Jawwal 

company to adopt Knowledge Management system and Business intelligence system 

to achieve success over competitors. 
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 الملخص

تهدف الدراسة الي التعرف علي دور ادارة المعرفة كمتغير وسيط في العالقة بين ذكاء 
المنهج الوصفي  ةالباحث تاستخدم .في شركة جوا  في قطاع غزة التنظيمي داءاألعما  و األ

وتكونت عينة الدراسة من  جمع بيانات. كأداة التحليلي عن طريق استخدام تقنية االستبيان 
في شركة جوا  في قطاع غزة الذين يستخدمون  والموظفين العاملين قسامورؤساء األالمدراء 

بنسبة  استبانة، 132استبانة من مجمل  110 الباحثة استلمت جهزة الحاسوب في عملهم.أ
 SPSSبرنامج  كما واستخدمت .جموع ما تم توزيعه من االستبانات% من م83استرداد بلغت 

وتوصلت الدراسة  ،وذلك لتحليل البيانات التي تم جمعها عن طريق االستبانات PLSوبرنامج 
 الي عدد من النتائج اهمها:

 وادارة المعرفة.عما  ذكاء األ بينومباشر  كبير ايجابيتأثير د و وج .1
  .داء التنظيميبين اداره المعرفة واأل و مباشروجود تأثير ايجابي كبير  .2
 .واألداء التنظيميعما  وجود تأثير ايجابي غير مباشر بين ذكاء األ .3
 .يوجود دور وسيط إلدارة المعرفة في العالقة بين ذكاء األعما  واألداء التنظيم .4

أهمية وجود ادارة المعرفة كعامل مهم في تحسين العالقة بين  علىهذه النتائج  وقد دلت
أداء الشركة  علىذكاء األعما  واألداء التنظيمي. حيث ان ذكاء األعما  يزداد تأثيره االيجابي 

 وأوصت الباحثة، وتطبيقها. كما المعرفة، وتخزينها، ونشرهامن خال  اهتمامها بعمليات خلق 
أهمية خلق ثقافة تعي بأهمية دمج انظمة ادارة المعرفة وانظمة ذكاء األعما  معا من أجل  على

 أداء تنظيمي عاِ  وتمكنها من مواجه المنافسين. علىالحصو  
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Chapter 1  

Study Framework 

1.1 Background  

It is widely recognized the rapid change of technology and the spread of 

globalization and its resulting crucial effects worldwide. Such fast changes have 

drawn new challenges for different types of businesses and hence require rapid and 

efficient responses. Information Technology (IT)  and systems are crucial for today 

business since they provide access to information and help in providing new oppor-

tunities for development. Business intelligence (BI) is a set of promising tools and 

techniques that help organizations in getting access to different sources of infor-

mation, analyse them, and develop efficient organizational responses to business 

challenges. Extant research have highlighted the importance of information, its anal-

ysis, and employment for the development of business solutions. 

As the world globalizes, the rate of change is very fast and is driven by rapid 

technological advancement. In such environment, businesses face complex situations 

spanning new complex patterns of customer demands, extreme market conditions, 

new government regulations, and stiff competition. In response, businesses are re-

quired to react effectively and adapt to the various challenges to survive and stay 

competitive (Akhavan, Ebrahim Sanjaghi, Rezaeenour, & Ojaghi, 2014; Kimpel & 

Morris, 2013). 

Thus, businesses are required to utilize the available volumes of timely, rele-

vant, high quality data, information, and knowledge (Turban, Sharda, Aronson, & 

King, 2008) in order to make strategic, tactical, and operational decisions (Kimpel & 

Morris, 2013). Failure to gain access to information sources and utilize the available 

information can lead businesses to make decisions based on instinctive knowledge 

that can result in loss of productivity, reduced  agility in the  marketplace, and flawed 

decision making (Boonsiritomachai, McGrath, & Burgess, 2014). 

On the other hand, organizations should update their business processes by 

utilizing modern technologies such as BI which integrate powerful capabilities in 

business event management, analysis, reporting, score-carding, data integration and 

dashboards (Bahrami, Arabzad, & Ghorbani, 2012; Ranjan, 2008). Furthermore, BI 

allow organizations to maximize the benefits of information and knowledge through 
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refinement and sharing. BI also lay grounds for better understanding and managing 

of information and knowledge, improved business decisions, and better response to 

business challenges (Panian, 2008; Pirttimäki, Lönnqvist, & Karjaluoto, 2006; 

Rostami, 2014). Additionally, It is important to point out that the quality and timeli-

ness of an organization’s BI can mean not only the difference between profit and 

loss, but also even the difference between survival and bankruptcy (Ranjan, 2008). 

Extant research shows that BI systems are becoming increasingly more critical to the 

daily operation of organizations. The availability and meaningfulness of information 

and knowledge resulted from BI systems help empowering knowledge workers and 

improving their abilities for taking better decisions (Herschel & Jones, 2005; Sturdy, 

2012). BI systems also help in building corporate organizational memories through 

acquiring knowledge from different resources and transforming knowledge from tacit 

to explicit (Egbu & Robinson, 2005; Gupta, Iyer, & Aronson, 2000). 

In recent decades, research efforts have been focused on Knowledge man-

agement (KM) systems along with BI systems. KM systems provide an integrative  

approach for identifying, capturing, retrieving, sharing, and evaluating enterprise in-

formation assets (Herschel & Jones, 2005). KM systems also enable companies to 

obtain information from their environments and their stakeholders and then trans-

form them into great knowledge (Para-González, Jiménez-Jiménez, & Martínez-

Lorente, 2018). They help organizations in utilizing invaluable organizational assets 

such as databases, documents, policies, procedures, and uncaptured tacit expertise 

and experience that stored in the individual head (Herschel & Jones, 2005). 

More importantly, is the utilization of different knowledge sources and the in-

tegration of different systems. For instance, Negash (2004) highlighted the equal im-

portance of combining both structured and unstructured (explicit and implicit) for 

better and more reliable information and improved decision making. In addition, BI 

and KM have to be linked under the same umbrella, as it is the only way to keep pace 

with the huge growth and change in knowledge assets that is most likely bound to 

accelerate its evolution during the twenty-first century (Botha, Kourie, & Snyman, 

2014). Even more, the integration of different systems such as KM and BI along with 

operations and people help in improving Organizational Performance (OP). Such in-

tegration can improve different aspects of organizational performance such as gain-
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ing more satisfied customers and employees, more innovation practices, more effi-

cient internal business process, and the resulting of enhanced performance (Ha , Lo , 

& Wang 2016). 

In sum, BI and KM system are two equal important technologies that have 

been central in improving the quantitative and qualitative value of the knowledge 

available to decision makers (Cody, Kreulen, Krishna, & Spangler, 2002). Addition-

ally, such integration is a characteristic of knowledge-based economy and is needed 

for more efficient responses to increasing challenges facing modern enterprises 

(Albescu, Pugna, & Paraschiv, 2008; M.-C. Lee, 2015). Consequently, their proper 

integration help organization to get wide benefits, like maximizing organizational 

efficiency, develop long term learning, adapt to business changes and sustain innova-

tion, which in the end, affect firm performance (Pirttimäki, 2007; Rostami, 2014). 

Thus, the focus of this research is on examining the importance of KM processes to 

both BI and OP. 

 

1.2 Problem Statement and Research Questions.  

The role of IT and associated business-oriented tools and techniques as well 

as the utilization of information and knowledge are very crucial to modern organiza-

tions and business firms. The essence of technology and prevalent technological 

business-oriented practices stems from their abilities in enabling organizations to ef-

ficiently responding to market challenges (Akhavan et al., 2014; Varun Grover, 

2001). In contemporary organizations and surrounding challenging environments, 

there is a growing importance of knowledge and intellectual resources as primary 

tools for competition (Mocanu, Litan, Olaru, & Munteanu, 2009; C. M. Olszak, 

2012). Thus, success of modern organizations depend highly on their abilities to uti-

lizing all available relevant information (Albescu et al., 2008). It is equally challeng-

ing to recognize the huge flow of information, select relevant information, and to 

deal with different forms and multifaceted information. It is important to recognize 

the changing nature of information in terms of volumes, availability, and importance; 

as well as, the rapid change of the society requirements and customer preferences 

(Albescu et al., 2008; Cody et al., 2002; C. M. Olszak, 2012; R. Shehzad, M. Khan, 

& M. Naeem, 2013).  
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On the other hand, in order to understand, analyse and access the wide range 

of information and knowledge, organizations should adopt and integrate modern 

technology practices such as BI and KM in their business environment. These tech-

nologies help organizations acquire best possible practices, cope with a sudden envi-

ronment changes and support decision makers. It is also equally important to recog-

nize both explicit knowledge, acquired from business transactions (Herschel & 

Yermish, 2009), and implicit knowledge, residing in people minds and expressed in 

their experience. (Siong Choy, Kuan Yew, & Lin, 2006).  

From another point of view, the competition in telecommunication sector in 

Palestine generally and in Gaza specifically has been increased after the entrance of  

a second mobile operator “Wataniya Mobile- Ooredoo”. This bombshell is expected 

to oblige Jawwal Company to try to keep its dominant position in the market and find 

methods of enhancing its own competitiveness such as discovering better approaches 

to share knowledge among employees and continuously advance their technical 

skills. In addition, it is important to recognize that the geographical separation be-

tween the West Bank and Gaza makes the Physical contact between employees hard 

to achieve (Ali, 2012).  

In order to deal with this issue, the use and employment of BI and KM sys-

tems can help Jawwal respond efficiently to stiff competition and environmental 

challenges.  Extant research shows that the deployment of new technologies such as 

BI and KM helps in such situations (Pirttimäki, 2007; Surbakti, 2015). Such deploy-

ment will enable employees to utilize organizational assets, exchange information, 

create new various types of knowledge, share their knowledge, and provide timely 

solutions regardless of their geographical separation. Even more, working jointly will 

offer very systematic approaches to improving a company’s performance and infor-

mation management (Pirttimäki, 2007).  

Therefore, the broad objective of this study is to develop a better understand-

ing of KM processes and investigate the nature of its effects on BI and OP. Based on 

the above arguments, the study’s problem can be demonstrated via stirring up the 

following main research question: 
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 ”What is the effect of Knowledge Management on the relationship between 

Business Intelligence and Organizational Performance at Jawwal Co. in The Gaza 

Strip ?” 

The sub research questions are: 

 Question One: Is there an effect of Business Intelligence on Organizational Per-

formance in Jawwal Co. in The Gaza Strip? 

 Question Two: Is there an effect of Business Intelligence on Knowledge Man-

agement in Jawwal Co. in The Gaza Strip? 

 Question Three: Is there an effect of Knowledge Management on Business Intel-

ligence in Jawwal Co. in The Gaza Strip? 

 Question four: Is there an effect of Knowledge Management on Organizational 

Performance in Jawwal Co. in The Gaza Strip? 

 

1.3 Research Aim and Objectives.  

Prior literature lacks adequate evidence of KM as mediator factor to influence 

BI and OP. Hence, investigation of KM mediation would provide better understand-

ing of how it influences organizational ability to gain its goals, create substational 

benefits and business values; as it has become a critical factor in an organization’s 

success and competitiveness. 

Therefore, this study is based on investigating missing links in literature and 

filling their gap by examining the mediation role of KM that may influence the asso-

ciation between BI as an independent variable and OP as dependent variable. 

Particularly, the purpose of this research is to refine and extend the understanding of 

how BI influences OP and to examine the possible mediating effect of KM on the 

relationship between BI and OP in Jawwal Co. in the Gaza Strip. 

In this respect, it is required to develop a conceptual model that summarizing 

the relationship between the variables. As well, it is required to develop a question-

naire instrument where each question is related to the research model and derived 

from a relevant and appropriate literature. 

In order to achieve the overall aim of this thesis, four objectives are estab-

lished: 

1. To examine the influence of BI on OP within Jawwal Co. in The Gaza Strip.   
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2. To examine the effect of BI on KM within Jawwal Co. in The Gaza Strip. 

3. To identify how KM plays its role to give benefit to the OP within Jawwal Co. in 

The Gaza Strip.  

4. To identify the association between BI and OP through mediating role of KM 

within Jawwal Co. in The Gaza Strip. 

 

1.4 Research Model and variables 

Based on the research questions identified above, the following study mod-

el is proposed for testing. 

 

1.4.1 Research model 

 

 

Figure (1.1): The Research Model. 

Source: Adopted from different resources as cited below. 

1.4.2 Variables 

1. Independent Variable, (Business Intelligence BI), six variables were used in the 

measurement of BI: Analytical Capabilities(AC), Data Quality(DQ), Flexibil-

ity(Flex), Integration with other systems(IS), Risk Level(RL), and User Ac-

cess(UA) based on (Işık, Jones, & Sidorova, 2013; Popovič, Hackney, Coelho, & 

Jaklič, 2012). 

2.  Mediator variable, (Knowledge Management KM), four variables were used in 

the measurement of KM: Applying Knowledge(AK), Creating Knowledge(CK), 
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Disseminating Knowledge(DK), and Storing Knowledge(SK) based on : (Alavi & 

Leidner, 2001; Lawson, 2003). 

 

3. Dependent Variable, (Organizational Performance OP), three variables were used 

in the measurement of OP: Employee Satisfaction(ES), Organizational Innova-

tion(OI), and Process Innovation(PI) based on: (Augusto, Lisboa, & Yasin, 2014a; 

Camisón & Villar-López, 2014; Chi & Gursoy, 2009). 

 

1.5 Research Hypotheses. 

Major and minor premises of this study can be stated as follows: 
 

 Major Hypothesis: 

 

H1. BI has effects on OP under KM in Jawwal Co. in The Gaza Strip.   

 

 Minor Hypotheses: 

 

H2. BI has effects on KM in Jawwal Co. in The Gaza Strip.  

H3. KM has effects on OP in Jawwal Co. in The Gaza Strip. 

H4. BI has effects on OP in Jawwal Co. in The Gaza Strip. 

 

1.6 Significance of the Study 

This study is expected to contribute both in theory and in practice.  

 

1.6.1 From theoretical perspective   

This study will intended to be classified within the new studies that’s aims to 

bridge the gap, which result from using BI individually in the organization; through 

shedding the light on the importance of implementing KM as a mediating role be-

tween BI and OP. KM reduces the shortage of BI, by its ability to cover the tacit and 

explicit knowledge. 

In the second place, the current study represents the first footstep that will open 

the eyes of researchers and practitioners toward the role of KM within BI. Both re-

searchers and practitioners may have not yet aware of the effect of KM in increasing 

OP effectiveness in business context when it is functioning beside BI. 
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On the other hand, the outcome of the study is beneficial to future researchers, 

since the findings will serve as a reference material and a guide for the researchers 

who wish to conduct the same study area or any study related to this topic.  

1.6.2 From practical perspective 

To business managers or any other users, the study is useful by providing 

them with better understanding about the key differences between BI and KM. 

As well as, this study result is important to create awareness and direct the in-

tentions of managers of Jawwal Co. and any other companies about how BI and KM 

can benefit from each other and bring the best possible performance to the organiza-

tion. Moreover, Jawwal co. could benefit from this study through raising their atten-

tion to important outcomes and use them as information tool to develop their busi-

ness processes. 

 

1.7 Limitations 

It is significant to define the limitations of the study and thus contribute to its 

validity. 

 

1. Location limitations: 

Generalizations of the results should be avoided, since the study performed 

only on one company, Jawwal Company. Moreover, it is located in a certain region 

of Palestine. Hence, the findings obtained may not be generalized to other samples 

across other regions. 

In the second place, the results may include some bias since the sample was 

selected from Gaza’s private sector. Therefore, the results of this study may have to 

be carefully interpreted. 

 

2. Human resource limitations: 

The study performed upon the managers and employees of arouses depart-

ments in Jawwal Co. whom performs their work using computers. 

 

3. Timeline limitations: 

The study conducted over a certain interval of time, so the results maybe a 

snapshots dependent on conditions occurring during that time. 
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Overall, despite all these limitations, this study makes some valuable contri-

butions to practice and research. 

1.8 An Overview of  Jawwal Company 

Jawwal is the first Palestinian Provider for communication services 

(PaltelGroup, 2006). It started its operation in 1999, after Pal Tel officially received 

the license to operate in the Palestinian Territory in 1996. In December 2000, Jawwal 

developed into an independent, private corporation (Jawwal, 2017). 

The license granted to PAL TEL entitles Jawwal to work for five years as an 

exclusive operator in the Palestinian territories or till acquiring 120,000 subscribers, 

whichever comes first. However, Jawwal began its work as a Palestinian company by 

facing four Israeli companies which are considered to be major companies in the 

Middle East. These companies are illegally operating in the Palestinian market and 

violating all agreements signed(PaltelGroup, 2006).. 

In spite of operating in the Palestinian market, these companies do not pay the 

license fees to the Palestinian national authority (PNA)  and thus breaking  Oslo Ac-

cord and the Palestinian communications law. In addition , these companies do not 

pay value added taxes to the PNA. While, Jawwal equipment are being confiscated 

and delayed in the Israeli ports, these Israeli companies are fully supported by the 

Israeli authorities. Thus, Jawwal has never virtually enjoyed its exclusive license but 

entered into competition since its first day(PaltelGroup, 2006). 

Despite all challenges and obstacles that Jawwal faces, it is still pursuing its ac-

tivities to provide the best services to the Palestinian subscribers and achieve high 

profitability for its shareholders(PaltelGroup, 2006). Also, It always seeks to help all 

people to communicate through the latest technology regardless of the hard political, 

economic and social obstacles they face(Jawwal, 2017). 

 As a matter of fact, Jawwal has realized many achievements and acquired the 

readiness and experience needed for standing up to the challenges under most 

difficult conditions. Jawwal has more than 570,000 subscribers who support the na-

tional economy by their subscription in the company which, in turn, provides ser-

vices to them in accordance with international standards and with almost professional 

levels. In addition, Jawwal provides support and assistance to more than 20,000  Pal-

estinian families whether directly such as employees, or indirectly such as suppliers, 
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distributors, contractors, and others(Jawwal, 2017). As well as, Jawwal  network now 

covers 98% of West Bank and Gaza, with 25 showrooms, 1000 main and sub dealers 

serving customers in every corner in the country (Ali, 2012).. 

1.8.1 Jawwal Vision , Mission and Values.. 

Vision: 

Jawwal seeks to maintain its lead in a market where all Palestinians enjoy the 

benefits of an efficient and quality wireless communications. In addition, Jawwal 

aims to play a pivotal role in uniting hearts and enriching lives of individuals in its 

local community, going ahead with its progress along with the national economic 

growth (JAWWAL., 2017). 

Mission  

 Listen to their subscribers and strive to satisfy their changing needs. 

 Actively work on developing a reliable and trusted national network.  

 Committed to setting a leading example of professionalism and integrity by 

grooming a world class team of professionals. 

 Constantly showcase innovation in overcoming challenges they meet, aiming to 

achieve desired growth and fulfill their vision. 

 values 

Care, amiability and attention; smoothness and trust. 

 

1.9 Thesis structure. 

This master’s thesis is logically split into six chapters and includes introduc-

tion, literature reviews, previous studies, methodology and data preparation , data 

analysis and results, and study conclusions.  

Chapter 1 serves as introduction and it discusses the background, problem 

statement and research questions, research aim and objectives, research model, re-

search hypotheses, significant of the study, study limitations, and finally Jawwal 

Company overview. 

Chapter 2 serves as a Literature Reviews for the study. It contains four sec-

tions. Business Intelligence, Knowledge Management, Business Intelligence and 

Knowledge Management, and Organizational Performance respectively. Business 

Intelligence section includes Business Intelligence evolution, Business Intelligence 
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Concept, Business Intelligence Capabilities and True value of Business Intelligence. 

While, Knowledge management section includes Knowledge, Knowledge manage-

ment Classification, Knowledge management Concept, and Knowledge management 

Processes. The third section includes The Similarities and Differences between Busi-

ness Intelligence and Knowledge management, Business Intelligence and its link to 

Knowledge management, and finally Business Intelligence and Knowledge manage-

ment in Jawwal Company. The last section includes OP and its Measurement. 

Chapter 3 serves as a Previous Studies. It contains Business Intelligence Previ-

ous Studies, Knowledge Management Previous Studies, and Comments on the Previ-

ous Studies. 

Chapter 4 discusses research methodologies and data gathering methods avail-

able for the study research. This chapter describes the population size, the study 

sample and data collection methodology of primary and secondary data. The ques-

tionnaire validity and reliability of performed empirical study. Finally, the Profile of 

respondents and statistical techniques are introduced to analyse data. 

Chapter 5 discusses the results of the data analysis. It includes the descriptive 

statistics of BI, KM and OP variables, the correlation among the key constructs, the 

differences in BI, KM and OP according to demographic factors, the relations among 

observed and unobserved variables, the coefficient of determination and the stand-

ardized coefficient path, testing the hypothesis, and finally the results are conducted. 

Chapter 6 summarizes and discusses the key findings of the study research, 

study recommendations, and finally further research are discussed. 

 

 



 

 

 

 

 

 

 

 

 

Chapter 2 

Literature Review 
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Chapter 2 

Literature Review 

 

 

2.1 Business Intelligence 

This Part will give a brief introduction about business intelligence (BI) in terms 

of conceptualization, evolution, capabilities, and value. 

   

2.1.1 Introduction 

Extant research shows that BI is very critical to contemporary organizations 

and affect different organizational aspects in terms of gained insight, decision mak-

ing, and organizational performance (Ramakrishnan, Jones, & Sidorova, 2012). BI 

serves as a platform for collecting huge data from different resources, analyse these 

data, and giving them value through transformation to information and knowledge 

that serve the decision making processes and sustain positioning in the external envi-

ronment (Gile et al., 2006; Popovič et al., 2012). Similarly, Watson and Wixom 

(2007), highlighted the strategic importance of BI and its profound effects on innova-

tion and effective organizational performance.  

 

2.1.2 Evolution of Business Intelligence. 

BI was first introduced by Hans Peter (Luhn, 1958), an IBM researcher, as a 

facilitating tool for making business communications easier. The notion of intelli-

gence was focusing on the abilities of a business to understand the relationships be-

tween facts and available data to guide the achievements of final results and organi-

zational goals (Alexe, Alexe, & Simion, 2014; Yeoh, 2008). 

In the 1990s, the concept of BI became widely used and was referred to as the 

exploitation of data available in business IT systems. More broadly as set of software 

and solutions for collecting, integrating, analysing, and facilitating the access to data 

for better business decisions (Gibson, Arnott, Jagielska, & Melbourne, 2004).  

However, BI can be seen as an incremental development and evolution of dif-

ferent analytical systems and techniques (Watson 2005). Thus, BI can be seen as a 

development to the computerized decision support systems (DSS), appeared in the 

1960s, mainly to assist in decision making and planning (Power, 2007). Through 
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time, the scope of BI has been evolved more and more to combine both technical 

(data access, analytical tools) and organizational/operational (processes etc.) aspects 

for the purpose of efficient decision-making (Rönnow, 2014) and better management 

support (Işık et al., 2013). 

 

2.1.3 Business Intelligence Concept 

BI can be looked at from various perspectives, as several definitions exists; 

each definition has its own perspective with a dissimilar focus. Thus, the definition 

of BI is heavily discussed in the extant literature. Specifically, BI was conceptualized 

as processes/activities or as decision-making supporting tool.  

BI was considered as activities/processes to collect different external types of 

data/information about several business factors (competitors, markets, customers, 

social trends, and new technologies) (Gbosbal & Kim, 1986) and make them usable 

for serving organizational strategy and intelligence (Thierauf, 2001; Tyson, 1986) 

and supporting decision-making (Collins, 1997; Sawka, 1996).  

By the end of the twentieth century, BI was conceptualized as a set of integrat-

ed tools, techniques, technologies, and processes for collecting and presenting data 

(Reinschmidt & Francoise, 2000), transform them into information and knowledge to 

support better decision-making (Elbashir, Collier, & Davern, 2008; Gartner, 2013; 

Hannula & Pirttimaki, 2003; Wixom & Watson, 2012), ensure effective planning and 

smooth business activities and management (Eckerson & Howson, 2005; Lönnqvist 

& Pirttimäki, 2006; Surbakti, 2015), improve business performance (Behnam 

Azvine, Cui, & Nauck, 2005), and gain competitive position and survive the compe-

tition (Jordan & Ellen, 2009; Venter & Tustin, 2006). 

Other research focused on other aspects of BI. For instance, Kalakota and 

Robinson (2001) argued that the growth of BI stems mainly from the demand for 

more competitive business knowledge and growth in electronic data capturing and 

storage. Some research defined BI through focusing on BI tools such as data ware-

housing, data analytics, reporting and online analytical processing (OLAP) (White, 

2004). Hence, they defined BI through highlighting the role of data warehousing that 

empower knowledge workers with relevant information to make decisions based on a 

solid foundation and facts (Nemati, Steiger, Iyer, & Herschel, 2002). Chang (2006) 
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argued that data can be collected from both internal sources as well as externally 

supplied by partners, customers or third parties as a result of their own choice. 

Turban et al. (2008) stressed on the unity and integration of tools, architectures, da-

tabases, data warehouses, performance management, methodologies into a unified 

software suite. Chang (2006)  argued that BI supports strategic and operational deci-

sion making and risk assessment in uncertain and dynamic business environments.  

As shown in table (2.1), extant research discussed BI from different aspects 

such as technical, organizational, operational points of view. Thus, there is no single 

perspective of BI; many authors clarify different definitions for different purposes. If 

researchers focus on the technical aspects of BI, it is likely that they will include IT 

terms while if researchers focus on the strategic aspects of BI, they will use strategic 

and more general definitions (Fass, 2013). 

According to the purpose of this research, BI is viewed as an integrated set of 

tools, techniques, and technologies such as DW, reporting, performance management 

and predictive analytics dedicted for gathering, storing, accessing, and analysing data 

in order to present  historical information, create knowledge, inform decision making 

and management support across a broad range of business activities, for the overall 

purpose of enhancing OP. 
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Table (2.1): Definitions of BI. 

Author(s) BI Definition 

Ramakrishnan, Khuntia, 

Kathuria, and Saldanha 

(2016) 

A combination of tools and techniques that help to transform massive amount of data from various sources into mean-

ingful information to support decision making and enhance OP. 

Olexova (2014) A set of processes, policies, culture, and technologies for gathering, storing, manipulating, and analyzing data collected 

from internal and external sources, in order to communicate information, create new knowledge, and improve decision-

making. 

Chaudhuri, Dayal, and 

Narasayya (2011) 

A set of decision support systems for the enterprise aimed at enabling knowledge workers; such as executives, analysts 

and managers to make effective decisions. 

 

Curko, Vuksic, and Loncar 

(2009) 

A collection of components such as data warehousing, data mining, online analytical processing, and decision support 

system. 

Jourdan, Rainer, and 

Marshall (2008) 

A set of processes and products which is used to develop useful information to help firms survive in the global econo-

my and predict the performance of the general business environment. 

Negash and Gray (2008) A data driven approach which combines data gathering, data storage, and KM with analysis to provide input to the de-

cision process. 

Petrini and Pozzebon 

(2008) 

A collection of tools that focuses on technologies, providing, gathering, proceeding, analysis, and dissemination of in-

formation, but not on the processes. 

Davenport et al. (2007) A set of processes and technologies that use data to understand and analyze firm performance. 

Williams and Williams 

(2007) 

A combination of technology, methods and products to organize key information that management needs to improve 

OP. 

Lönnqvist and Pirttimäki 

(2006) 

A managerial philosophy and tool that helps firms’ manager and refine information with the objective of making deci-

sions that are more effective. 

Venter and Tustin (2006)  A collection of tools and technologies to improve the decision making process by transforming data into valuable and 

actionable knowledge to gain a competitive advantage. 

Seeley and Davenport 

(2006) 

Extraction of insights from structured data.  

Hancock and Toren (2006) A set of concepts, methods, and technologies for converting separated data in an organization into useful information in 
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Author(s) BI Definition 

order to improve OP. 

Chung, Chen, and 

Nunamaker Jr (2005) 

A set of results obtained from collecting, analyzing, evaluating and utilizing information in the business domain. 

Burton and Hostmann 

(2005) 

The use and analysis of information that enable organizations to achieve efficiency and profit through better decisions, 

management, measurement and optimization.  

Moss and Hoberman (2004) 

 

A set of tools, technologies, and processes; needed to turn data into information , information into knowledge and 

knowledge into plans that drive profitable business action. 

Raisinghani (2004) A generic term for a set of technical applications, software, and tools, which enables efficient and effective processing 

of business information. 

Alter (2004) An umbrella term for decision support.  

Negash (2004) A system that combines data collection, data storage and KM with analytical tools so that decision makers can turn 

complex information into competitive advantage. 

Golfarelli, Rizzi, and Cella 

(2004) 

The process of converting data into information and information into knowledge. 

Eckerson (2003) A system that takes data and transform it into different information products. 

Olszak  and Ziemba (2006) A set of concepts, methods and processes that aim to improve business decisions and support realization of an enter-

prises strategy. 

Moss  and Atre (2003) A collection of integrated operational systems, like decision support systems and databases which provide the business 

community easy access to business data. 

Gray (2003) A natural outgrowth of a series of previous systems designed to support decision-making. 

Adelman and Terpeluk 

Moss (2000) 

A term encompasses a broad range of analytical software and solutions for gathering, consolidating, analyzing and 

providing access to information in a way that is supposed to let an enterprise’s users make better business decision. 

Matsuda (1992) A set of machine intelligence and human intelligence; which primarily allows the accumulating of massive amount of 

data from various sources and translate them into information, knowledge and eventually into actionable insights. 

Table (2.1): Definitions of BI. 
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2.1.4 Business Intelligence Capabilities  

BI capabilities are very important for making BI effective in organizational set-

tings. They enable organizations to deal with inflows and outflows of data and help 

in improving organizational understanding and adaptation to business environmental 

challenges as well as improving performance (Watson & Wixom, 2007). 

BI capabilities can be examined from both organizational and technological 

perspectives (Ross, Beath, & Goodhue, 1996). They can simply refer to the techno-

logical aspects such as shared platforms and databases, technology architecture and 

data standards. Organizational capabilities support the effective application of BI that 

runs in the organization such as flexibility and shared risks and responsibilities (Işık 

et al., 2013). 

In this study, six technological and organizational BI capabilities were illus-

trated in order to measure BI efficiency -data quality, integration of BI with other 

systems, user access, analytical capabilities, risk and the flexibility of the BI- and all 

of these components were selected from (Işık et al., 2013) study model  except the 

analytical capabilities as it was selected from  (Popovič et al., 2012) study model. 

This research adopts the above mentioned BI capabilities although it is not clear 

whether BI capabilities may include other capabilities (Xu & Kim, 2014). But even 

so, these five capabilities impact the way an organization processes information and 

the performance of the organization (Ray, Muhanna, & Barney, 2005; Zhang & 

Tansuhaj, 2007). According to analytical capabilities, it has the ability to forecast 

future developments, model business processes and set up automated alerts (Ben 

Azvine, Nauck, & Ho, 2003).  

1. Data Quality (DQ) 

Data quality is very core to information systems efficiency and reliability and 

affects systems performance.  

Data can be collected from different internal and external sources such as 

available transactional systems connecting the different aspects of the organization 

(Enterprise Resource Planning (ERP)), dealing with customer side (Customer Rela-

tionship Management (CRM)), and managing the flow of material and information 

(Supply Chain Management (SCM) systems). Data can be also received from 

spreadsheet files, specialist databases, mail programs and the intranet (Dziembek & 
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Ziora, 2014). These collected data are then extracted, transformed and saved into 

Data Warehouses (DW) and, from there, are disseminated across the organization 

(Wang, Verbitskiy, & Yeoh, 2016). 

On the other hand, it is very crucial to monitor and maintain the quality of the 

data present in data warehouses, in order to avoid inaccurate and incomplete data, 

which may lead to wrong decisions (Manjunath & Hegadi, 2013). Maintaining the 

quality of data and keeping valid, correct, and integrated data help decision makers 

to make the right decision at the right place and time (Farjami & Molanapour, 2015; 

Negash, 2004; Zeng, Xu, Shi, Wang, & Wu, 2006). 

Moreover, the quality of collected data can be examined across four dimen-

sions: (1) accuracy and conformity to actual data, (2) timeliness and being not out of 

date, (3) completeness of all data values associated with objects of interest, and (4) 

consistency (Wand & Wang, 1996). 

In sum, extant research shows that data quality is very critical to the success of 

BI systems and poor quality could result in the loss of billions of dollars (Daniel, 

Casati, Palpanas, & Chayka, 2008; Khatri & Brown, 2010; Vassiliadis, 2000). In ad-

dition to maintaining data quality, it is very important to keep data into a unified re-

pository that can give a unified view about the organization and improve the decision 

making (Kimball, Ross, Thornthwaite, Mundy, & Becker, 2008).  

 

2. Integration Of BI With Other Systems (IS) 

Integrating the different systems in any organization is a key to achieving its 

strategic goals and sustainability. Integration can help in unifying the view about the 

organization, its products, culture, customers, and competition.  

Extant research suggest that such integration between BI system and other sys-

tems in the organization is one of the most important factors that lead to get the most 

of BI systems and ensure their success (Işık et al., 2013). Moreover, the smooth and 

fit integration of BI with other organizational activities and systems lead to a greater 

organizational success (Sabbir Ahmed, 2014). 

Integration can happen on different functional and physical levels and involves 

the connection between many information systems, the applications associated with 
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them, and data available in organizational databases and repositories.  The integra-

tion helps in adding more value to the overall organization by adding values through 

the synergy of different separate systems (White, 2005). Furthermore, the integration 

of data collected from different systems increases the level of communication quality 

and helps in improving the overall organizational performance (Işık et al., 2013; 

Russom, 2012). Additionally, businesses can reduce the managerial cost associated 

with training and other coordination issues while maintain better reliability of result-

ing outcomes (Işık et al., 2013).  

Finally, it is important to recognize that some business applications need more 

quality in the integration of BI with its systems and data. Business applications dedi-

cated to financial trading, applications of e-commerce and e-business, real-time flow 

of important and sensitive data represent clear examples for such important business 

applications (Russom, 2012). 

 

3. User Access (UA) 

Another important factor that count for the success of BI is the methodology of 

accessing BI applications and their outcomes (Paswan, 2010). Since, the users need 

to have access to the right kind of information and access to BI systems for quality, 

scope and support of their decision making (Işık et al., 2013).  

In particular, any business is expected to have different groups of users with 

different interests, tasks, and reporting and analysis needs that requires BI systems 

and all available systems to provide access to different information (Howson, 2004). 

In addition, different groups may need different BI tools with different authorized 

capabilities for serving different purposes and decisions (Eckerson 2003) through 

providing access at suitable security levels (Sabbir Ahmed, 2014). 

 

4. Analytical Capabilities (AC). 

Analytical capability (AC) of BI systems is a core issue. From an organization-

al point of view, it refers to the ability of BI system to explore different streams of 

data, discover patterns, provide suitable intelligence, and integrate such intelligence 

in decision making activities all over the organization (Ponjavic & Karabegovic, 

2012). From a technical side, it refers to Business Intelligence and Analytics tools, 
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technologies, and software suits that collect data from different sources, consolidate 

collected data, analyse them, and make them available all over the organization 

(Olszak & Ziemba, 2012). 

On the other hand, BI and analytics tools have several business benefits that 

serve the achievement of different business objectives and the improvement of busi-

ness outcomes. Analytical capabilities facilitate access to relevant data, discover pat-

terns and trends, and forecast the future behaviour of business firms that help in 

achieving better business performance (C. M. Olszak, 2014; Trkman, McCormack, 

De Oliveira, & Ladeira, 2010). Moreover, using analytics can help in improving de-

cision making, automate some business decisions (Trkman et al., 2010), and predict 

market trends for different products and services (Behnam Azvine et al., 2005). 

Extant research shows four different analytical tools: Data Mining (DM), 

Online Analytical Processing (OLAP), Dashboards, and reports which contribute in 

advancing business outcomes and have the potential power to provide actionable in-

formation (March & Hevner, 2007; Popovič et al., 2012). 

 

2.4.1.1 Data Mining (DM) 

Data Mining (DM) is the process through which a deep insight is employed on 

collected data for the sake of discovering previously unknown relationships and data 

patterns, correlations, and trends that serve organizational and business outcomes 

(Muhammad, Ibrahim, Bhatti, & Waqas, 2014; H. Wang & S. Wang, 2008) and sup-

port decision making (Winkelhorst, 2011). These patterns can take various forms, 

such as association rules (co-occurring grouping of things), classification and clusters 

rules (grouping of data based on its known characteristics), predictions (based on the 

past historical data), sequential Relationships (predicting future events based on simi-

lar events in the past); Therefore, knowledge representation becomes an issue of in-

terest in datamining (Abu-Naser, Al-Masri, Sultan, & Zaqout, 2011; Turban, Sharda, 

& Delen, 2011). 

Due to the fact that data mining is a powerful BI tool for obtaining valuable 

corporate knowledge and intelligence, it is often called Database Exploration, or In-

formation and Knowledge Discovery (Shim et al., 2002; H. Wang & S. Wang, 2008). 
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2.4.1.2 Online Analytical Processing (OLAP) 

Online Analytical Processing (OLAP)  is a type of multi-dimensional analysis 

that serve at the end-user interface of BI systems through presenting results in multi-

dimensional graphical reports (Al-Aqrabi, Liu, Hill, & Antonopoulos, 2015). OLAP 

looks interactively at data from different perspectives and dimensions simultaneously 

(Lv, Xie, Wang, & Cheng, 2012; Shollo, 2013).  

From a technical point of view, OLAP is a combination of optimized technolo-

gies and applications that provide online access to data stored in data warehouses, 

facilitate their analysis,  and enable users to model business problems and share gen-

eralizations (Olszak  & Ziemba 2006; Winkelhorst, 2011). 

On top of that, BI  and  OLAP  framework  helps in improving decision-

making through improving access to timely and reliable information (Glaser & 

Stone, 2008). It also help in making business processes more efficient and reliable 

through eliminating unnecessary process steps and process deficiencies (Al-Aqrabi et 

al., 2015).  

 

2.4.1.3 Dashboards 

Dashboards works also on the end-user interface of BI systems and has helped 

business to be more successful (R. A. Khan & S. Quadri, 2012b). They help users to 

present information and knowledge about business performance in a visual way that 

help in making interactive decisions (R. A. Khan & S. Quadri, 2012b; Richards, 

Yeoh, Chong, & Popovic, 2014). Dashboards help in presenting integrated and com-

plex business relationships in a suitable and clear format for better and agile deci-

sion-making (Hall Jr, 2003). Moreover, they provide high levels of customization of 

different information for different users and business situations  (Kuilboer, Ashrafi, 

& Lee, 2016).  

From a technical point of view, Dashboards include single and multiple met-

rics, graphical trend analysis, capacity gauges, geographical maps, percentage share, 

stoplights, and variance comparisons (Hall Jr, 2003).  

From business perspectives, Dashboards can reach and deal with massive data 

sets in short periods of time and use optimization techniques and simulation models 

to present and suggest the best alternative for each business situation (Rouhani, 

Ashrafi, Zare Ravasan, & Afshari, 2016). 
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5. Risk Level (RL). 

Risk management is one of the most important challenges facing business 

firms and modern organizations and is crucial to business success (Davenport, 2006). 

Risk management refers to the ability of BI systems of helping managers and busi-

ness taking relevant decisions under conditions of uncertainty and ambiguous situa-

tions (Kasemsap, 2017).  

For doing business in modern entrepreneurial organizations, it is important for 

BI to discover levels of risks associated with emerging business opportunities (Isik, 

2010). Additionally, the abilities of BI systems for discovering risk and reducing lev-

els of uncertainty and ambiguity helps organizations to take better decisions and be 

more successful (Işık et al., 2013; Rasmey & Raghul, 2017). 

Lastly, to avoid the obstacles and risks that are associated with the BI projects 

during their implementation, it is important for firms to be aware of the key indica-

tors of success in adopting BI. Also before the project begins, they should concern 

whether the project will succeed, struggle, or fail (Thamir & Poulis, 2015). 

 

6. BI Flexibility (Flex). 

Flexibility of BI systems is very important in modern business firms that may 

shrink or expand based on their capabilities and surrounding business environment.  

Flexibility is one of the BI organizational capabilities that help organizations 

and business managers to take business decisions when they face variations in their 

operations and business processes, available technology, and their surrounding busi-

ness environment (Gebauer & Schober, 2006). Additionally, flexibility helps organi-

zations to  control outside environments effectively (Işık et al., 2013; Terry Anthony 

Byrd, 2000). 

When businesses try to strengthening their existing competitive advantage and 

acquiring new one, they have to carefully selecting suitable BI technologies. There-

fore, organizations have to select carefully the underlying technology for BI and to 

consider the possibilities of potential expansion and changes of business processes  

(Rasmey & Raghul, 2017). In addition, it is wise to consider that getting the most 

benefits of BI systems requires flexible and robust functionality of the underlying 

software and technology suits (Işık et al., 2013).  
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The following table summarized the dimensions of Business Intelligence Capabili-

ties. 

 

Table (2.2): Dimensions of Business Intelligence Capabilities 
BI Dimen-

sions 
BI capabilities Definition Source 

Technical 

Dimension 

1. Data Quality Data consistency and compre-

hensiveness. 

(Işık et al., 2013; 

Popovič et al., 2012) 

2. Integration With 

Other Systems 

Linking various systems and 

their applications or data to-

gether, either physically or 

functionally. 

(Işık et al., 2013) 

3. User Access 

 

The capability of matching BI 

tools with user types. 

(Işık et al., 2013) 

4. Analytical Capa-

bilities 

The capability to query & ana-

lyse data. 

(Popovič et al., 

2012) 

 

 

Organization-

al Dimension 

5. Risk Making decisions when not all 

the facts are known. 

(Isik, 2010) 

6. Flexibility The capability to provide deci-

sion support when variations 

exist in business processes. 

(Gebauer & Schober, 

2006) 

 

2.1.5 The True Value of Business Intelligence 

In business environment, it is essential to show the value of any investment in 

technology or in any other assets.  

Extant research shows that BI Systems are complex to adopt, operate, and uti-

lize and are key to the success of CIOs (Luftman & Ben-Zvi, 2010; Popovič, 

Hackney, Coelho, & Jaklič, 2014). For instance, Twum Amoako (2014) argued that 

BI can be used as either offensive or defensive business tool. BI systems help organi-

zations to strengthening their competitive advantage through understanding and 

learning of the business environment as well as through minimizing the sudden arise 

of surprises. Thus, they serve on exploring new market opportunities and avoiding 

threats and vulnerabilities which lead to survival and protection of organizational re-

sources (Cavalcanti, 2005; Thomas Jr, 2001).  

In addition, BI influences organizational strategic (Irani & Love, 2001) through 

making strategy building more tight to organizational needs. By means of infor-

mation, BI helps in gaining more control, focusing on important strategic objectives, 

and improving the assessment of organizational performance (S. Arora, Nangia, & 

Agrawal, 2015) which enhances the building of a sustainable competitive advantage 

(Negash & Gray, 2008; Popovič et al., 2012). 
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On the other side, BI systems are implemented to add value to organizations, 

however not all organizations have similar goals, processes, and business challenges. 

Thus, organizations can get value and benefit from BI systems differently since they 

have different intelligence levels and unique business requirements (Moss  & Atre 

2003). Additionally, the added value doesn’t result directly from BI functionality by 

its own but from the actions initiated by its use (Lönnqvist & Pirttimäki, 2006; 

Winkelhorst, 2011). For instance, the value of improving revenues and operational 

capacity can result from performing variety of operations such as the creation and 

customization of standard reports and the exploration of data patterns and trends 

(Nofal & Yusof, 2013). 

Moreover, BI has several benefits to organizations and affects critical organiza-

tional aspects such as relationship with customers and levels of innovation. BI has 

the abilities to rapidly discover information, provide quick answers to business ques-

tions, enhance operational efficiency, and eliminate report delays. For instance, BI 

enables organizations to be selective and to have different alternatives which im-

proves decision makers abilities to take the right decisions (Jashapara, 2004). By us-

ing BI, decision makers will discover root causes, state wasted resources and mini-

mize inventory costs, improve strategies with better marketing analysis, and finally 

empower sales forces (Ritacco & Carver, 2007). Moreover, BI influences organiza-

tional abilities to be creative and innovative and to have better relationships with cus-

tomers and partners (Dziembek & Ziora, 2014). 

On the other hand, Jourdan et al. (2008) argued that BI can be seen as both a 

process and a product. BI contains sets of methods to collect data and information in 

a process that serve the survival of the organization. The product represent the in-

formation that BI make available to help organizations understand several stakehold-

ers such as customers, competitors, suppliers, and other players in their environment.  

Another representation of BI values is classifying values into tangible and in-

tangible. According to Gibson et al. (2004), values of BI can be classified into tangi-

bles such as cost reduction and financial returns and intangibles such as better intelli-

gence, more relevant information, more robust processes, and better decisions. 

Moreover, they argued that intangible values draw more benefits to the organization 
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than tangibles. Similarly, Pirttimäki et al. (2006) argued that many of the BI values 

are intangible and can be reflected in better quality and reliability of information. 

Finally, the intended benefits and values of BI depend highly on the skills of its 

users and their abilities to understand and link ideas with practice (Dziembek & 

Ziora, 2014; Fass, 2013). 
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2.2. Knowledge Management 

Knowledge management is one of the heavily researched topics that has drawn 

the attention of researchers for long time. It is very crucial for businesses and other 

organizations to manage their knowledge in an effective way that lead to improve-

ments on several organizational aspects.   

2.2.1 Importance and Conceptualization of Knowledge  

Extant research shows that the interest in managing knowledge as one of the 

most important resources has gained considerable attention from researchers. It is a 

key resource that help in making the organization survive the challenges and the stiff 

competition as well as find ways to enhance their performance (Gaffoor & Cloete, 

2010; Zaied, Hussein, & Hassan, 2012).  

Moreover, the increasing interest in knowledge and the recognition of its im-

portance, since 1990s, has encouraged researchers, practitioners, and professionals to 

call for the necessity of managing knowledge (Curko et al., 2009; Gadu & El-

Khameesy, 2014; Kiessling, Richey, Meng, & Dabic, 2009; Obeidat & Abdallah, 

2014; Omotayo, 2015; Pathirage, Amaratunga, & Haigh, 2007; Rhodes, Hung, Lok, 

Ya-Hui Lien, & Wu, 2008; Saeidipour & Bakhshi, 2013; Siong Choy et al., 2006; 

Zaied et al., 2012). For that end, a new branch of management has started to grow as 

Knowledge Management (KM). 

The management of knowledge doesn’t only mean the acquiring of available 

knowledge but also the employment of knowledge for discovering needs and gaining 

access to new opportunities (Drucker & Drucker, 1993; Ho, 2008; H. Kim & Gong, 

2009; Liao & Wu, 2009; Nonaka & Takeuchi, 1995; Wiig, 1997; Wiklund & 

Shepherd, 2003). Thus, KM is a key activity and affects the success of organizational 

efforts especially those depending heavily on the exchange of data, information, and 

knowledge (Akhavan et al., 2014). 

In addition, evidences show that firms and businesses that recognizes the role 

of knowledge, invest in knowledge management, and employ knowledge perform 

better and attain more success than firms that depend only on traditional tangible as-

sets (Anish Sachdeva et al., 2015). Consequently, KM is gaining more interest and 

becoming a primary business function for both business firms and individual projects 

that understand knowledge and capitalize on its employment (Hussain, Ajmal, 
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Khan, & Saber, 2015). KM is also important and key for both traditional and virtual 

businesses that span the emerging and developing knowledge-based economies 

(Dziembek & Ziora, 2014). 

Knowledge can be defined as facts, information, experience people gain and 

use for getting more understanding and problem-solving (Gadu & El-Khameesy, 

2014). In addition, knowledge is not just data and information and is complex to 

grasp and materialize (Omotayo, 2015). Knowledge is about justified beliefs that are 

connected to realities (Robertson, 2016), meaningful, and dynamic (Bhatt, 2000, 

2001; Chinying Lang, 2001). Moreover, Davenport and Prusak (1998), provided a 

thorough more comprehensive definition of knowledge as a mixture of experience, 

values, insight, and contextual information. They argued that knowledge is a congen-

ital activity and can be overt and documented or embedded in organizational pro-

cesses, routines, and norms. Consequently, knowledge is sticky and depends on per-

sonal practices that are different for different persons in different situations and dif-

ferent contexts (Shollo & Kautz, 2010). Moreover, knowledge is also dynamic and is 

triggered through interaction and social activities inside organizations (Curko et al., 

2009). 

Finally, knowledge is an “intellectual product” that is based on insight, under-

standing, reasoning, and testing (Ene, Goulding, & John, 2016) and can lead to better 

organizational positions that are supported by innovation and empowerment 

(Tavakoli, 2016). 

 

2.2.3 Knowledge Classification 

Many organizations were proposed several classification methods for classify-

ing knowledge. Since, it helps them on processing and managing their various 

knowledge resources (Surbakti, 2015). Nonaka and Takeuchi (1995) have been clas-

sified knowledge into Tacit and Explicit knowledge. Which is the most widely ac-

cepted classification. The term of Tacit knowledge means “To be Silent or Secret” 

while, the term of Explicit means “To Unfold” (Stewart, 2003). To clarify, Tacit 

knowledge is an asset which usually possessed by an individual and hardly expressed 

or displayed; Conversely, Explicit knowledge is easily expressed, formalized, coded 

or summarised (Chang, Luh, Kung, & Ueda, 2014). 
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Tacit knowledge is usually subjective, cognitive and experimental learning; it 

includes experience, expertise, know how, and trade secrets; as it tends to reside 

within the heads of knowers (Atkins, Singh, & Pathan, 2008; Dalkir & Liebowitz, 

2011; García-Álvarez, 2015). whereas, explicit knowledge is more objective and ra-

tional; it includes procedures, policies and documents; as it usually contains within  

tangible or concrete media (Dalkir & Liebowitz, 2011; García-Álvarez, 2015; R. A. 

Khan & S. Quadri, 2012a).  

(Polanyi)’s famous dictum, “We know more than we can tell”, points out that 

human skills “Tacit knowledge” are very tough to be shared or articulated,  and only 

known by the person who holds these skills (Chyi Lee & Yang, 2000; Dalkir & 

Liebowitz, 2011; Surbakti, 2015). In particular, it is closely related to symptoms, in-

tuitions, and emotions (Chang et al., 2014). Moreover, “Tacitness” is a property of 

the knower, what is tacit for one person could be explicit for the other (Dalkir & 

Liebowitz, 2011).  

Dhanaraj, Lyles, Steensma, and Tihanyi (2004) suggested three reasons for the 

complexity of sharing and transferring Tacit knowledge; in the first place, they men-

tioned that a high time rate of information transfer is required for teaching tacit 

skills; secondly, it is hard to pinpoint the reasons for achieving high performance as 

causal ambiguity will always exist. and eventually, the coherence of the knowledge 

structure will make the components useless without the whole. To solve these com-

plexity issues, the knowledge seeker should repeatedly work, investigate, analyse , 

learn and finally acquire his own competence and knowledge (Sonesson & Storgren, 

2016). In fact, the duality of knowledge implies that tacit and explicit knowledge are 

co-dependent and any view of knowledge involves both tacit and explicit knowledge 

(Botha et al., 2014).Table 2.3 summarizes main properties of Tacit and Explicit 

knowledge. 

 

 

 

 

Table (2.3): Properties of Tacit and Explicit knowledge 

No. Properties of Tacit Knowledge Properties of Explicit Knowledge 
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1.  Deals with new and exceptional 

cases. 

Ability to share, to access, to reproduce, and 

to reapply throughout the firm . 

2.  Focuses on know why, know 

how, and care why. 

Focuses on teaching and training. 

3.  Ability to express and share a vi-

sion to convey a new culture. 

Ability to convert a vision statement into a 

mission and operational guidelines. 

4.  Transferring experiential 

knowledge on a face to face inter-

actions. 

Transferring knowledge via services, products 

and documented processes. 

Source:(Dalkir & Liebowitz, 2011) 

2.2.4 Knowledge Management Concept.  

Many researchers were tried to define KM, explore its values and advantages 

for business environment, as well as raise the awareness of KM projects (Siong Choy 

et al., 2006). They come up with KM definition from various perspectives but no 

conclusion could be drawn even now (Cheng  & Cheng 2011).  

Peter Drucker, professor from Harvard University first proposed the “KM con-

cept”. He believes that KM is how to use knowledge to produce the best possible re-

sults. Moreover, he agrees that KM should be based on organizational learning 

(Cheng & Cheng, 2011). At the very beginning of the KM movement, a widely ac-

cepted definition from Davenport (1994) as he offered the following “KM is the pro-

cess of capturing, distributing, and effectively using knowledge”. This definition pos-

sesses the virtue of being stark, simple, and to the point (Koenig, 2012; Meihami & 

Meihami, 2014). A few years later, the Gartner Group has created advanced defini-

tion of KM, which is more comprehensive and perhaps the most frequently cited one 

"KM is a discipline that promotes an integrated approach to identifying, capturing, 

evaluating, retrieving, and sharing all of an enterprise's information assets”. Duhon 

(1998) clarifies the enterprise's assets, which are “databases, documents, policies, 

procedures, previously uncaptured expertise, and experience in individual workers." 

(Koenig, 2012). 

On the other hand, KM could be formerly defined as the process of applying a 

systematic approach for capturing, managing, structuring, and sharing of knowledge 

within a firm to reuse best practices, reduce cost and work faster (Nonaka & 

Takeuchi, 1995; Pasternak & Viscio, 1998; Pfeffer & Sutton, 1999). While, Mi-

crosoft clarifies KM as nothing more than managing the flow of information and get-

https://www.powerthesaurus.org/possesses/synonyms
https://www.powerthesaurus.org/possesses/synonyms
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ting the right information to the right people; so they can act quickly on it (Gates, 

1999).  

The main aim of KM is to enrich the firm’s performance; as it is recognized as 

an crucial weapon for sustaining competitive advantage and improving the organiza-

tional efficiency and effectiveness (Anish Sachdeva et al., 2015; Jennex, Smolnik, & 

Croasdell, 2016; Zaied et al., 2012). As a result, there are many researchers who de-

fined KM as a systematic methodology/strategy that will improve organizational 

competitiveness and Performance (AL-Hakim & Hassn, 2011; Lindblom & 

Tikkanen, 2010); for instance, Hu and Deng (2008) states KM as “a management 

discipline concerned with the systematic acquisition, dissemination and responsive-

ness of knowledge in organizations, aiming to improve an organization's perfor-

mance”. According to Snowden (1998) marks KM as "a systematic approach to 

identifying and capturing information and knowledge about a firm (its processes, 

services, products, markets, competitors and customers), and sharing this for the 

greater goal of OP". In addition, Shahrokhi (2010) demonstrates KM as “a systemat-

ic effort for using and sharing the organizational knowledge within the firm in order 

to increase its performance”. 

Another essential point, KM concerns about understanding and realizing how 

employees are working, sharing their ideas and concepts; also, it aims to identify 

groups of employees who work on similar duties and seeing how they can learn from 

each other in a way that will improve their comprehension (Arora, 2011). With re-

gards to that, Diakoulakis, Georgopoulos, Koulouriotis, and Emiris (2004) believe 

that KM concentrates on integrating and coordinating individuals knowledge; and 

intend to organize and apply current knowledge to create new knowledge. As a result 

of that, individuals would be able to ask for updated information and use pre-

programmed models which are mainly based on integrative and cumulative 

knowledge, choose best alternative solutions, and finally propose innovative ideas. 

(Dasgupta & Gupta, 2009). 

From another standpoint, the core of KM concept is the KM process(Eom, 

2016). This could be supported by Coleman (1999) demonstration; since he said that 

KM is “an umbrella term for wide variety of interdependent and interlocking func-

tions; which include knowledge creation, knowledge valuation and metrics, 
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knowledge mapping and indexing, knowledge transport, storage and distribution, 

and knowledge sharing”. Within the same time zone, Scarbrough, Preston, and Swan 

(1999) state KM as an ongoing process of creating, capturing, acquiring, using and 

sharing knowledge for the boost of business performance and organizational learn-

ing. From the present time, Muhammad et al. (2014) claim that KM is a collection of 

processes which govern the creation, sharing, and utilization of knowledge. Whereas, 

Wu and Chen (2014) define KM as a set of activities such as creating, transferring, 

integrating and applying knowledge to influence the firm performance.  

In the present business environment, the essence of KM is to avoid the waste of 

resources by seeking the best possible practices and not reinventing the wheel (Wah, 

2013). Hence, Weidong, Weihui, and Kunlong (2010) describe KM as a systematic 

process of discovering, organizing, choosing, distilling and sharing information in a 

way that will improve employees comprehension in a particular area of interest. 

Moreover, KM has emerged as one of the most critical area in management practices 

and established as a primary resource for economies and firms. As well as ,it is es-

sential for any organization that constantly seeks for creating, validating, and apply-

ing new knowledge into business world; for value addition, reform and improve effi-

ciency, serving customer better, control and following up the endless 

challenges(Joywin & Sang, 2015; Saeidipour & Bakhshi, 2013; M. Zarghamifard & 

M. R. Behboudi, 2012). 

To sum up, there are different ways to define and clarify KM concept as de-

picted in table 2-4 below, due to the fact that there are many researchers and academ-

ics who are working on this subject. However, these definitions imply that KM is 

more than a system or a tool. KM is a managerial philosophy, which is perceivable in 

the practices of various firms (Okkonen, Pirttimäki, Hannula, & Lönnqvist, 2002). 

Moreover, KM is the learned methods for knowledge sharing and interaction and, 

furthermore, it clarifies which way to operate. Commonly, the greatest benefit gained 

through KM as it is a lifeline for contemporary organizations, is that it does not 

waste the most important assets, the time people have (AL-Hakim & Hassn, 2011; 

Okkonen et al., 2002). Actually, it is an integral part of business activities, and plays 

an important role throughout the course of business, data management and infor-

mation management (Cheng & Cheng, 2011).  
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 Author(s)  KM definition 

Serrat (2017) Getting the right knowledge at the right time to the right people; and helping them to apply it in 

ways that seek to enhance firm performance. 

Omotayo (2015) A framework for designing an organisation’s strategy, structures, and processes ;to give the firm 

the ability  to learn and create value for its customers and community. 

Muhammad et al. 

(2014) 

A set of processes which govern the creation, dissemination, and utilization of knowledge. 

Draskovic, Jovovic, 

Draskovic, and 

Jereb (2013) 

A systematic process of searching, identifying, generating, storing, using and disseminating  of 

knowledge, which employees can create, update and implement in order to achieve competitive ad-

vantages. 

Rollett (2012) Doing strategic effort of the knowledge resources to reach organizational goals. 

O'Dell and Hubert 

(2011) 

A systematic effort to enable information and knowledge to grow, flow, and create value. 

Atwood (2009) A set of  systematic and integrated processes,  that will allow firm to reach  its desired goals. 

Lakshman (2007) A firm’s capability that guides its employees to work together, to generate, capture, share, and lev-

erage their collective knowledge to enhance their performance. 

Firestone, McElroy, 

Gorelick, and 

Tantawy-Monsou 

(2005) 

A system that enhances collaborative environment for creating and disseminating existing 

knowledge; provides new opportunities to generate new knowledge; also presents the approaches 

needed to apply what the organization knows in its effort to achieve its strategic goals. 

Gloet and 

Terziovski (2004) 

The formalization of, and access to, experience, knowledge, and expertise that create new capabili-

ties, enable superior performance, encourage innovation, and enhance customer value. 

Carrillo, Robinson, 

Al-Ghassani, and 

Anumba (2004) 

The process of managing all available knowledge continuously, to expect the current and future re-

quirements, to identify and exploit existing and acquired knowledge, as well as developing new op-

portunities. 

Okkonen et al. 

(2002) 

A collection of  organisational processes, that are used to achieve best possible performance due to 

effective organisational learning and knowledge disseminating. 

Nemati , Steiger , 

Iyer , and Hersche l 

(2002) 

The process of adding actionable value to information by capturing tacit knowledge and turning it to 

explicit knowledge; through filtering, retrieving, storing and disseminating explicit knowledge. 

Table (2.4): KM Definitions. 
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 Author(s)  KM definition 

Ståhle and 

Grönroos (2000) 

A collection of tools which are used in the process of managing knowledge in firms.  

Gupta et al. (2000) A process which allows a firm to discover, select, organize,  share, and transfer essential infor-

mation and knowledge that are  necessary for the firm activities. 

Drucker (1999) The coordination and exploitation of organizational knowledge resources, in order to create benefit 

and competitive advantage. 

Martinez (1998) The process of  encouraging employees to communicate their ideas and  knowledge through creating 

suitable environments and systems for capturing, organising, and disseminating knowledge through-

out the firm. 

Wiig (1994) 

 

A set of well-defined methods used to discover significance knowledge among various KM opera-

tions. 

O’Dell (1996) A systematic approach which allows the firm to generate new value ; through discovering, under-

standing and applying  firm’s knowledge. 

Petrash (1996) A set of techniques which enable the firm to get the right knowledge to the right people at the right 

time in order to make better business decisions. 

Sveiby (1997) The art of creating value by leveraging the intangible assets. 

Macintosh, Filby, 

and Tate (1998) 

The identification and analysis of available and required knowledge, and the subsequent planning 

and control of actions to develop knowledge assets so as to fulfil organizational objectives. 

Davenport and 

Prusak (1998) 

The process of maximizing the efficiency of knowledge markets by creating, codifying, coordinat-

ing, and sharing valuable knowledge. 

Table (2.4): KM Definitions. 

 

For the research purpose, KM is considered as the management process of creating, storing, disseminating, and applying organiza-

tional information and knowledge by individuals or groups in order to improve innovation and achieve better firm performance.  



 

2.2.5 Knowledge Management Processes (KMP) 

KM has a lifecycle known as Knowledge Management Processes KMP; they 

are a categorised activities and embedded procedures undertaken by a firm to ac-

complish specific knowledge-related objectives(García-Holgado, García-Peñalvo, 

Hernández-García, & Llorens-Largo, 2015; Migdadi, Zaid, Yousif, Almestarihi, & 

Al-Hyari, 2017). 

KMP are represented by the degree to which the company is generating new 

knowledge, participating in it, and benefit from it in the job limits (Momeni, 

Monavarian, Shaabani, & Ghasemi, 2011). As well as, implementing KMP are the 

precondition for effective KM; they convert personal knowledge into corporate 

knowledge that could be widely shared and appropriately used (Sangari, Hosnavi, & 

Zahedi, 2015). Additionally, KMP considered as the critical antecedents that contrib-

ute to providing a necessary foundation to improve the innovation performance of 

any organization. Also, they assist in acquiring, utilizing, and storing knowledge to 

support dynamic learning, problem solving, decision making and strategic planning 

(Daud & Yusuf, 2008; Yusr, Mokhtar, Othman, & Sulaiman, 2017).  

As a matter of fact, KMP can be too complex; since, they generally involve 

technological, human, and methodological elements. Furthermore, the KMP differ 

greatly; depending on the researchers perception and appreciation of processes and  

how each one views the KM lifecycle for each firm (García-Holgado et al., 2015; 

Tubigi & Alshawi, 2012).Thus, there is not just one unique KM process, but several 

KM process models (García-Holgado et al., 2015). 

For example, Davenport and Prusak (1998) identify four KMP; generating 

knowledge (creating), codifying knowledge (storing), transferring knowledge (shar-

ing), and applying knowledge(using). While, Bhatt (2001) categorizes them into cre-

ating knowledge, validating knowledge, presenting knowledge, distributing 

knowledge, and applying knowledge. Bhatt has shown that KM is not a simple ques-

tion; rather it requires information organization and interpretation from various per-

spectives (Zarghamifard  & Behboudi 2012). On the other hand, Rumizen (2001) 

views KM as a systematic process of generating, identifying, disseminating and ap-

plying knowledge; by which it is needed for organizational achievement. Darroch 
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(2003) highlights that KMP (creating, distributing, managing and sharing) are de-

pend on internal resources, as well as external ones. 

At the present time, Bosua and Venkitachalam (2013) and Chang  and Lin 

(2015) describe four dimensions for managing knowledge; creating knowledge, 

transferring knowledge, storing knowledge and reusing knowledge. While, Wu and 

Chen (2014) state four different KM dimensions creating, transferring, integrating, 

and applying knowledge. According to Pinho, Rego, and Pina (2012), they consider 

the KMP as the process of acquiring, creating, utilizing and transferring of 

knowledge. While, Allameh and Zare (2011) state that KM is comprised of the pro-

cesses of identifying, capturing, sharing, disseminating, applying, and storing of 

knowledge. Table 2.5 provides a summary of the Latest KM processes introduced by 

various researchers. 

Table (2.5): KM Processes. 

Author(s) processes 

Eom (2016) Creating knowledge, storing/retrieving knowledge, disseminating 

knowledge, and finally applying knowledge.  

Joywin and Sang 

(2015) 

Knowledge creation, presentation, validation, evaluation and distribution. 

M. Tubigi and 

Alshawi (2015) 

Knowledge creating, knowledge modifying, knowledge archiving, 

knowledge using, knowledge transferring, knowledge translat-

ing/repurposing, knowledge accessing, and knowledge organizing. 

Chang  and Lin 

(2015) 

Knowledge creation, knowledge storage, knowledge transfer and 

knowledge application. 

Muhammad et al. 

(2014) 

Knowledge creation, knowledge utilization, and knowledge dissemination,. 

Holsapple (2013) Acquiring knowledge, capturing knowledge, sharing and using knowledge . 

Draskovic et al. 

(2013) 

Knowledge searching, knowledge identifying, knowledge generating, 

knowledge systematization, knowledge storing, knowledge using and 

knowledge sharing. 

Abd Rahman, Imm 

Ng, Sambasivan, 

and Wong (2013) 

Knowledge acquisition, knowledge application, knowledge protection and 

knowledge conversion. 

Rao and Kumar 

(2011) 

Creating knowledge, acquiring knowledge, saving knowledge, organizing 

knowledge, applying knowledge and disseminating knowledge. 

Chang   and 

Chuang  (2011)  

Creates knowledge, shares knowledge, and utilizes knowledge. 

(A. Singh & 

Soltani, 2010) 

Creating knowledge, using knowledge, transferring knowledge. 

Weidong , 

Weihui , and 

Kunlong (2010) 

Finding knowledge, selecting knowledge, distilling knowledge, organizing 

knowledge and transferring knowledge . 
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This study views the process of managing knowledge according to Alavi & 

Leidners’ model, which was developed in 2001. The model includes four major pro-

cesses: the process of creating (updating and maintaining) the knowledge, the pro-

cess of storing the knowledge, the process of transferring (disseminating) the 

knowledge, and the process of applying(utilizing) the knowledge. 

Alavi and Leidner (2001) confirm that these four dimensions are essential for 

effective organizational KM. They could be thought of as links in a chain; if any one 

of them is weak, or fails, the chain will break and the integrity and effectiveness of 

the overall process would be suffered. Moreover, they demonstrate that the effective 

creation of modern knowledge depends mainly on the effective storage, use, and dis-

tribution of previous knowledge. Thus, they could be represented as interconnected 

and interdependent phases (none of them could be eliminated or neglected). Accord-

ing to those justifications, this research favours to rely on Alavi’s KMP model over 

others. The following will be a brief presentation of these processes. 

1.Knowledge Creation (KC) 

Knowledge Creation (KC) is the first process; and it is the start of the end 

products/services where data and information will be transformed into both explicit 

and tacit organizational knowledge (M. Sonesson & R. Storgren, 2016). 

The process of KC refers to the actions undertaken towards the generation of 

new ideas or objects (Mitchell & Boyle, 2010). It is the company’s ability to develop 

useful ideas and solutions regarding various aspects of organizational activities, from 

products/services to technological processes and finally to managerial practices 

(Andreeva & Kianto, 2011; M. Tubigi & Alshawi, 2015). This new knowledge could 

be acquired internally, externally through outsourcing, or purchased from an outside 

source. However, regardless it’s source, the most important determinant is the moti-

vation to find/create new knowledge by the knowledge workers; since KC process is 

primarily a human process, technology can facilitate it but cannot replace employ-

ees(Jimenez-Jimenez & Sanz-Valle, 2012; S. Kim & H. Lee, 2010; Obeidat & 

Abdallah, 2014; Omotayo, 2015).According to Nonaka, he argues that new 

knowledge could be developed by individuals, but the organization plays a critical 

role in amplifying and articulating that knowledge; Nonaka (1994) as cited by (Eom, 

2016) .  
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More importantly, KC could be viewed as a continuous process of dynamic in-

teractions between explicit and implicit knowledge (Nonaka, Toyama, & Konno, 

2000). The interaction between the two types of knowledge known as “knowledge 

conversion”(Nonaka et al., 2000).This perspective came from Nonaka (1994); as he 

proposed a paradigm for managing the dynamic aspects of organizational knowledge 

creating processes known as SECI process Model . The four modes of KC are: So-

cialization (sharing the, ideas, experiences, mental models, technical skills, and any 

other forms of tacit knowledge), Externalization (turning implicit knowledge to ex-

plicit knowledge), Combination (collecting different types of explicit knowledge into 

new relations or patterns), and Internalization (testing and validating that new rela-

tions or patterns in a proper context) (Nemati  et al., 2002). It is significant to high-

light that, the motion over the four modes of knowledge conversion forms a Spiral 

Shape, not a circle; as it shown below in Figure 2.1. 

 

 

 

 

 

 

 

 

 

 

 

Figure (2.1): The SECI Model 

Source:(Nonaka et al., 2000) 

 
 

In sum, successful companies are organizations that are permanently seeks to  

create and circulate new knowledge in the organization (Allameh & Zare, 2011). 

Moreover, companies lacking knowledge creation capabilities often have more 

difficulties in generating new knowledge, particularly creative knowledge, and highly 

innovative products (Su, Ahlstrom, Li, & Cheng, 2013). Thus, the creation of 

knowledge is essential for the durability of any organisation; it will evolve internal 
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business processes and operations. Also, will empower the strategic decisions and 

directions(Omotayo, 2015).  

2. Knowledge Storage (KS) 

All the created and generated knowledge needs to be supported by knowledge 

documentation  and Knowledge Storage (KS); otherwise, the firm will constantly be 

in danger of accidentally lost the gained knowledge (Andreeva & Kianto, 2011; 

Migdadi et al., 2017). Hence, KS is considered as one of the most substantial steps in 

the KM process; as it will prevent the firm from losing its knowledge and make it 

accessible for all required users in different positions (Lee, Leong, Hew, & Ooi, 

2013; Martelo-Landroguez & Cepeda-Carrión, 2016; Storey & Kelly, 2002). 

The process of storing knowledge for subsequent use could be likened to a type 

of Organisational Memory (Storey & Kelly, 2002). In fact, Walsh and Ungson 

(1991) clarify Organizational Memory as “the stored information from a firm’s histo-

ry which can be brought to stand on future decisions”. Additionally, it involves 

knowledge residing in different forms, like written documentation, codification in 

expert systems, electronic databases, documented procedures, and acquired implicit 

knowledge (Allameh & Zare, 2011; Zaim, Bayyurt, Tarim, Zaim, & Guc, 

2013).Therefore, storing knowledge enables a firm to retrieve and transfer 

knowledge conveniently and be a valuable resource (Gold & Arvind Malhotra, 

2001). 

3. Knowledge Application (KA) 

Knowledge Application (KA) is another important aspect of the KMP (Kim & 

Lee, 2010). KA, is also called Knowledge Implementation or Knowledge Utilization, 

it refers to the process that is oriented toward the actual use of knowledge (Zheng, 

Yang, & McLean, 2010). According to Bhatt (2001), he states that “Applying 

Knowledge means making knowledge more relevant and active for the firm in creat-

ing values”. 

KA, which could also be known as Knowledge Responsiveness, may be the 

most important activity in KMP. Because all the benefits at the earlier stages such as 

acquisition and codification should be gathered within the framework of utilization 

process to enable great benefits for the organization (Lee et al., 2013; Zaim et al., 

2013). More importantly, Alavi and Leidner (2001) highlight that while the processes 
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of creating, retrieving, storing and disseminating knowledge do not necessarily lead 

to enhance firm performance, effective knowledge implementation does.  

On the other hand, KA may help the firm to  adapt its strategic direction, deal 

with business requirements, solve new issues, improve efficiency and reduce costs; 

moreover, it is related to task implementations, service delivery, and firm perfor-

mance and effectiveness (Chang  & Lin 2015; Kim & Lee, 2010). 

4. Knowledge Disseminating (KD) 

After applying the knowledge within the firm, the next step is Knowledge Dis-

seminating (KD). The dissemination of knowledge is a vital precondition for turning 

isolated experience or information into something which the whole firm will benefit 

from it (Yip, Hong Ng, & Din, 2012). 

KD is a collection of  activities for transferring and sharing knowledge from 

one person, group or organization to another (Lee, 2001). Argote and Ingram (2000) 

clarify knowledge dissemination as a process through which one department is af-

fected by the experience of another. Moreover, KD process could be viewed as a so-

cial interaction culture, involves the exchanging, sharing and participating of em-

ployee’s knowledge, skills and experiences through the whole department or organi-

zation (Lin, 2007).For this reason, Knowledge sharing is dependent upon the com-

munications, integrations and relationships between individuals within the organiza-

tion (Golden & Raghuram, 2010; Jimenez-Jimenez & Sanz-Valle, 2012). 

Van Den Hooff and De Ridder (2004) and De Vries, Van den Hooff, and de 

Ridder (2006) found that KD consists of two dimensions, which are knowledge do-

nation and knowledge collection. Knowledge donation is an individual’s willingness 

to offer knowledge with others; while, knowledge collection is an individual’s will-

ingness to adopt, consult, and accept new knowledge; as cited by (Tong, Tak, & 

Wong, 2015). 

With regard to Davenport and Prusak (1998) they argued that there are some 

barriers of sharing knowledge in the organization; which are lack of trust and insuffi-

cient skills, diversity of cultures and languages, time shortage, reward goes to 

knowledge owner, narrow idea of productive work, belief that knowledge refers 

mainly to specific group, and lack of absorptive capacity in recipients; as cited by 

(Nawab, Nazir, Zahid, & Fawad, 2015). 
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All things considered, any organization could maximize its performance by 

sharing knowledge; as it’s the biggest resource for enhancing innovation perfor-

mance, gaining sustainable competitive advantages and reducing redundant learning 

efforts (Lin, 2007; Waheed, Qureshi, Khan, & Hijazi, 2013).Therefore, it could be 

said, that knowledge itself is not power, when knowledge is shared, it become power 

(Yip et al., 2012). 

To sum up the processes of KM, at first organisation should identify and cap-

ture knowledge, and then bring knowledge within the organisational boundaries and 

organize it. Knowledge is also should be shared and transferred throughout different 

employees by using human and technological techniques. Through this sharing pro-

cess, the employees will be able to apply new knowledge and effectively use KM 

system (Omotayo, 2015).The following table (2.5) summarized the dimensions of 

Knowledge Management Processes(KMP). 

Table (2.5):  Dimensions Of KMP. 

 

 

 

 

 

 

No. 
Knowledge 

Process 
Defination Source 

1.  Knowledge 

creation 

The organization’s ability to generate and de-

velop new ideas and useful solutions for the or-

ganization. 

Andreeva and 

Kianto (2011) 

2.  Knowledge 

storing 

Organisational Memory, by which it will allow 

the organization’s employees to store,  reuse , 

and re-access the information when it’s re-

quired. 

Lee et al. (2013) 

3.  Knowledge 

Application 

Applying the acquired and stored knowledge in 

a beneficial manner in a given organizational 

unit. 

Nesheim, Olsen, 

and Tobiassen 

(2011) 

4.  Knowledge 

Dissemination 

The act of  transferring knowledge and making 

it available to employees within the organiza-

tion. 

Suppiah and Singh 

Sandhu (2011) 
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2.3. Business Intelligence and Knowledge Management. 

2.3.1 Introduction 

BI and KM are close concepts to each other; and both of them are relatively 

new area of study in business (Zarghamifard & Behboudi, 2012).They  are the main 

tools that give enormous benefits to organization. They  provide timely, desired and 

reliable information and knowledge; which in return will control the organizational 

risk factors and gain the organizational objectives (Khan & Quadri, 2012). 

Based on earlier literature, no general description of the relationship between 

BI and KM are surly specified. Different studies have been considered different in-

terpretations ,explanations and considerations throughout the years. Thus, the pur-

pose of this section is to illustrate the similarities and differences between the two 

concepts. Also, specify  their relationship between each other according to different 

researchers. 

 

2.3.2 The similarities and differences between BI and KM 

One interesting fact is that several industries are confused on BI and KM, and 

confounds the concepts by thinking that they have the same meaning(Sonesson & 

Storgren, 2016). According to a survey by a consulting company called OTR, “60% 

of consultants did not understand the difference between the two concepts” (Herschel 

& Jones, 2005).To clarify the disparity, BI is a set of techniques of gathering, access-

ing and analyzing a massive amount of data, while KM is a set of practices for creat-

ing, developing, sharing and applying knowledge to enhance firm’s performance; as 

they previously described (Sonesson & Storgren, 2016; Zarghamifard & Behboudi, 

2012). 

Both BI and KM are effective concepts that should manage and effort infor-

mation glut, improve the decision making, and transform knowledge into a competi-

tive advantage weapon for the firm (Sonar, 2011; Zarghamifard & Behboudi, 2012). 

Moreover,Wang and Wang (2008) highlight that BI and KM will improve the use of 

information and knowledge available to the organization. While Herschel and Jones 

(2005) state that both concepts will promote employees learning level, decision mak-

ing, and understanding. 

 



44 

 

According to Cheng and Cheng (2011), two similarities between BI and KM: 

firstly, they are both based on IT; secondly, they both rely on the internet, network 

communication, computer software, hardware, database; thirdly, their business appli-

cation includes the process of collecting, transferring and applying information and 

knowledge, finally, they both depend on information and knowledge for working on 

their functionalities. 

Although they associate to each other in some features, it is also necessary to 

inspect the difference that make BI and KM distinct and function differently in busi-

ness environments (Weidong et al., 2010). Generally, KM is concerned with human 

subjective knowledge, and includes both explicit and implicit knowledge; while BI 

concerned with data, objective information and explicit knowledge (Seeley & 

Davenport, 2006; Zarghamifard & Behboudi, 2012). Therefore, the models which 

used in KM are usually non technology oriented (Wang & Wang, 2008). 

On the other hand, BI and KM focus on various types of knowledge; BI con-

cerns about knowledge that is structured, stored in data warehouse and analyzed from 

operational data, while KM concerns about experience, believes and insights 

(Weidong et al., 2010). Thus, KM competently deals with unstructured data and in-

formation which BI fails to cover (Wang & Wang, 2008). Furthermore, it seems that 

KM more concentrates inside of organization through transferring and sharing the 

knowledge among firm’s employees; whereas, BI concentrates both outside and in-

side of organization; as well as use methods and techniques to process organizational 

data and information and produce new valuable intelligent (Zarghamifard & 

Behboudi, 2012). 

Equally important, BI converts data into information, and information into 

knowledge that finally meets needs of employees; by focusing on the extraction of 

knowledge from data and information. While, KM puts more emphasis on the 

knowledge itself to discover and generate new knowledge (Weidong et al., 2010). 

KM allows BI to understand and identify business perspectives; as well as evaluate 

and interpret business results (Weidong et al., 2010). Therefore, if BI and KM are 

engaged under the same umbrella, they will result in more effectual management so-

lutions (Shehzad, Khan, & Naeem, 2013). 
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Sometimes, what appears to differentiate BI and KM is the core technology 

they deal with. BI attaches more significance to data analysis and its core technolo-

gies consist of DW, OLP, DM, and other business analytic tools. While, the core 

technologies of KM conceptualized with reference to text mining, groupware tech-

nology, document management, organizational behavioural science, and retrieval 

technology, and enterprise knowledge portals (Cheng & Cheng, 2011; Herschel & 

Yermish, 2009). Generally, firms could apply BI to extract knowledge from data in 

chaos and then use KM for transferring and sharing better knowledge(Weidong et al., 

2010).Table (2.6): summarizes the main differences between BI and KM. 

 

Table (2.6): Main differences between BI and KM. 

Sources 

BI KM 

Internal and external structured 

data ;data about employees, sup-

pliers, and customers. 

Expert employees, communities of 

interests, competitors and market for 

structured or unstructured data  

IT 

Source systems, ETL, OLAP, 

DW, DM , statistical analysis, 

meta data, reporting and user in-

terface. 

E-learning, web content management,  

document management, enterprise, 

work flow, knowledge portals, and 

collaboration. 

Business 

process 

Converting data into information 

and then into knowledge that will 

meet needs of firm’s employees. 

Knowledge extraction, knowledge 

sharing, knowledge applying and 

communication. 

Deals with 
It deals with explicit knowledge 

only. 

It deals with both explicit and tacit 

knowledge.  

Objective 

 

Identifies trends and patterns for 

developing new business strate-

gies and provide competitive ad-

vantage. 

Capture, stores, organizes, and distrib-

utes organizational knowledge and 

resources.  

Source: (Rao & Kumar, 2011). 

 

2.3.3 BI and its link to KM 

It is clear that BI and KM are related to each other, but there is some confusion 

as to whether BI is a subset of KM or vice versa (Herschel & Jones, 2005). Some re-

searchers suggest that BI is employed as a KM tool (Muhammad et al., 2014). While 

other researchers debate that KM is helping hand of BI (Haimila, 2001; 

Zarghamifard & Behboudi, 2012). Moreover, It is arguable if BI and KM should be 

viewed as an integrated system (Cody et al., 2002; Khan & Quadri, 2012; Shehzad et 
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al., 2013).Thus, various researchers have been considered different links between the 

two concepts; which shows there is no consensus among the researchers. Despite 

this, they also assert that there are effective interaction between KM activities and BI 

efforts.  

White (2005) states that BI plays a central role in KM; as it has the ability to 

sustain more accurate and timely data. Likewise, McCarthy (1999) opposes that BI 

will lead to the production of knowledge and maintains that “the end product of BI is 

Opportunity Analysis and that Opportunity Analysis, once classified, becomes an or-

ganization’s Intellectual Capital”, namely Knowledge (McCarthy, 1999) as cited by 

Zarghamifard and Behboudi (2012). 

Cook and Cook (2000) consider the relationship differently. They claim that 

KM and BI are both supported by technology and derived from enterprise manage-

ment theory. Moreover, some other researchers see KM as the dominating concept, 

because its approach is much broader in comparison to BI. KM deals with all kinds 

of data (whether quantitative or qualitative) and deals with explicit and tacit 

knowledge while BI on explicit knowledge only(Herschel & Jones, 2005). For in-

stance, Weidong et al. (2010) highlight that BI acts as a tool for KM. A perspective 

that is taken by McKnight (2002) is in the opposite sense of the mentioned above ar-

guments. McKnight claims that KM should be organized under BI. He also suggests 

that this is a good way to think about the relationship between the two. The reason 

for that, BI deals with the most important amount of data “quantitative data”. While, 

KM attempt to fill a small gap that BI cannot fill; it deals with qualitative data 

(Herschel & Jones, 2005). 

Okkonen et al. (2002) state that BI is directly connected to KM, since infor-

mation is refined into organizational knowledge and intelligent through BI processes. 

Also, signals indicating the need for different knowledge and skills emanate from BI. 

Furthermore, they add that the use of KM leverages the value of using BI and vice 

versa. In the same way, Haimila (2001) sees KM as the “helping hand of BI”. In oth-

er words, KM is the collected data that will enable faster and better business deci-

sions in BI system; through the ability of drilling down the data to achieve greater 

details and clarify the current trends and thus creates business values in the organiza-
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tion (Fink, Yogev, & Even, 2017; Haimila, 2001; Herschel & Jones, 2005; Sonesson 

& Storgren, 2016). 

Marco (2002) contends that a “true enterprise- wide KM solution cannot exist 

without a BI based metadata repository”. In fact, he believes that a metadata reposi-

tory is the backbone of a KM solution. which is, the BI metadata repository imple-

ments a technical solution which collects, stores, analyses, and share corporate 

knowledge to create a business value and a competitive advantage (Herschel & 

Jones, 2005; Rao & Kumar, 2011).According to Nemati et al. (2002),they believe 

that, only if KM and BI are integrated will improve business decisions and enhance 

the organization behaviour. They also argue that the new generation of KM system 

should generate, acquire, create, organize, store, and share not only data and infor-

mation, but also business knowledge. Moreover, they add that when knowledge 

warehouse becomes an extension of data warehouse model. It will benefit the process 

of knowledge coding and capturing, and also will improve the reuse and sharing of 

knowledge across the organization (Cheng  & Cheng 2011; Nemati et al., 

2002).Table (2.7): introduces brief relations among BI and KM in the literatures and 

the results of their relation. 

 

Table (2.7): Relations Between BI And KM. 

Researchers Relations Between BI And KM The Relation Results 

Muhammad et 

al. (2014) 

BI should be employed as a KM tool. Assert and improve the financial  

performance. Also, gain a competitive 

advantages for the financial consultancy . 

Gadu and El-

Khameesy 

(2014) 

There is some ambiguity as to whether 

KM is part of BI or vice versa. But it’s 

clear that  there is a significance 

collaboration between them. 

Increase the efficiency, effectiveness and 

productivity of the firm. Moreover, they 

also improve the quality of decision 

making. 

Rostami 

(2014) 

BI and KM should be viewed as an 

integrated system. 

Achieve wider benefits for the 

organization such as promote knowledge 

for better decision making, raise both 

organizational efficiency and 

organizational learning and improve the 

firm performance. 

 

Shehzad et al. 

(2013) 

BI and KM viewed as an integrated 

system and their effect on each other is 

rarely observed. 

Enhance organizational learning and 

increase the productivity and efficiency of 

the organization. 

Zarghamifard 

and Behboudi 

KM is helping hand of BI. Support better decision making and offer 

effective solutions for organization 
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Researchers Relations Between BI And KM The Relation Results 

(2012) problems. 

Khan and 

Quadri (2012) 

BI and KM shoud be viewed as an 

integrated system . 

Gain strategic advantage and also sustain 

competitive advantage by mproving the 

retrieval and sharing of firm’s knowledge,.  

Rao and 

Kumar (2011) 

BI and KM shoud be viewed as an 

integrated system .Since, they  have a 

mutual benefit for each other. 

Their integration will facilitate the process 

of  generating and storing knowledge. 

Also will enhance the process of  

retrieving and transferring knowledge 

across the bank industry. 

 

Weidong et al. 

(2010) 

BI acts as a tool for KM; as it is 

emphasising more on the knowledge 

itself. 

Enhance knowledge, providing decision 

makers a better understanding of decisions 

taken, and hence improve business 

performance.    

Herschel and 

Yermish 

(2009) 

KM is an essential and unequivocal 

component of BI. 

KM facilitates  the performance and the 

efficacy of BI . 

 

Albescu et al. 

(2008) 

BI and KM is an integrated system.  Provide a real technological support for 

Strategic Management. By increasing the 

ability  to respond to firm’s challenges and 

provide a better understanding on business 

context.  

White (2005) BI plays a central role in KM. Improve business processes and make 

smarter decisions.  

Herschel and 

Jones (2005) 

BI should be viewed as a subset of 

KM. 

Will promote employees learning level, 

understanding and busines decisions. 

Cody et al. 

(2002) 

BI and KM are viewed as an integrated 

system. 

Manage information glut and turn 

knowledge into a competitive advantage. 

Also, show a good return on investment 

and a great development for the 

organization.  

Cook and 

Cook (2000) 

BI and KM are rooted in pre-software 

business management practices and 

theories. 

Create a powerful enterprise tool for 

businesses seeking to raise the use of 

organizational data and information. 

 

Table (2.7): Relations Between BI And KM. 

 

From the above arguments, this study can safely draw a conclusion that there is 

no single and correct view of the relationship between BI and KM. But, it is impera-

tive for organizations to have both in order to get full knowledge value. Their unity 

will not only assist the process of generating and storing knowledge but also will 

promote the recall and sharing of knowledge across the various departments within 

the firm. On the other hand, when BI and KM working under the same umbrella, will 
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help the firm to get a helpful details from outside and inside sources; facilitate on 

forecasting the future trends and making better business decisions (Khan & Quadri, 

2012; Rao & Kumar, 2011). Moreover, will maximize users productivity, provide a 

true 360º view of behaviours and attitudes, combine structured and unstructured data 

and keep a real time pulse on business. Another essential point, their integration will 

provide firm’s customers with the best services, speed up their business delivery and 

sustain competitive advantage (Cheng & Cheng, 2011; Rao & Kumar, 2011). 

2.3.4 BI and KM in Jawwal. 

"We are highly committed to provide the best possible service to our subscrib-

ers. We constantly seek to bring in the latest up-to-date technologies in the telecom-

munication and information industry as well as regularly improve our services to 

ensure maximum customer satisfaction" Malak Ziadni - Jawwal Marketing Director 

(JAWWAL., 2017).  

Jawwal co. has IT systems with extensive and technologically complex deliv-

ery services, in order to achieve  highest returns on investments , promote subscribers 

satisfaction, and provide superior cellular services and programs to both subscribers 

and shareholders.  

According to Elkrunz (2013), he states on his study that Jawwal Co. has BI 

systems, which cover all their departments and services. First of all, Jawwal has Cus-

tomer Relationship Management(CRM) for their customers and sales services. They 

use it in order  to identify, find, acquire and build relationships with customers and 

manage their detailed information. In the second place, they use Oracle BI tool to 

analyze transactional data especially the financial and administrative ones. And even-

tually, Business Object BI for engineering department. Furthermore, Jawwal services 

are automated by utilizing Interactive Voice Response(IVR), Short Message Ser-

vices(SMS) and My Account; which they allow customers to request services at their 

convenience without physically moving to the company. 

Another essential point, Jawwal has been realized the importance of having ef-

fective KM systems; since its early beginnings. And it started to construct different 

technological systems for facilitating the transferring and sharing of information and 

knowledge between different employees in different departments(Ali, 2012). For in-

stance, they have Electronic Human Resources System(EHR), through which em-
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ployees can apply for any request related to employees’ salaries, vacations, medical 

insurance, sick leaves, and any other documents that could be necessary through the 

HR directorate. Additionally, for sales activities they established the Electronic Op-

eration System (E-Operation), to generate the work flows and represent files, also to 

inform any concerned parties about any details and specifications may be need it lat-

er (Ali, 2012). Moreover, Jawwals’ official web site plays an essential role in com-

municating required information and knowledge to the end users in appropriate for-

mats; also helps the customers and clients find full details of the newly lunched cam-

paigns and any other commercial programs related to Jawwal. Furthermore, Jawwal 

has E-Career module for candidates who would like to apply for any available job 

positions online (Ali, 2012). Moreover, Jawwal deals the orders of their distributers, 

dealers and point of sales through using E-Dealers System. 
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2.4 Organizational Performance 

2.4.1 Introduction. 

One of the most important questions in business world is why some organiza-

tions failed while others succeeded. Organizational Performance (OP) is the most 

important issue for any organization, be it profit or non-profit, private or public(Abu-

Jarad, Yusof, & Nikbin, 2010).  OP is the ultimate dependent variable of interest for 

researchers concerned with just about any area of management (Richard, Devinney, 

Yip, & Johnson, 2009). 

It is recognized as a central outcome variable of interest, ranging from such 

disparate areas as Human Resources (HRs) and Marketing to Operations Manage-

ment, International Business, Strategy and Information Systems (S. Singh, T. K. 

Darwish, & K. Potočnik, 2016).Hassan and Al-Hakim (2011), state that OP is the  

integration between innovation competence and organizational knowledge to fulfil  

favourable goals; which were previously identified. Thus, it is fundamental for any 

firm to investigate which factors influence their performance and take the most ap-

propriate steps for surviving in the market  (Abu-Jarad et al., 2010). 

2.4.2 Organizational Performance Concept. 

There are various explanation of performance in management literature, but the 

general definition of performance is “the accumulated results of all work activities in 

the organization” (Robbins and Coulter, 2009). It can be stated as money related ef-

ficiency, operational efficiency and productivity of an organization (Shakeel Ahmed, 

Fiaz, & Shoaib, 2015). 

The definition of OP is a surprisingly open question with few studies using 

consistent measures and definitions (Richard et al., 2009).In the first decade of the 

twenty-first century, the definition of OP mainly concentrated on the capability and 

ability of an organization to efficiently utilize the available resources to achieve de-

sired outcomes(Peterson, Gijsbers, Wilks, & Markham, 2003). It reflects the ability 

of an organization to fulfil various stakeholders’ requirements and survive in the 

market(Griffin, 2003).  
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From a conventional perspective, OP is commonly referred to financial per-

formance; where considerations of operations, budgets, assets, services, products,  

markets and HRs are crucial in influencing the overall bottom line of an organiza-

tion(Liao & Wu, 2009). Or could be seen as the difference between the financial and 

the non-financial goals in a given period of time; when it is considered as a multidi-

mensional umbrella, includes all aspects that encompasses every organization's suc-

cess and practices; and mainly related to the concepts of flexibility, costs, reliability, 

velocity and quality(Alrubaiee, Alzubi, Hanandeh, & Al Ali, 2015; Badrabadi & 

Akbarpour, 2013; S. Singh et al., 2016; Tangen, 2005). 

From a different point of view, Kotler (2000) confirms that OP is the processes 

of determining the stakeholders, allocating different resources, enhancing business 

processes, and finally acquiring an effective management to set a clear and under-

standable strategy by the employees. On the other hand, it is a set of activities, ac-

tions, behaviours, processes, and efforts performed by groups or individuals from 

which the organization consists regardless of their characteristics and levels, the 

source of these activities might by financial, equipment or joint work (Ho, 2008). 

From modern standpoint, Antony and Bhattacharyya (2010) highlight that OP 

is the measure of organizational success with regards to the value it creates and de-

livers to internal and external customers. In the same way, Elnihewi, Fadzil, and 

Mohamed (2014) confirm that OP is one of the most important constructs for acquir-

ing a higher level of business performance and effectively achieve the firm goals.  

As a matter of fact, there are three general elements of OP should be taken  into 

consideration; effectiveness, which is the performance of an organization when it 

covers broader areas including the connection between organizational goals and per-

formance; efficiency, which is  the organizational resources; and relevancy, which is 

the stakeholders satisfaction (Peterson et al., 2003). Accordingly, OP in this study 

refers to the actual accumulated results of all activities of a firm having achieved its 

goals (Wang & Huynh, 2013). 

2.4.3 Measuring Organizational Performance. 

Measuring OP is difficult, especially when what has to be measured keeps 

changing (Hubbard, 2009). However, measuring firm performance is substantial for 
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allowing managers to evaluate specific actions, and how they could face future trends 

and evolve over time (Richard et al., 2009). 

OP is an indicator that measures how well a firm accomplishes its objectives 

and goals (Ho, 2008). In addition, it helps on comparing the actual results with the 

expected ones, assessing individual performance, investigating deviations from 

plans, and examining progress made towards meeting the targeted objectives (Yousif 

Al-Hakim & Hassan, 2013). Also, it provides more assistance for managers to evalu-

ate and evolve their business processes and maintains a competitive advantage over 

competitors (Hassan & Al-Hakim, 2011). 

In the management world several methods are suggested for measuring OP, 

which can be categorized into two types: financial and non-financial measures (Al-

Tit, 2015). The financial measures are profit, sales, productivity and growth 

measures, whereas the non-financial measures are innovativeness, perceived success,  

client satisfaction and goal achievement (Abu-Jarad et al., 2010; Kees Looise, Torka, 

& Ekke Wigboldus, 2011).Similarly, Singh, Darwish, and Potočnik (2016) highlight 

that objective measures (Financial) involve the use of some sort of accounting data, 

while subjective measures (Non-financial) involve the managers perceptions on how 

well their firm is really doing. 

With regard to Aragón-Correa, García-Morales, and Cordón-Pozo (2007) they 

argue that there is a high correlation and concurrent validity between objective and 

subjective data on performance, which implies that both are valid when calculating a 

firms’ performance(Aragón-Correa et al., 2007). As well as, many researchers indi-

cate the measurement of performance by depending mainly on Balanced Scorecard 

(BSC). These measurements are arranged in four categories; financial perspective, 

internal process perspective, customer perspective,  and learning and growth perspec-

tive (Hassan & Al-Hakim, 2011).  

On top of that, Ha  et al. (2016) assert that OP mostly assessed through finan-

cial based performance measures, such as Return On Equity (ROE), Return On As-

sets (ROA), Return On Investments (ROI), Earnings Per Share (EPS), market share, 

profitability and sales growth. They also add that even though these indicators are 

still the ultimate aim of most organizations' operation, measuring performance solely 

on these indicators are no longer adequate to measure competencies that modern or-
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ganizations are looking for (Ha  et al., 2016). Moreover, Lee and Lee (2007) mention 

that “intangible assets such as knowledge rather than tangible financial assets are a 

measure of a company’s value”. Following this logic, Doyle (1994) confirms that 

“there is no single measure or best measure of OP” (Abu-Jarad et al., 2010; Doyle, 

1994). 

Considering Lee and Doyle perspective it can be concluded that “measurement 

for the OP relies on the fields of performance in the business organizations vary and 

differ according to their different nature of business activities and there is no one 

measure is inherently superior to another and the measure that a researcher adopts 

should be based on the disciplinary framework adopted for his/her study”. 

This study chooses the non-financial measures, and takes a form of subjective 

evaluation approach (Employee Satisfaction, Process Innovation, and Product Inno-

vation), due to the following reasons: 

First, measuring performance through a nonfinancial measures offers insight 

into organizational processes and grants outcomes that cannot be observed via finan-

cial measures. Since, they are indicators of intangible assets, affect firms’ value and 

might be better predictors of future financial performance than historical accounting 

measures (Jusoh & Parnell, 2008). Moreover, the financial measures are so sensitive 

to changing and not stable, as they reflect what happened and may be quite restricted 

in anticipating and revealing expectations about future performance (Al-Swidi & Al-

Hosam, 2012; Richard et al., 2009). 

Second, consistent and comparable data on the financial measures of perfor-

mance are often difficult to obtain or could be not too informative. particularly, pri-

vately owned companies often did not prefer to publish their financial performance 

results (Singh et al., 2016). 

Third, the financial measures such as profit, turnover, ROI and EPS could be 

deceptive when providing indications regarding the issues of continuous progress 

and innovation. This confirms that these traditional accounting measures with their 

focus on short term indicators are not actually appropriate for assessing the overall 

performance, whereas nonfinancial measures such as satisfactions, innovations and 

internal efficiencies are recognized to be more accurate indicators (Ha  et al., 2016; 

M. Tubigi & Alshawi, 2015). 
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Specifically, this study measures the OP through Employee Satisfaction(ES) 

and Innovation. Since, satisfied employees will contribute to improving quality, gen-

erating new ideas, and introducing new services in the marketplace in a timely and 

effective way. As well as, increase organizational effectiveness (Sadikoglu & Zehir, 

2010). Also, With a high level of Employee Satisfaction employees are motivated to 

perform better and thus positively affect the firm performance. According to the in-

novation , it is critical asset that reflects the capacity of managers to incorporate 

new ideas and generates value in the marketplace (Sui & Baum, 2014). Also, innova-

tion positively affects firm performance by ensuring better matched strategic 

goals(Manuel Hurtado González & Herrero Chacón, 2014; Sui & Baum, 2014). Ad-

ditionally, for the purpose of measuring OP, this study adopted ES variable from Chi 

and Gursoy (2009).While, the innovation variable adopted from Camisón and Villar-

López (2014) and Augusto et al. (2014a). 

 
1. Employee Satisfaction (ES). 

Satisfaction is a continuous goal for any organization seeks to optimize its ef-

fectiveness; since customer satisfaction, employee retention and firms’ profitability 

are a positive reflection for a satisfied and motivated employee (Lai Wan, 2007). 

ES, also called “Job Satisfaction”. It defines as employees sensation, feelings 

and thoughts about firm, work and co-workers (Kumari, Joshi, & Pandey, 2015). Al-

so, It is a degree to which the employee could work in a positive emotional state, ex-

perience growth and good relationships at both the individual and organizational lev-

els, and be satisfied with his or her working environment and salary (Kim, 2014). 

Halepota and Shah (2011) state that ES relates with how employee interacts, thinks, 

communicates, feels and perceive his job. 

With regard to Kumari et al. (2015), they concluded that ES is derived from 

two main sets. First, ES is associated with raised output, loyalty and efficiency with 

the firm, and reduced earnings and absenteeism. Second, ES positively affect on the 

ability, effort and capability of the employee however, if employee not satisfied with 

the job then it could cause turnover intentions, raising costs, reducing profits and ul-

timately customer dissatisfaction with the organization. Thus, it has been shown that, 
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organizations with a higher level of ES in return will have a positive effect on the 

OP.  

2. Innovation. 

Firms adopt innovation in response to managerial knowledge and technological 

challenges, constituents expectation, industry competition,  or top executives aspira-

tion to attain distinctive competencies and evolve a higher level of performance 

(Damanpour, Walker, & Avellaneda, 2009). 

Das and Jharkharia (2017) defines innovation as remarkable changes in ser-

vices and process that needs high depth of knowledge, higher organizational capabil-

ity and resources (Das & Jharkharia, 2017). In addition, Innovation is also called cre-

ation. As it is the spiritual or material results of cognitive or behavioural activity 

through which employees benefit from all resources and conditions linked to their 

skills to create new, valuable and meaningful products, services and technology (Lu, 

Zhu, & Bao, 2015). 

In this study two dimensions were illustrated in order to measure the innova-

tion, organizational innovation OI and process innovation PI, they are selected from 

Camisón and Villar-López (2014) research. Since, they are represented to be the 

most essential and sustainable sources of competitive advantage for the organiza-

tion. 

3. Organizational Innovation (OI). 

Organizational Innovation (OI) is the implementation of a new organizational 

methods in the firm's business practices, work place organization or external rela-

tions, that have not been used before in the firm and is the result of strategic deci-

sions taken by management (Horbach, Rammer, & Rennings, 2012). In a general 

sense, it refers to the creation of new ideas or behaviours that will drive the innova-

tion process (Jia, CHEN, Mei, & Wu, 2017). Thus, the outcome of OI must be re-

flected in the firm performance, to justify its competitiveness. 

With regard to Camisón and Villar-López (2014), they divided OI into  three 

sub dimensions. The first sub-dimension is OI in business practices, which includes 

the implementation of new methods such as the use of a database of best practices or 

Quality Management systems. The second sub-dimension is Innovations in work-

place organization, which includes the implementation of new practices related to 
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organizational design. The last sub-dimension is New organizational methods in the 

external relationships, which includes the implementation of new ways of organizing 

relationships with customers, clients or suppliers. 

This clearly shows that, OI creates an appropriate environment and facilitates 

the adoption of technological innovation, which, in turn, will enhance firms’ perfor-

mance(Azar & Ciabuschi, 2017). 

4. Process Innovation (PI). 

Process Innovation (PI) is closely related to the concept of Technological De-

velopments (Gunday, Ulusoy, Kilic, & Alpkan, 2011). It’s the firm’s ability to apply 

changes and improvements on technologies, production processes, and work organi-

zation(Camisón & Villar López, 2010). Actually, PI is about making advantageous 

and beneficial changes to the processes that produce services (Kuratko, Covin, & 

Hornsby, 2014). Moreover, PI holds an internal focus for maximizing effectiveness 

and efficiency of the internal organizational processes to assist the delivery of the 

required services to the customers(Damanpour et al., 2009). 

Camisón and Villar López (2010) highlights the importance of process innova-

tions, by arguing that PI will encourage improvements in technological systems, and 

enable more rapid and efficient response to changes in consumer tastes, all of which 

will have a positive influence on performance. This clearly admits that, PI plays an 

important role in sustaining competitive advantage, as it is commonly a key factor in 

securing long term profitable growth (Ferreira, Moulang, & Hendro, 2010). 

To sum up, changes, threats and opportunities in the environment motivate or-

ganizations seek adaptive change. Thus, by adopting innovations over time organiza-

tions intend to adjust their internal and external functions; so that they could re-

spond to environmental demands, operate efficiently and effectively, consolidate a 

sustainable competitive advantage and surly maximize firm performance  

(Damanpour et al., 2009; Škerlavaj, Song, & Lee, 2010). As well as, organizations 

with greater innovation are more aggressive, take greater risks and possess a more 

creative attitude (Traynor & Traynor, 1997). 

2.5 Chapter Summery 

This chapter is presented the review for the literature which is related to the 

field of the current research. The chapter was divided into four sections. The first 



58 

 

section provided an understanding of BI concept, it’s evolution and the capabilities 

of BI. As well as the true value of BI is mentioned. The second section addressed 

principles and definitions of  KM. Then, KM processes are described. The similari-

ties and differences between BI and KM are clarified in the following section. Also 

BI and its link to KM is illustrated in details. Next, an overview of BI and KM in 

Jawwal is discussed. The las section defined OP concept. Then, the various measures 

of OP are introduced. The last part in the section presented a justification why the 

researcher choose employee satisfaction, OI and process innovation above other 

measures. 
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Chapter 3 

Previous Studies 

3.1 Business Intelligence Previous Studies.   

1. Factors Influencing Business Intelligence Systems Implementation Success In 

The Enterprises (Hung, Huang, Lin, Chen, & Tarn, 2016). 

The objective of this research was to explore the factors affecting the success 

of BI Systems’ implementation and reducing the risk of failure. 

Data were collected from a systematic sample of 148 users using BI systems at 

the top three hundred enterprises announced by Common Wealth Magazine 2015 

(Taiwan's first political- economic magazine).  

The study found that good BI could create a brand new competitive advantage 

for the modern enterprises, increase the information integration and analysis ability, 

raise the profit for an enterprise, improve its service quality, and manage its risk. 

 

2. The Impact Model Of Business Intelligence On Decision Support And Organ-

izational Benefits (Rouhani et al., 2016). 

The objective of this research was to investigate the relationship between BI 

functions, organizational benefits and decision support benefits in context of decision 

environment. 

This research employed a quantitative survey on a sample of 228 firms from 

various industries located in Middle East countries. 

The results confirmed the existence of meaningful relationship between BI 

functions, decision support benefits, and organizational benefits. Essentially, this re-

search gives an insightful understanding about which capabilities of BI have strong-

est influence on the outcome benefit. 

 

3. The Impact Of Business Intelligence On Organization’s Effectiveness: An 

Empirical Study (Xuemei Tian, Arefin, Hoque, & Bao, 2015). 

The objective of this research was to examine the impact of (organizational 

strategy, structure, culture and process) on organizational effectiveness, in light of BI 

as a mediating variable. 
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Data were collected from 225 organizational departments in Bangladesh and 

analysed using the PLS technique. 

The findings revealed that organizational factors (organizational structure, 

strategy, culture, and processes) positively affect BIS effectiveness and organization-

al effectiveness. Furthermore, BIS effectiveness partially mediates the influence of 

organizational factors on organizational effectiveness. 

 

4. An Empirical Study Of Business Intelligence Impact On Corporate Perfor-

mance Management (Richards et al., 2014). 

This research examined the influence of BI within the Corporate Performance 

Management (CPM) cycle.  

This study was conducted in collaboration with two industry partners, Pricewa-

terhouseCoopers and the Canadian Advanced Technology Association. It employed 

an online survey on a sample of 337 senior managers.  PLS technique method was 

employed to analyse the survey data.  

The results  suggested  that  the  more  effective  the  BI  implementation,  the  

more  effective  the CPM related planning and analytic practices. Interestingly, size 

and industry sector do not influence the relationships between BI effectiveness and 

the CPM. 

 

5. The Relationship Between Business Intelligence And Business Success: An 

Investigation In Firms In Sharjah Emirate (Al Saed, 2013). 

The main objective of this research was to explore the relationship between BI 

and Business Success. 

Four dimensions of BI (environmental intelligence, consumer intelligence, 

market intelligence and organizational intelligence) were measured, using survey da-

ta from 49 managers of different organizations in Sharjah, United Arab Emirates. 

The results showed that there is a positive relationship between the BI and 

business success. Managers are in general satisfied with the BIS in their organiza-

tions. In addition, the research confirmed a significant relationship between business 

process performance and OP for both service and nonservice sectors.  
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6. Examining The Effect Of User Satisfaction On System Usage And Individual 

Performance With Business Intelligence Systems: An Empirical Study Of 

Taiwan’s Electronics Industry (Hou, 2012). 

This research aimed to empirically test a framework identifying the relation-

ships between end user computing satisfaction, system usage, and individual perfor-

mance.  

Data were collected from a sample of 330 end users of BIS in the Taiwanese 

electronics industry. 

The findings indicated that higher levels of end user computing satisfaction 

lead to maximize BI usage and improve individual performance. Moreover, higher 

levels of BI system usage lead to higher levels of individual performance. 

 

7. Measuring The Impact Of Business Intelligence On Performance: An Empir-

ical Study  (AL-Shubiri, 2012). 

The research aimed at exploring the role of BI in Jordan knowledge based in-

dustrial organizations from the perspectives of the key decision makers. In addition, 

it aimed on outlining the importance of tacit economic knowledge for the BI process 

measured by intellectual capital as one perspective effect of performance and learn-

ing and growth process. 

Data were collected from 50 industrial organizations for the period 2006-2010 

listed on Amman Stock Exchange. 

The results indicated that the provision of appropriate support with regard to BI 

was needed; since it plays a crucial role to support decision making in organizations 

of all sizes more than learning and growth or financial factor. 

 

8. The Impact Of Business Intelligence Tools On Performance: A User Satisfac-

tion Paradox? (Wieder, Chamoni, & Ossimitz, 2012). 

The aim of this research was to implement and test an exploratory, cross sec-

tional field study investigating the factors that define and drive benefits associated 

with the deployment of dedicated BI tools. 

A cross sectional research design was employed with a survey administered to 

the 500 largest Australian Stock Exchange listed companies in terms of capitaliza-
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tion. Target respondents were the most senior IT managers. Forty-four firms 

(10.21%) responded to the survey, but 11 had to be excluded from the sample. 

The findings confirmed the important role of explicit BI management as ante-

cedent of benefits derived from BI tools, and the key impact of data quality on man-

agerial decision-making and firm performance.  

 

 

9. Competitive Intelligence Practices And Firm Performance (Yap & Rashid, 

2011). 

This research examined the relationship between competitive intelligence and 

organizational performance undertaken by Malaysian public listed companies. 

The study was implemented on a sample of 123 Chief Executive Officer (CEO) 

working at companies across different industry categories taken from companies 

listed on Bursa Malaysia; formerly Kuala Lumpur Stock Exchange. The study em-

ployed mail questionnaire survey.  

The research found that competitive intelligence has been practiced at an early 

stage and in a moderate level among Malaysian companies. The top three intelli-

gence sectors rated by the sampled companies are customers, competitors and the 

economy. In addition, competitive intelligence practice relates positively to firm per-

formance. Companies with a formal versus informal competitive intelligence unit 

achieve higher firm performance as measured by organizational growth and profita-

bility 

 
10. Measuring The Effects Of Business Intelligence Systems: The Relationship 

Between Business Process And Organizational Performance (Elbashir et al., 

2008). 

The study developed and employed a new measure, which is based on under-

standing the characteristics of BIS in a process-oriented framework in an examina-

tion of the relationship between business process performance and firm performance. 

Data were collected from a sample of 1873 managers in 612 firms organiza-

tions or strategic business units in conglomerates which had adopted BIS provided 

by a single leading international BI software vendor that had agreed to participate, 
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and also were actively using the technology for their business activities according to 

the records of the BIS vendor.  

The study results confirmed a significant relationship between business process 

performance and organizational performance for both service and non-service sec-

tors.  

Table (3.1): summarizes the main findings of BI previous studies. 

# 
Author 

/Year 
variables Important  Findings 

1.   

Hung et al. 

(2016) 

- BIS Success. 

- BIS Characteristic. 

- Organizational Characteristic. 

- Environment Characteristic. 

The findings assert that good BI can create 

a brand new competitive advantage for the 

modern  enterprises. 

2.   

Rouhani et 

al. (2016) 

- Business intelligence functions. 

- Decision support benefits. 

- Organizational  benefits. 

The findings emphasize the existence of 

meaningful relationship between BI 

functions, decision support benefits, and 

organizational benefits. 

3.   

Xuemei 

Tian et al. 

(2015) 

- Organizational effectiveness 

- BI Systems effectiveness 

- Organizational strategy 

- Organizational structure 

- Organizational process 

- Organizational culture 

The findings reveale that organizational 

factors(organizational strategy, 

structure,culture, and process) positively 

affect both BI systems effectiveness and 

organizational effectiveness. 

4.   

Richards 

et al. 

(2014) 

- Business intelligence 

- planning effectiveness 

- measurement effectiveness 

- analytics effectiveness. 

- process effectiveness 

The  more  effective  the  BI  

implementation the  more  effective  the  

CPM related planning and analytic 

practices 

5.   

Al Saed 

(2013) 

- Business Intelligence. 

- Business Success. 

The findings confirm that there is a 

positive relationship between the BI and 

business success. 

6.   

Wieder et 

al. (2012) 

- BI Management. 

- Data Quality. 

- User Satisfaction. 

- BI Scope. 

- BI Use. 

- Decision Quality. 

- Performance. 

The results  confirm the important role of 

explicit BI management as antecedent of 

benefits derived from BI tools. 

7.   

Hou 

(2012) 

- End-user Computing Satisfaction. 

- System Usage. 

- Individual Performance. 

The mainfinding indicates that higher 

levels of BIS usage will lead to higher 

levels of individual performance. 

8.   

AL-

Shubiri 

(2012) 

- The business intelligence and 

performance for independent 

variables. 

- The dependent variables are 

Learning and growth, 

Financial,Customer,Knowledge and 

economy. 

BI  plays a crucial role in supporting 

decision making in all organizaions of all 

sizes more than learning and growth or 

financial factors. 

9.  Yap and 

Rashid 

(2011) 

- Competitive intelligence CI 

practice (CI acquisition and 

strategic use of CI). 

- Firm performance (profitability and  

organizational growth). 

Competitive intelligence practice relates 

positively to firm performance. 
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# 
Author 

/Year 
variables Important  Findings 

10.   

Elbashir et 

al. (2008) 

- Business process performance 

(Custumers Intelligence, Supplier 

Relations, Internal Efficiency). 

- Organizational performance. 

The research result confirms a significant 

relationship between business process 

performance and firm performance for 

service and non-service sectors. 

Table (3.1): summarizes the main findings of BI previous studies. 

 

3.2 Knowledge Management Previous Studies. 

1. The Effect Of Knowledge Management Capability And Customer 

Knowledge Gaps On Corporate Performance. (Tseng, 2016) 

This study aims to explore the influence of knowledge management capability 

and customer knowledge gaps on corporate performance. 

Data were collected from a sample of 500 Administrators working at firms of 

the largest Taiwanese corporations compiled by China Credit Information Service 

(2013. The online questionnaire were sent to the respondents out of which only 107 

questionnaires were returned and utilized in the study. 

The results showed that knowledge management capability is the major factor 

for enhancing corporate performance, and suggested customer knowledge gaps to be 

a significant intervening factor between knowledge management capability and cor-

porate performance. 

 

2. The Impact Of Knowledge Management Practices On Organizational Per-

formance: A Balanced Scorecard Approach  (Valmohammadi & Ahmadi, 

2015) 

This research examined the effects of KM practices on organizational perfor-

mance in Iran National Petrochemical Company. 

The study designed and employed a questionnaire which was distributed to a 

sample of 230 managers and employees of the subsidiary firms of Iran National Pet-

rochemical Company. Only198 questioners were valid and were used in the study 

resulting in a response rate of 86 percent. 

The results revealed that KM practices positively and meaningfully (though 

weak) affect overall organizational performance. This impact is significant only re-
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garding growth and learning dimension while on the other dimensions is insignifi-

cant. 

 

3. Investigating The Relationship Between Knowledge Management Processes 

And Organizational Performance The Mediating Effect Of Organizational 

Innovation (Alrubaiee et al., 2015). 

The objective of this research was to investigate the mediating effect of Organ-

izational Innovation on the relationship between Knowledge Management Processes 

and Organizational Performance. 

 Data were obtained through survey conducted on managers of Jordanian tele-

communication and information technology companies. Multiple regression and path 

analysis using SPSS- AMOS 18 was conducted to analyse data. 

The results confirmed a positive and strong effect of Knowledge Management 

Processes on Organizational Innovation and Organizational Performance. Results 

also indicated a positive effect of Organizational Innovation on Organizational Per-

formance. 

 

4. The Impact Of Knowledge Management Processes On Organizational Per-

formance (M. Tubigi & Alshawi, 2015) 

The purpose of this research was to investigate the impact of Knowledge Man-

agement processes on organizational performance within the context of the airline 

industry. 

A pilot study was conducted which involved the use of interviews as a primary 

data collection method. Content analysis was used to extract and analyse themes 

from the data. Five managers from one Airline Company were selected for this study 

in order to have the true picture of how OP is seen and consider by the employees 

who are chosen from various managerial levels representing sales department, e-

marketing department, IT department, departure control system department, and loy-

alty programmer department processes. 

The study showed that knowledge usage is the most influential aspect of KM in 

terms of the impact on OP. Moreover, the study revealed that knowledge transfer is a 

common KM process employed by organizations. 

 

http://search.proquest.com/openview/083f1a448111bb12337c09234ea1879c/1?pq-origsite=gscholar&cbl=2029531
http://search.proquest.com/openview/083f1a448111bb12337c09234ea1879c/1?pq-origsite=gscholar&cbl=2029531
http://search.proquest.com/openview/083f1a448111bb12337c09234ea1879c/1?pq-origsite=gscholar&cbl=2029531
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5. Effect Of Knowledge Management Practices (Kmps) And The Moderating 

Role Of Interpersonal Trust (IPT) On Firm’s Performance (FP): A Study In 

Software Industry Of Pakistan (Afzal & Afzal, 2014) 

The aim of this research was to analyze the effect of knowledge management 

practices on firm performance in software industry of Pakistan. 

 The population of this study was those companies of Islamabad and Rawal-

pindi, which are member of the Pakistan Software House Association. Question-

naires were to a sample of 287 employees of selected organizations through personal 

contacts. 

The findings provided strong support for the relationship between KM practic-

es, social capital and firm performance.  Interpersonal trust as an independent varia-

ble was strongly and positively related to firm performance but when it is taken as a 

moderator, it seems to exert positive medium moderating effect on firm performance. 

 

6. Mediating Role Of Knowledge Management In Effect Of Management Ac-

counting Practices On Firm Performance (Wang   & Huynh  2013) 

This research employed a path analysis procedure to investigate the causal rela-

tionships among the adoption of KM, the implementation of management accounting 

practices and firm performance. 

Data were collected from a sample of the 705 Vietnamese firms listed publicly 

in the two Vietnamese Stock Exchanges. Only, 337 good replies were complete and 

used in the analysis for this research.  

The results of this research revealed that adopting knowledge management is 

more important to improve firm performance than implementing management ac-

counting practices. 

 
7. Mediating Role Of Knowledge Sharing: Organizational Performance For 

Competitive Advantage And Innovation (Waheed et al., 2013) 

This research examined the mediating impact of knowledge sharing on the re-

lationship of (information technology, teamwork, organizational culture, employee 

motivation and trust to share their knowledge) and organizational performance. 
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Data were collected from a sample of 270 employees and managers of tele-

communication sector of Pakistan. Correlation and regression analysis were used to 

measure the relationships between the variables. 

The main findings showed that knowledge sharing plays a very important role 

in increasing an OP and developing competitive advantage for that particular organi-

zation. 

 

8. Knowledge Management: A Key Determinant In Advancing Technological 

Innovation? (V.-H. Lee, L.-Y. Leong, T.-S. Hew, & K.-B. Ooi, 2013) 

The main objective of this research was to examine the relationship between 

KM practices (knowledge acquisition, dissemination, application, and storage) and 

technological innovation. 

Data were collected from 162 managers from the manufacturing firms in Ma-

laysia. Multiple linear regression and neural network analysis were performed to ex-

amine the relationships between study variables. 

This research provided empirical evidence and confirms the results of past re-

searchers that KM practices are positively and significantly related to technological 

innovation. 

 

9. The Role Of Knowledge Management In Enhancing Organizational Perfor-

mance (Zaied et al., 2012) 

This research explored the factors that involved in implementing knowledge 

management concept to enhance organizational performance. 

Data were collected from a random sample of 30 organizations (10 private or-

ganizations, 10 governmental organizations and 10 public organizations) of medium 

and large size organizations belonging to Cairo Chamber of Commerce, Egypt.  

The findings showed that all elements of KM capabilities are correlated with 

and have positive and significant relationships with all measures of the OP. 

 

10. Mediation Effect Of Knowledge Management In The Relationship Between 

Technology And Organizational Effectiveness – An Empirical Study Of 

Mongolian Academy  Of Sciences (T.-S. Kuo, Chi, & Dorjgotov, 2011). 
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The purpose of this research was to explore the mediating role of KM on the 

relationship between technology and organizational effectiveness. 

Data were collected from a sample of 524 research and development profes-

sionals of Mongolian Academy of Sciences.  

The findings confirmed that KM was a partial mediator between technology 

and organizational effectiveness. It means KM was not only indirect predictor to or-

ganizational effectiveness but also a central mechanism that leverages technology 

influences on organizational effectiveness. 

 

11. Strategic Knowledge Management, Innovation And Performance (López-

Nicolás & Meroño-Cerdán, 2011). 

The aim of this research was to shed light on the consequences of KM strate-

gies on firm’s innovation and corporate performance. 

Data were collected from a random sample consisting of 310 firms in the Re-

gion of Murcia (Spain). A structured questionnaire consisting of close-ended ques-

tions was developed and the Pre-test for the instrument was examined by 5 practi-

tioners (CEOs of five companies) and 5 academics in this area, including translation, 

wording and structure. 

The findings showed that KM strategies (codification and personalization) af-

fects innovation and organizational performance directly and indirectly (through an 

increase on innovation capability). In addition, findings demonstrated a different ef-

fect of KM strategies on diverse dimensions of firm performance. 

 

12. Linking Organizational Culture, Structure, Strategy, And Organizational 

Effectiveness: Mediating Role Of Knowledge Management (Zheng et al., 

2010) 

The aim of this research was to examine the mediating effect of KM on the re-

lationship between (organizational culture, strategy, structure) and organizational 

effectiveness. 

Data were collected using a self-administered survey from a sample of 301 HR 

professionals who were members of two HR organizations in a mid-western metro-

politan area constituted the target response group.  
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The findings suggested that KM fully mediates the impact of organizational 

culture on organizational effectiveness, and partially mediates the impact of organi-

zational structure and strategy on organizational effectiveness. 

 

13. Knowledge Management And Innovativeness: The Role Of Organizational 

Climate And Structure (Chen, Huang, & Hsiao, 2010). 

The purpose of this research was to investigate the effects of organizational 

climate and structure on KM and firm innovativeness from the social capital and so-

cial network perspectives. 

The study employed a questionnaire on a sample 146 drawn from the popula-

tion of the top 5,000 Taiwanese firms listed in the yearbook published by the China 

Credit Information Service Incorporation. 

The findings suggested that KM is positively related to firm innovativeness. In 

addition, the results indicated that innovative and supportive climate are positively 

related to KM. 

 

14. The Relationship Among Knowledge Management, Organizational Learn-

ing, And Organizational Performance (Liao & Wu, 2009) 

This research examined empirically the mediating role of organizational learn-

ing between KM and OP. 

Data were collected using 600 questionnaires that were mailed employees 

working at Taiwan knowledge-intensive organizations engaged in manufacturing, 

and financial sectors. Only, 327 valid and complete responses used for subsequent 

quantitative analysis. 

The main results of the study found that KM was positively related to OP. In 

addition, it showed that KM was positively related to organizational learning. 

 

15. The Effect Of Tacit Knowledge On firm Performance (Harlow, 2008)  

The aim of this research was to propose the use of the tacit knowledge index to 

assess the level of tacit knowledge within firms and its effect on firm performance. 

http://www.emeraldinsight.com/doi/pdf/10.1108/01437721011088548
http://www.emeraldinsight.com/doi/pdf/10.1108/01437721011088548
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Data were collected from a sample of 108 United States and Canadian firms 

that are using KM to determine each firm’s tacit knowledge index. Regression and 

correlation were used to statistically analyze the innovation and financial outcomes. 

 The results showed a significant relationship between a firm’s level of tacit 

knowledge index and the firm’s innovation performance. Less clear was the relation-

ship between a higher tacit knowledge index and financial measures. This indicated 

that the use of tacit methods has a greater effect on innovation than on financial 

measures; and firms that want to innovate should employ a higher degree of tacit 

method usage than firms whose goals are financial. 

 

Table (3.2): summarizes the main findings of BI previous studies.  

# 
Author 

Name/Year 
Variables Important Findings 

1 

Tseng (2016)  Knowledge management 

capability. 

 Customer knowledge gaps. 

 Corporate performanc 

Knowledge management capability 

is the major factor for enhancing firm 

performance. 

2 

Valmohammadi and 

Ahmadi (2015) 
 Organizaional Performance. 

 Knowledge Management. 

KM practices positively and 

meaningfully impact overall 

organizational performance. 

3 

Alrubaiee et al. 

(2015) 
 Knowledge Management 

Process. 

 Organizational Innovation. 

 Organizational Performance. 

A strong and positive effect of 

Knowledge Management Processes 

on Organizational Innovation and 

firm performance 

4 

M. Tubigi and 

Alshawi (2015) 
 Knowledge Management 

Process. 

 Organizational Performance. 

Knowledge usage is the most 

influential aspect of KM in terms of 

the impact on firm performance. 

5 

Afzal and Afzal 

(2014) 
 Knowledge Management 

Practices 

 Firm performance. 

 Interpersonal Trust. 

A direct and significant effect of 

knowledge management practices on 

Firm Performance. 

6 

Waheed et al. 

(2013) 

 

 Organizational performance. 

 Information technology, 

Organizational culture,  

Team work, Trust and  

Motivational factors. 

 Knowledge sharing. 

Knowledge sharing plays an 

important role in increasing firm’s 

performance. 

7 

Wang   and Huynh  

(2013) 
 Knowledge management 

adoption. 

 Management accounting 

Paractice Impleminttion. 

 Firm performance. 

Adopting knowledge management is 

more important to improved firm 

performance than implementing 

management accounting practices. 

8 

V.-H. Lee et al. 

(2013) 
 Knowledge Management  

practices. 

 Technological innovation. 

knowledge management practices are 

positively and significantly related to 

technological innovation. 
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# 
Author 

Name/Year 
Variables Important Findings 

9 

 

Zaied et al. (2012) 
 Knowledge Management  

infrastructure. 

 Knowledge Management  

process. 

 Knowledge Management  

performance. 

There is a great correlation between 

knowledge management capabilities 

and firm performance. 

 

10 

 

T.-S. Kuo et al. 

(2011) 

 Knowledge Management. 

 Technology. 

 Organizational 

Effectiveness. 

Knowledge management is a partial 

mediator between technology and 

organizational effectiveness. 

 

11 

 

López-Nicolás and 

Meroño-Cerdán 

(2011) 

 Knowledge Management 

strategy. 

 Innovations. 

 Firm performance. 

Knowledge management is a 

significant mechanism which 

enhance innovation and firm 

performance. 

12 

Zheng et al. (2010)  Organizational culture. 

 Organizational structure. 

 Organizational strategy. 

 Knowledge management 

effectiveness. 

 Organizational 

effectiveness. 

Knowledge management fully 

mediates the impact of organizational 

culture on organizational 

effectiveness. 

13 

Chen et al. (2010)  Organizational climate and 

structure. 

 Knowledge management. 

 Firm innovativeness. 

Knowledge management is 

positively related to firm 

innovativeness. 

14 

Liao and Wu (2009)  Knowledge Management   

 Organizational Learning. 

 Organizational performance. 

Knowledge management is 

positively related to firm 

performance. 

15 

Harlow (2008)  Tacit Management Index. 

 Firm Performance. 

 

A significant relationships between a 

firm’s level of Tacit Management 

Index and the firm’s innovation 

performance. 

Table (3.2): summarizes the main findings of BI previous studies.  

 

3.3 Comments On The Previous Studies.  

By depending on the previous studies mentioned above, it can be concluded 

that benefits of BI could be achieved through the improved business processes. 

which involve implementation of costumers intelligence, supplier relations, internal 

efficiency and use of tools for DQ and analysis. Moreover, it is important to mention 

that BI is an essential factor for increasing firm performance. Since, the literature has 

found that BI and OP are positively correlated (e.g. Rouhani et al. (2016), Xuemei 

Tian et al. (2015), Zheng et al. (2010), and Elbashir et al. (2008)). 

 According to KM, the literature has succeeded to reach agreement on the exact 

effects of KM on OP. Since most of the previous studies agreed that there is a posi-
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tive effect of KM on OP (e.g. Tseng (2016)  ,(Valmohammadi & Ahmadi, 2015), 

Alrubaiee et al. (2015), M. Tubigi and Alshawi (2015), Afzal and Afzal (2014), 

Waheed et al. (2013), Wang   and Huynh  (2013), Zaied et al. (2012) and Liao and 

Wu (2009)). However, it is unambiguous exactly which KMP affect the performance 

of the firm to the greatest degree as the literature has proposed different findings and 

conclusions. according to M. Tubigi and Alshawi (2015) state that knowledge trans-

fer is a common KM process employed by organizations .While, Waheed et al. 

(2013) show that knowledge sharing plays a very important role in increasing an or-

ganizations’ performance. More importantly, the study findings confirm the result of 

previous empirical studies which, found a positive effect of KM and BI on OP. 

What’s new, this research indicates the mediating effect of KM on the relationship 

between BI and Organizational Performance. 

Thus, it has been shown that, if organizations need to enhance their perfor-

mance they ought to improve BI systems and KM processes in their firms . Since they 

will bring about upgrade of development capacity of a firm. Moreover, without those 

systems firms are continually rethinking the wheel instead of being imaginative and 

market pioneer. 

 

3.4 Chapter Summery 

This chapter  presented previous studies which are convenient with the current 

study. In addition, the chapter has been divided into three sections. The first section 

included BI previous studies. The second section included KM previous studies. Fi-

nally, in the last section the researcher mentioned general comments on the previous 

studies. 

  



 

 

 

Chapter 4 

Methodology and Data 

Preparation 
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Chapter 4 

Methodology and Data Preparation 

4.1 Introduction 

This chapter describes the research methodology, adopted to accomplish the 

objectives of the study. The term methodology is used to establish a systematic pro-

cedure for arriving the intended research results. Commonly, the purpose of any re-

search is to search for answers to questions through the application of scientific pro-

cedures. The main purpose of this research is to study “Mediation role of 

knowledge management in the relationship between business intelligence and 

organizational performance – case Study JAWWAL company at Gaza Strip”.  

4.2 Methodology 

This research is considered one of the field researches that used the descriptive 

analytical methodology; which studied the phenomenon as it is, described it accu-

rately and clarified its characteristics through collecting, analyzing and explaining 

data. The usage of this methodology aims to examine "Mediation Role of 

knowledge management on the relationship between business intelligence and 

organizational performance". 

The descriptive analytical methodology characteristics is not only collecting 

and organizing data that is related to a specific phenomenon, but also aims to reach 

conclusions that contribute in understanding reality throughout analyzing and ex-

plaining the studded phenomenon. Furthermore, reaches meaningful generalizations 

that enable the study to enrich the knowledge about that phenomenon, and contrib-

utes in developing the fact of an intentional phenomenon, standing on the most im-

portant advantages and disadvantages, trying to improve the disadvantages and de-

veloping the advantages that are related to the phenomenon under study. 

4.3 Population and sample 

The study population was made up of Managers, Head of Departments (HODs) 

and other employees in Jawwal in the Gaza strip whom performs their work using 

computers. The researcher used simple sample with largest possible size through dis-

tributing the questionnaires on the targeted group. Whereas the population size was 

200 employees, The researcher used equation of American education association 
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Krejcie and Morgan (1970) as it shown below, to determine the minimum appropri-

ate sample size. 

𝑛 =
𝜒2𝑁𝑃(1 − 𝑃)

𝑀𝐸2(𝑁 − 1) + 𝜒2𝑃(1 − 𝑃)
 

Where, n is sample size, N is population size, P is population proportion, ME
2
 

is degree of accuracy (margin of error) and X
2
 is Chi-square value at 0.05% level and 

one degree of freedom. 

 So, based on the previous equation, the appropriate sample size is 132 re-

spondents, the researcher distributed 132 questionnaires, after that, the researcher 

received 110 questionnaires, thus the response rate is 83% “the number of people 

who answered the questionnaire divided by the number of people in the sample” Ac-

cording to Sekaran and Bougie (2016) at least researchers should obtained 30 percent 

total responses  from the sample size in order to analyze the data. Therefore, this per-

centage is considered high and appropriate one. 

4.4 Data Collection 

Obtaining data is a natural part of the research process. There are two different 

approaches classified for this purpose, primary and secondary sources of data. “Sec-

ondary data are information collected by others for purposes that can be different 

from ours”, while “primary data are original data collected by us for the research 

problem at hand”(Ghauri & Grønhaug, 2005) . 

4.4.1 Secondary Data 

This research has used various literature sources as secondary data source. 

Such as books and references, published theses, papers, articles and previous studies. 

4.4.2 Primary Data 

This research outlines the appropriateness of using a quantitative research 

methodology . A descriptive research approach was followed to use the questionnaire 

that is designed to examine the “The mediating role of knowledge management on 

the relationship between business intelligence and organizational performance”, 

by focusing on thirteen dimensions, six dimensions represent the independent varia-

ble (Business Intelligence), four dimensions represent the mediate variable 

(Knowledge Management) and three dimensions represent the dependent variable 

(organizational Performance). The questionnaire was translated into Arabic language 
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to be filled by all respondent's abilities (See Appendix A).Moreover, it was tested 

through a group of external arbitrators to ensure its validity (See Appendix B).The 

research questionnaire consists of three parts as follows: 

Part 1: Consists of personal information of the respondents (Age, gender, place of 

work, education level, Scientific specialization, Administrative level and years of 

service). Part 2: “Business Intelligence” which is consists of six dimensions as fol-

lows: (1) “Data Quality” consist of four items, (2) “User Access” consist of three 

items, (3) “Interaction with Other System” consist of four items, (4) “Risk Level” 

consist of four items, (5) “Flexibility” consist of eight items and (6) “Analytical ca-

pabilities” consist of six items. Part 3: “Knowledge Management” which is con-

sists of four dimensions as follows: (1) “Creating Knowledge” consist of three 

items, (2) “Storing Knowledge” consist of four items, (3) “Disseminating 

knowledge” consist of four items, (4) “Applying knowledge” consist of four items. 

Part 4: “Organizational Performance” which is consists of three dimensions as 

follows: (1) “Employee Satisfaction” consist of four items, (2) “Organizational 

Innovation” consist of eight items, (3) “Process Innovation” consist of six items. 

4.4.3  Scale of Items 

Questions of questionnaire were proposed in the form of statements using a 

seven points Likert scale, asking respondents to rate the level of their agreement as-

signed to (1) Strongly Disagree, (2) Very Disagree, (3) Disagree, (4) Undecided, (5) 

Agree, (6) Very Agree, and (7) Strongly Agree. 

The level of agreement will be determined each item and each construct ac-

cording to five levels, the following table shows that: 

Table (4.1): Level of agreement about items according to mean value of an-

swers. 
Level of 

agreement 
V. Low Low Medium High V. High 

Mean 1 - 2.20 2.21 – 3.40 3.41 – 4.60 4.61 – 5.80 5.81 – 7.00 

RII 14.3%-31.4% 31.5%-48.6% 
48.7%-

65.7% 

65.8%-

82.8% 

82.9%-

100% 
             Hint: RII= Relative Important Index. Source: Likert score method(Likert, 1932). 

 

Table (4.1) was formulated according to the following formula: 

Interval length = (highest value – lowest value) / number of levels.   

Interval length = (7-1) / 5 = 6/5 = 1.2 ; thus: 
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• Very low level = 1+1.2 = 2.2; so it ranges from 1 to 2.20. 

• Low level=1.2+2.2=3.4; so it ranges from 2.21 to 3.40. 

• Medium level = 1.2+3.4 = 4.6; so it ranges from 3.41 to 4.6 . 

• High level = 1.2+4.6=5.8; so it ranges from 4.61 to 5.8. 

• Very high level = 1.2+5.8=7; so it ranges from 5.81 to 7. 

The means and the standard deviations have been calculated for the research con-

structs along with the items based on the responses the researcher has collected from 

the study’s sample who work at Jawwal Company. Next, the means and the standard 

deviations have been represented for each of the study’s constructs along with their 

items. 

 

4.4.4  Data Coding and Editing 

Once the quantitative data were obtained via the survey, the data were checked 

for inconsistencies, missing values, or any other response errors. A coding manual 

was constructed which contained general instructions on how each variable was cod-

ed. For quantitative data input and analysis, the Statistical Package for Social Science 

(SPSS) was used. And for testing the multivariate research model, the Partial Least 

Squares (PLS) technique was used. The coded data were rechecked visually for the 

detection of any possible data entry errors. Additionally, descriptive statistics were 

computed for all variables for accuracy of inputs; as follows: the range of each varia-

ble was checked, the frequency counts were performed, the distribution of each vari-

able was analyzed to detect irregular answers and cases with extreme values, and the 

means and standard deviations were computed. 

4.5 Reliability and Validity 

Validity and reliability are concepts that capture the measurement properties of 

a survey, questionnaire or another type of measure. Reliability is necessary for estab-

lishing the validity of a measure and ensuring accurate interpretation (Churchill, 

Brown, & Suter, 2007) The validity of an assessment is the degree to which it 

measures what it is supposed to measure(Kim & Rhee, 2013). This is not the same as 

reliability, which is the extent to which a measurement gives a consistent results 

(Kim & Rhee, 2013).Therefore, reliability analysis of the constructs needs to be un-

dertaken prior to testing their validity and hypothesized relationship (Churchill et al., 
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2007). It has been given an initial assessment of the reliability of constructs through 

internal consistency using Cronbach's alpha coefficient, Split-Half method and com-

posite reliability(CR). While, their validity has been established through Content Va-

lidity and Construct Validity. 

4.5.1 Reliability 

The establishment of unidimensional is required for effective use of 

Cronbach’s alpha; as the Cronbach alpha can underestimate the reliability of a multi-

dimensional measure(Jiang, 2014).As well as, Cronbach's Alpha is widely used in 

social science and business for testing internal consistency of the survey items 

(Cronbach, 1951); and for  indicating the level of reliability. Cronbach's Alpha val-

ues should range from 0.0 to 1.0. where 1.0 represents a higher level of reliability.  

Table (4.2) shows the values of reliability indicators, where Cronbach’s Alpha 

value ranged between 0.822 and 0.974, Guttman values for Split-Half reliability were 

excessed the critical value (0.65) and ranged between 0.747 and 0.983. As well as, 

CR was calculated, and the minimum value equals 0.894 ,which is above the critical 

level of 0.7. According to these indictors it can be concluded that the questionnaires 

of the study are considered reliable. Furthermore, the results indicate that these mul-

tiple measures are highly reliable for measuring each construct. 

Table (4.2): Cronbach's Alpha, Guttman Split—Half and Composite reliability 

indicators. 

Constructs 
No. of 

items 

Cronbach 

Alpha 

Guttman 

split-half 
CR 

Business Intelligence 29 0.937 0.983 0.951 

Data Quality 4 0.944 0.934 0.960 

User Access 3 0.822 0.747 0.894 

Interaction with Other System 4 0.914 0.932 0.941 

Risk Level 4 0.893 0.903 0.927 

Flexibility 8 0.943 0.947 0.954 

Analytical capabilities 6 0.924 0.957 0.946 

Knowledge Management 15 0.970 0.974 0.973 

Creating Knowledge 3 0.919 0.792 0.950 

Storing Knowledge 4 0.915 0.907 0.941 

Disseminating Knowledge 4 0.911 0.917 0.939 

Applying Knowledge 4 0.920 0.944 0.945 

Organizational Performance 18 0.961 0.971 0.965 

Employee Satisfaction 4 0.918 0.941 0.943 

Organizational Innovation 8 0.924 0.946 0.938 

Process Innovation 6 0.938 0.951 0.952 

 



80 

 

 

4.5.2 Validity 

valid measurement is a prerequisite for the successful study of concepts in 

business and science. It is defines as the determination that an indicator actually 

measures what it is supposed to measure. If an indicator is not valid, there will be 

systematic error or bias in the measurement process (Abowitz & Toole, 2009).  

4.5.2.1 Content Validity  

Content validity refers to the extent to which a measure represents all facets of 

a given concept (Yang, Huang, & Wu, 2011). This not refers to what the test actually 

measures, but to what it superficially appears to measure(Bartol & Bartol, 2011). For 

demonstrating content validity, the tester investigates the degree to which a test is a 

representative sample of the content. Content validity concerned with the question of 

whether the instrumentation includes a sufficiently representative number of items to 

ensure that all ways to measure the content of the studied construct (Sarantakos, 

2005). For that purpose, before applying and distributing the questioner, it was repre-

sented to eight experts with Business Management and IT background (see appendix 

B).The experts will  refine the content of the questionnaire by identifying its weak-

nesses, ambiguity, inconsistency or any other related issues from one side; and also 

ensure the content validity of the questionnaire from the other side; as a final step the 

researcher should apply their recommendation and comments. 

4.5.2.2 Construct Validity 

The assessment of construct validity requires that the correlations of the meas-

ure be examined in regard to variables that are known to be related to the construct 

(Churchill et al., 2007). Construct validity  has been performed through Discriminant 

and Convergent validity by factor analyses and coefficients.  

Table (4.3), clarifies the coefficient correlation for each item with its construct. 

Where all of coefficients are significant at 0.01 level and greater than (0.740). Thus, it 

indicates that the items of this field are valid and consistent to be measure what it 

was set for; also, it shows that there is good construct validity.  
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           Table (4.3): Construct validity through correlation coefficients. 

Business Intelligence 
Knowledge 

Management 

Organizational 

Performance 

 
Items 

Corr. 

Coff. 

 
Items 

Corr. 

Coff. 

 
Items 

Corr. 

Coff. 
 Items 

Corr. 

Coff. 

D
Q

 

I1 0.918** 

F
le

x
ib

il
it

y
 

I16 0.860** 

C
K

 

M1 0.944** 

E
S

 

D1 0.904** 

I2 0.946** I17 0.869** M2 0.934** D2 0.916** 

I3 0.934** I18 0.837** M3 0.911** D3 0.881** 

I4 0.908** I19 0.840** 

S
K

 

M4 0.872** D4 0.886** 

U
A

 

I5 0.860** I20 0.847** M5 0.906** 

O
I

 

D5 0.804** 

I6 0.866** I21 0.896** M6 0.910** D6 0.837** 

I7 0.851** I22 0.798** M7 0.888** D7 0.818** 

IS
 

I8 0.921** I23 0.835** 

D
K

 

M8 0.872** D8 0.842** 

I9 0.893** 

A
C

 

I24 0.799** M9 0.915** D9 0.779** 

I10 0.877** I25 0.860** M10 0.880** D10 0.837** 

I11 0.884** I26 0.896** M11 0.894** D11 0.813** 

R
L

 

I12 0.873** I27 0.858** 

A
K

 

M12 0.909** D12 0.740** 

I13 0.882** I28 0.857** M13 0.894** 

P
I

 

D13 0.852** 

I14 0.880** I29 0.896** M14 0.904** D14 0.866** 

I15 0.852**    M15 0.894** D15 0.899** 

         D16 0.886** 

         D17 0.883** 

         D18 0.866** 

**Significant at the 0.01 level 

4.5.2.3 Convergent and Discriminant Validity 

Convergent validity (CV) a degree in which all included items with respect to 

their associated construct are used to measure at a same concept; by examining the 

factor loadings of the items on the models constructs. While, Discriminant validity 

(DV) will be analyzed by using Average Variance Extracted (AVE) indicator. To 

illustrate more, establishing CV  assures the researcher that all the measures of the 

construct do measure the same construct or concept and move in the same conceptual 

direction(Ramli, Akasah, & Masirin, 2014). As suggested by Hair Jr, Sarstedt, 

Hopkins, and Kuppelwieser (2014), support is provided for CV when each item 

has outer loadings above 0.70 and each AVE is 0.50 or higher. According to DV, 

it defines as the degree to which a construct is truly distinct from other constructs in 

the model(Langove & Isha, 2017). DV of the measures verified with the square root 

of the AVE. As shown in table4.4 for each construct higher than the correlations be-

tween it and all other constructs (M. K. Lee, Cheung, & Chen, 2005). 

 

Table 4.4 includes the indicators of DV and CV which calculated by results of 

factor analysis. The vales of DV indicator are more than 0.50 and the values of CV 

indicators are greater than 0.70. Moreover, the indicators with outer loadings as 
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shown in table (4.5) are achieve an acceptable outer loading values, as they range 

between 0.745 and 0.953. In total, the model demonstrates adequate CV and DV.  

           Table (4.4): Convergent Validity and Discriminant Validity. 

Constructs 
No. of 

items 
CV DV 

Business Intelligence 29 0.764 0.874 

Data Quality 4 0.858 0.927 

User Access 3 0.738 0.859 

Interaction with Other System 4 0.800 0.894 

Risk Level 4 0.760 0.872 

Flexibility 8 0.720 0.849 

Analytical capabilities 6 0.745 0.863 

Knowledge Management 15 0.709 0.842 

Creating Knowledge 3 0.865 0.930 

Storing Knowledge 4 0.800 0.894 

Disseminating Knowledge 4 0.794 0.891 

Applying Knowledge 4 0.811 0.900 

Organizational Performance 18 0.606 0.778 

Employee Satisfaction 4 0.804 0.897 

Organizational Innovation 8 0.655 0.810 

Process Innovation 6 0.766 0.875 

            Convergent validity calculated by AVE: Average variance extracted. 

 

Table (4.5):The loadings of indicators on its construct based on results of de-

tailed SEM. 

Construct Indicators Loading Construct Indicators Loading 

Data Quality 

I5 0.895 

Flexibility 

I20 0.862 

I6 0.889 I21 0.877 

I7 0.915 I22 0.833 

I8 0.909 I23 0.839 

User Access 

I9 0.871 I24 0.849 

I10 0.860 I25 0.898 

I11 0.845 I26 0.793 

Interaction 

with Other 

System 

I12 0.871 I27 0.832 

I13 0.881 

Analytical 

capabilities 

I28 0.745 

I14 0.923 I29 0.853 

I15 0.901 I30 0.910 

Risk Level  

I16 0.875 I31 0.882 

I17 0.882 I32 0.876 

I18 0.869 I33 0.900 

I19 0.860 

Knowledge 

Management 

CK 0.926 

   SK 0.933 

   DK 0.935 

   AK 0.940 
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Construct Indicators Loading Construct Indicators Loading 

   
Organizational 

Performance 

ES 0.860 

   OI 0.953 

   PI 0.902 

CK: Creating Knowledge, SK: Storing Knowledge, DK: Disseminating Knowledge, 

AK: Applying Knowledge, ES: Employee Satisfaction, OI: Organizational Innova-

tion and PI: Process Innovation. 

 

4.6 Profile of Respondents 

The data of questionnaire gathered from (110) respondents of Managers, Head 

of Departments (HODs) and other employees in Jawwal in the Gaza strip whom per-

forms their work using computers., where 63.9% of them are male and 36.1% of 

them are female. Table (4.6) shows the Characteristics of respondents on the ques-

tionnaire, including age, gender, place of work, education level, scientific specializa-

tion, administrative level, and years of service. 

            Table (4.6): Characteristics of Respondents. 

Variables 
Frequency 

N = 110 

Percent 

% 

Valid 

Percent 

A
g

e
 

Less than 30 years 38 35.4% 35.5% 

From 30 to less than 40 years. 52 47.3% 48.6% 

From 40 to less than 50 years. 16 14.5% 15.0% 

50 years or more 1 0.9% 0.9% 

Missing. 3 2.7% -- 

Gender 

Male 62 56.4% 63.9% 

Female 35 31.8% 36.1% 

Missing. 13 11.8% -- 

P
la

ce
 o

f 

w
o

rk
 

South of Gaza 15 13.6% 14.2% 

Middle of Gaza 13 11.8% 12.3% 

Gaza 73 66.4% 68.9% 

North of Gaza 5 4.5% 4.7% 

Missing 4 3.6% -- 

E
d

u
ca

ti
o

n
 L

ev
el

 

Postgraduate 14 12.7% 13.1% 

Bachelor 83 75.5% 77.6% 

Diploma 10 9.1% 9.3% 

Missing 3 2.7% -- 

S
ci

en
ti

fi
c 

sp
ec

ia
li

za
ti

o
n

 

IT 3 2.7% 2.9% 

Engineering 4 3.6% 3.8% 

Management 54 49.1% 51.9% 

Accounting 26 23.6% 25.0% 

Economic 4 3.6% 3.8% 

Other 13 11.8% 12.5% 

Missing 6 5.5% -- 

A
d

m
in

is
t

ra
ti

v
e 

le
v

el
 

Senior 4 3.6% 4.0% 

Middle 22 20.0% 22.2% 

Operational 73 66.4% 73.7% 

Missing 11 10.0% -- 
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Variables 
Frequency 

N = 110 

Percent 

% 

Valid 

Percent 

Y
ea

rs
 o

f 

S
er

v
ic

e
 

Less than 5 Years. 30 27.3% 29.1% 

From 5 to less than 10 years. 21 19.1% 20.4% 

From 10 to less than 15 years. 39 35.5% 37.9% 

From 15 years or more. 13 11.8% 12.6% 

 Missing. 7 6.4% -- 

 

The age statistics in table 4.6 shows that 35.4%  of the sample are " Less than 

30 years ", 47.3% of the sample are " From 30 to less than 40 years " , 14.5% of the 

sample are " From 40 to less than 50 years " , and 0.9%  of the sample are "50 Years 

and more ".This indicates that the respondents are from different categories of age, 

but most of them are under forty “youths” and this is an advantage for Jawwal since 

young employees have the ability to learn easily and cope with changes more quick-

ly . According to the Gender statistics in the same table shows that 56.4%of the sam-

ple are Males and 31.8% of the sample are Females, this indicates that the majority 

of respondents  are males. 

According to Educational Level statistics in table 4.6 shows that 12.7% of  the 

sample are Postgraduate holders, 75.5% of  the sample are Bachelor holders, 9.1% of  

the sample are Diploma holders. Results show that the Bachelor degree holders form 

the highest rate, and this indicates that the majority of employees considered to be 

moderately educated and well qualified to perform their activities, tasks and job 

functions. 

Scientific Specialization statistics in table 4.6 shows that 2.7%% of  the sample 

are "IT" specialization, 3.6% of  the sample are " Engineering " specialization, 

49.1%% of  the sample are "Management" specialization, 23.6% of  the sample are 

"Accounting" specialization, 3.6%% of  the sample are "Economic" specialization,  

and 11.8% of  the sample are other specializations. This indicate s that the majority 

of employees are specialized in Business Administration. On the other hand, Admin-

istrative  Level statistics in table 4.6 shows that 3.6% of the sample are from ”Sen-

ior” level , 20% of the respondents are from “Middle” level, and 66.4% of the re-

spondents are “Operational” level. This indicates that there is diversity among em-

ployees levels, but the operational level holds the majority number.  

Years Of Experience statistics in table 4.6  shows that 27.3% of the sample 

have experience “Less than 5 years", 19.1% of the sample have experience "5 – Less 
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than 10 year ", 35.5% of the sample have experience "10- less than 15 years” , and 

11.8%% of the sample have experience” 15 years and more ". This indicates that 

years of experience are vary among respondents. According to place of work in the 

same table, it shows that 13.6% of the sample are from “South of Gaza", 11.8% of 

the sample are from  "Middle of Gaza ", 66.4% of the sample are from "Gaza” , and 

4.5% of the sample are from “North of Gaza “.The table indicates that the highest 

majority of respondents are from Gaza ”Main Branch”; and this result is normal 

since the main branch of Jawwal  holds the maximum numbers of employees.   

 

4.7 Statistical Techniques and Soft wares. 

The researcher used Statistical Package for social science to analyze data by 

Frequencies & Percentages to describing personal information for the study sam-

ple, Mean of Answers & RII-Relative Importance Index to identify to what extent 

the responses for items and the main dimensions of the study and Standard Devia-

tion to show how much dispersion or variation exists from the Mean. Cronbach's 

Alpha and Guttman split-half: to estimate the reliability of the questionnaire di-

mensions. Pearson correlation coefficients to assess the construct validity. T-test 

for independent samples to test the presence of statistically significant differences in 

the level of Agreement on variables due to gender. Analysis of Variance- ANOVA 

to test for the presence of statistically significant differences in the level of Agree-

ment on variables of the study due to other demographic factors. Pearson Correla-

tion to measure the relationship between variables. 

Also, the researcher used Smart-PLS software to assess the composite reliabil-

ity, discriminant and convergent validity. As well as to build a SEM to analyze the 

complex relationship between variables of study, and calculate the indirect and di-

rect effects of independent variable on dependent variable through the mediate 

variable. 

In short, the SEM represents the dependency of causal relations in multivariate 

data in the behavioural and social sciences (McDonald & Ho, 2002). Although simi-

lar in appearance, SEM is fundamentally different from regression. In a regression 

model, a clear distinction exists between the independent and the dependent  varia-

bles (McDonald & Ho, 2002). In SEM, however, such concepts only apply in relative 
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terms. Since, an independent variable in one model equation can be a dependent var-

iable in other SEM system (Gunzler, Chen, Wu, & Zhang, 2013).Moreover, the 

causal relationships in a hypothesized mediation process, the simultaneous nature of 

the direct and indirect effects, and the dual role the mediator plays as both a cause for 

the outcome and an effect of the intervention are more appropriately expressed using 

SEM rather than regression analysis (Gunzler et al., 2013). 

4.8.  Chapter Summery 

This chapter presented detailed explanation of the research design and method-

ology. At first, it introduced the adopted methodology. In the second place, it speci-

fied the population size , the study sample and data collection methodology of prima-

ry and secondary data. In the following sections , the research instrument and meas-

urement scales are illustrated. Data coding and editing are specified. Then, the ques-

tionnaire reliability and validity analyses were conducted. Finally, the Profile of re-

spondents and statistical techniques are introduced to analyze data.



 

 

 

 

Chapter 5 

Data Analysis and 

Results 
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Chapter 5 

Data Analysis and Results 

5.1 Introduction 

The first step in the data analysis process was the use of descriptive statistics in 

the computing for all variables in the study. Descriptive statistics defines the basic 

elements of the statistical set which were used for the purposes of this 

study(Milošević, Živković, Manasijević, & Nikolić, 2015) .It is known as the analy-

sis of data that helps describe, show or summarize data in a meaningful and benefi-

cial way. This section lies mainly on the descriptive analysis to get the means(M) , 

the standard deviations(SD), and Relative Importance Index (RII)  for the study con-

structs along with their items.  The statistics have calculated the M ,the SD, and RII 

for the study constructs along with the items based on the responses the researcher 

has collected from the study’s sample. Then,  the researcher  present the M and the 

SD, and RII for each of the  study’s constructs along with its items. 

5.2 Descriptive Statistics of Variables of the Study 

5.2.1 Descriptive Statistics of Business Intelligence-BI 

Table 5.1 shows the descriptive measurements of main constructs of BI, 

whereas the rank of sub constructs is respectively Risk Level (M = 5.21, RII = 

74.4%), Flexibility (M = 5.18, RII = 74.0%), Interaction with Other System (M = 

5.10, RII = 72.9%), Analytical capabilities (M = 5.07, RII = 72.5%), User Access (M 

= 5.06, RII = 72.3%) and Data Quality (M = 4.87, RII = 69.6%). 

In general, the level of agreement on BI constructs is high with (M =5.09, RII 

=72.7%). Also, the results of one sample T-test around (4) indicate that there is posi-

tive significant difference between mean of answers on each construct and (4) value, 

it indicates that the mean of answers greater than 4, which means that the point of 

view of respondents about BI were agreed. Figure 5.1 present the RII for each con-

struct. 
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Table (5.1): Mean, Standard Deviation, Relative important index and one sam-

ple T-test for constructs of Business Intelligence. 

Business Intelligence M SD RII T Sig. Rank level 

1 Data Quality 4.87 1.22 69.6% 7.49 0.000* 6 High 

2 User Access 5.06 1.26 72.3% 8.85 0.000* 5 High 

3 Interaction with Other System 5.10 1.18 72.9% 9.78 0.000* 3 High 

4 Risk Level 5.21 1.10 74.4% 11.55 0.000* 1 High 

5 Flexibility 5.18 1.13 74.0% 10.90 0.000* 2 High 

6 Analytical capabilities 5.07 1.21 72.5% 9.32 0.000* 4 High 

 Overall 5.09 1.03 72.7% 11.10 0.000*  High 

Hint: M=Mean of answers, SD=Standard Deviation. RII=Relative Importance Index 

((Mean/7) *100%),T = statistics of one sample T-test about (4), and *sig = signifi-

cance of test. 

 

Figure (5.1): RII of Business Intelligence constructs. 

Relative important index is calculated for each construct to identify the most signifi-

cant one. Figure 5.1 shows the ranking of  BI  constructs according to their im-

portance and it indicates that Risk level is the most important construct as it gained 

the highest RII value (74.40% ) while Data Quality is the lowest (69.60%). 

 

5.2.1.1 Descriptive Analysis for the Construct: Data Quality.- DQ. 

Table (5.2): The M, SD, RII, and one sample T-test of Data Quality construct 
Items M SD RII T Sig. Rank Level 

1 data collected for my BI is reliable. 4.85 1.36 69.2% 6.51 0.000 4 High 

2 
There are conflicts and inconsistencies 

in the data for my BI. 
4.88 1.25 69.7% 7.37 0.000 

2 High 

3 data collected for my BI is accurate. 4.89 1.33 69.9% 7.03 0.000 1 High 

4 data for my BI is updated regularly. 4.86 1.32 69.5% 6.88 0.000 3 High 

 Overall 4.87 1.22 69.6% 7.49 0.000  High 

69.60% 

72.30% 

72.90% 

74.40% 
74.00% 

72.50% 72.70% 

67.00%

68.00%

69.00%

70.00%

71.00%

72.00%

73.00%

74.00%

75.00%

DQ UA IS RL FLEX AC overall

Relative importance index of constructs of Business 

Intelligence 
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Hint: M=Mean of answers, SD=Standard Deviation. RII=Relative Importance Index 

((Mean/7) *100%),T = statistics of one sample T-test about (4), and sig = signifi-

cance of test. 

 

Table (5.2) shows the descriptive measurements of items of DQ construct, 

whereas the table has four items, the item which comes first based on level of 

agreement is “data collected for my BI is accurate” with (M = 4.89, SD = 1.33, 

RII = 69.9%).On the other hand, the item which comes last based on agreement lev-

el is “data collected for my BI is reliable” With (M = 4.85, SD = 1.36, RII = 

69.2%). 

The total degree of agreement on DQ construct is high with (M = 4.87, SD = 

1.22, RII = 69.6%). Moreover, P-values = 0.000, which are smaller than the level of 

significance α = 0.05. According to one sample T-test around the mid value (4), re-

sults indicate that there is positive significant difference between mean of answers on 

each item and (4) value, it indicates that the mean of answers greater than 4, which  

indicates that the point of view of respondent about DQ goes to agreement. 

To sum up, the descriptive statistics concerning the construct (Data Quality ) 

indicate that Data Quality within Jawwal Co. are considered High in terms of level 

from the perspective of the study’s sample. Also, indicate that the data which is used 

in BI  is correct, integrated, and accurate. 

5.2.1.2  Descriptive Analysis for the Construct: User Access – UA 

Table (5.3): The M, SD, RII, and one sample T-test of User Access construct. 

Items M SD RII T Sig. Rank Level 

1 
I am satisfied with the quality of 

the way I access my BI. 
5.25 1.50 74.9% 8.72 0.000 

1 High 

2 
I am authorized to access to all 

information I need with BI. 
4.79 1.52 68.4% 5.48 0.000 

3 High 

3 

The way I access my BI is fit’s 

well to the types of decisions I 

make using my BI. 

5.15 1.37 73.5% 8.75 0.000 

2 High 

 
Overall 5.06 1.26 72.3% 8.85 0.000 

 High 

Hint: M=Mean of answers, SD=Standard Deviation. RII=Relative Importance Index 

((Mean/7)*100%), T = statistics of one sample T-test about (4), and sig = signifi-

cance of test. 

Table 5.3 shows the descriptive measurements of items of UA construct, 

whereas the table has three items, the item which comes first based on level of 

agreement is “I am satisfied with the quality of the way I access my BI” with (M 

= 5.25, SD = 1.50, RII = 74.9%). On the other hand, the item which comes last 
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based on agreement level is “I am authorized to access to all information I need 

with BI” With (M = 4.79, SD = 1.52, RII = 68.4%). 

 

The total degree of agreement on UA construct is high with (M = 5.06, SD = 

1.26, RII = 72.3%). Moreover, P-values = 0.000, which are smaller than the level of 

significance α = 0.05.  According to one sample T-test around the mid value (4), re-

sults indicate that there is positive significant difference between mean of answers on 

each item and (4) value, it means that the mean of answers greater than 4, which in-

dicates that the point of view of respondent about UA construct goes to agreement. 

To sum up, the descriptive statistics concerning the construct (UA ) indicate  

UA  within Jawwal Co. are considered High in terms of level from the perspective of 

the study’s sample. Also, indicate that the employees within Jawwal co. can access 

the information which is most relevant to their jobs requirements. 

 

5.2.1.3 Descriptive Analysis for the Construct: Interaction with Other System – 

IS 

Table (5.4): The M, SD, RII, and one sample T-test of Interaction with Other 

System construct. 

Items M SD RII T Sig. Rank Level 

1 
My BI provides a unified view of 

business data and processes. 
5.00 1.38 71.4% 7.59 0.000 

4 High 

2 
My BI provides a links among 

multiple business applications. 
5.15 1.17 73.5% 10.25 0.000 

2 High 

3 

My BI provides a comprehen-

sive electronic catalog of the 

various enterprise information 

resources in the organization. 

5.08 1.39 72.6% 8.17 0.000 
3 High 

4 

My BI provides easy and seamless 

access to data from other applica-

tions and systems. 

5.18 1.35 74.0% 9.19 0.000 

1 High 

 
Overall 5.10 1.18 72.9% 9.78 0.000 

 High 

Hint: M=Mean of answers, SD=Standard Deviation. RII=Relative Importance Index 

((Mean/7) *100%),  

T = statistics of one sample T-test about (4), and sig = significance of test. 

Table (5.4) shows the descriptive measurements of items of Interaction with 

Other System construct, whereas the table has four items, the item which comes first 

based on level of agreement is “My BI provides easy and seamless access to data 

from other applications and systems.” with (M = 5.18, SD = 1.35, RII = 74.0%). 

On the other hand, the item which comes last based on agreement level is “My BI 
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provides a unified view of business data and processes.” With (M = 5.0, SD = 

1.38, RII = 71.4%). 

The total degree of agreement on IS construct is high with (M = 5.10, SD = 

1.18, RII = 72.9%). Moreover, P-values = 0.000, which are smaller than the level of 

significance α = 0.05. According to one sample T-test around the mid value (4), re-

sults indicate that there is positive significant difference between mean of answers on 

each item and (4) value, it indicates that the mean of answers greater than 4, which 

means that the point of view of respondent about IS construct goes to agreement. 

To sum up, the descriptive statistics concerning the construct (IS ) indicate IS  

within Jawwal Co. are considered High in terms of level from the perspective of the 

study’s sample. Also, indicate that the level and quality of integration between BI 

and other systems is fair enough and provides a unified view of business data. 

5.2.1.5 Descriptive Analysis for the Construct: Risk Level – RL 

Table (5.5): The M, SD, RII, and one sample T-test of Risk Level construct. 

Items M SD RII T Sig. 
Ran

k 

Leve

l 

1 

My BI supports decisions associated 

with high level of risk (e.g., entering 

new market, hiring new manager) 

5.00 1.35 71.4% 7.74 0.000 

4 High 

2 

My BI supports decisions motivated 

by exploration and discovery of new 

opportunities (e.g., starting new 

business line, creating new product 

design)  

5.25 1.19 74.9% 
10.9

8 
0.000 

2 High 

3 

My BI helps me minimize uncer-

tainties in my decision-making pro-

cess 

5.20 1.31 74.3% 9.59 0.000 

3 High 

4 

My BI helps me manage risk by 

monitoring and regulating the op-

erations (e.g., monitoring key per-

formance indicators KPIs, creating 

dashboards) 

5.39 1.18 77.0% 
12.3

5 
0.000 

1 High 

 
Overall 5.21 1.10 74.4% 

11.5

5 
0.000 

 High 

 

Hint: M=Mean of answers, SD=Standard Deviation. RII=Relative Importance Index 

((Mean/7) *100%), T = statistics of one sample T-test about (4), and sig = signifi-

cance of test. 
 

Table (5.5) shows the descriptive measurements of items of RL construct, 

whereas the table has four items, the item which comes first based on level of 

agreement is “My BI helps me manage risk by monitoring and regulating the op-

erations with (M = 5.39, SD = 1.18, RII = 77.0%).On the other hand, the item 
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which comes last based on agreement level is “My BI supports decisions associat-

ed with high level of risk With (M = 5.0, SD = 1.35, RII = 71.4%). 

The total degree of agreement on RL construct is high with (M = 5.21, SD = 

1.10, RII = 74.4%). Moreover, P-values = 0.000, which are smaller than the level of 

significance α = 0.05.  According to one sample T-test around the mid value (4), re-

sults indicate that there is positive significant difference between mean of answers on 

each item and (4) value, it means that the mean of answers greater than 4, which in-

dicates that the point of view of respondent about RL construct goes to agreement. 

To sum up, the descriptive statistics concerning the construct (RL) indicate  RL  

within Jawwal Co. are considered High in terms of level from the perspective of the 

study’s sample. Also, BI within Jawwal Co. can support decisions under conditions 

of uncertainty when not all the facts are known. 

5.2.1.6  Descriptive Analysis for the Construct Flexibility. 

     Table (5.6): The M, SD, RII, and one sample T-test of Flexibility construct 

Items M SD RII T Sig. Rank 

1 

My BI is compatible with other tools that I use 

(e.g., Microsoft office, portal technology or 

Databases). 

5.05 1.46 72.1% 7.50 0.000 

 

5 

2 
My BI can accommodate changes in business 

requirements quickly. 
5.17 1.20 73.9% 

10.2

3 
0.000 

4 

3 
My BI makes it easier to deal with exceptional 

situations 
5.01 1.49 71.6% 7.12 0.000 

6 

4 
My BI is highly scalable with regards to 

transactions. 
5.23 1.42 74.7% 9.07 0.000 

2 

5 My BI is highly scalable with regards to data. 5.31 1.28 75.8% 
10.7

0 
0.000 

1 

6 My BI is highly scalable with regards to users. 5.22 1.32 74.5% 9.71 0.000 
3 

7 
My BI is highly scalable with regards to 

infrastructure. 
5.23 1.26 74.7% 

10.2

1 
0.000 

2 

8 

The manner in which the components of my BI 

are organized and integrated allows for rapid 

changes. 

5.23 1.28 74.7% 
10.0

9 
0.000 

2 

 
Overall 5.18 1.13 74.0% 

10.9

0 
0.000 

 

 

     Hint: M=Mean of answers, SD=Standard Deviation. RII=Relative Importance 

Index ((Mean/7) *100%), 

     T = statistics of one sample T-test about (4), and sig = significance of test. 

 

Table (5.6) shows the descriptive measurements of items of Flexibility con-

struct, whereas the table has eight items, the item which comes first based on level of 

agreement is “My BI is highly scalable with regards to data” with (M = 5.31, SD 

= 1.28, RII = 75.8%).On the other hand, the item which comes last based on agree-
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ment level is “My BI makes it easier to deal with exceptional situations” With (M 

= 5.01, SD = 1.49, RII = 71.6%). 

 

The total degree of agreement on Flexibility construct is high with (M = 5.18, 

SD = 1.13, RII = 74.0%). Moreover, P-values = 0.000, which are smaller than the 

level of significance α = 0.05.   According to one sample T-test around the mid value 

(4), results indicate that there is positive significant difference between mean of an-

swers on each item and (4) value, it indicates that the mean of answers greater than 4 

which means that the point of view of respondent about Flexibility construct goes to 

agreement. 

To sum up, the descriptive statistics concerning the construct (Flexibility) indi-

cate  Flexibility within Jawwal Co. are considered High in terms of level from the 

perspective of the study’s sample. Also, BI within Jawwal Co. has the capability to 

provide decision support when variations exist in technology, business processes or 

the business environment in general. 

 

5.2.1.7 Descriptive Analysis for the Construct Analytical Capabilities – AC 

Table (5.7): The M, SD, RII, and one sample T-test of  Analytical Capabilities 

construct 

Items M SD RII T Sig. Rank 

1 Paper reports 4.75 1.75 67.9% 4.52 0.000 6 

2 Interactive reports (Ad-hoc) 5.08 1.47 72.6% 7.71 0.000 4 

3 Online analytical processing(OLAP) 5.05 1.35 72.2% 8.17 0.000 5 

4 
Analytical Application, including Trend 

Analysis, “what-if” scenarios 
5.24 1.20 74.8% 

10.8

4 
0.000 

1 

5 Data Mining 5.17 1.32 73.9% 9.32 0.000 2 

6 
Dashboards, including metrics, key perfor-

mance 
5.14 1.35 73.4% 8.82 0.000 

3 

 Overall 5.07 1.21 72.5% 9.32 0.000  

 

Hint: M=Mean of answers, SD=Standard Deviation. RII=Relative Importance Index 

((Mean/7) *100%), 

      T = statistics  of one sample T-test about (4), and sig = significance of test. 

 

Table (5.7) shows the descriptive measurements of items of AC construct, 

whereas the table has six items, the item which comes first based on level of agree-

ment is “Analytical Application, including Trend Analysis, “what-if” scenarios” 
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with (M = 5.24, SD = 1.20, RII = 74.8%). On the other hand the item which comes 

last based on agreement level is “Paper reports” With (M = 4.75, SD = 1.75, RII = 

67.9%). 

The total degree of agreement on AC construct is high with (M = 5.07, SD = 

1.21, RII = 72.5%). Moreover, P-values = 0.000, which are smaller than the level of 

significance α = 0.05.   According to one sample T-test around the mid value (4), re-

sults indicate that there is positive significant difference between mean of answers on 

each item and (4) value, it means that the mean of answers greater than 4, which in-

dicates that the point of view of respondent about Analytical Capabilities construct 

goes to agreement. 

To sum up, the descriptive statistics concerning the construct (AC) indicate  

AC within Jawwal Co. are considered high in terms of level from the perspective of 

the study’s sample. Also, it indicates that there is a high insight in future perspectives 

changes and how accurately uncertain future events can be predicted. 

 

5.2.2 Descriptive Statistics of Knowledge Management-KM. 

Table (5.8) shows the descriptive measurements of main constructs of KM, 

whereas the rank of sub constructs is respectively Disseminating Knowledge (M = 

5.33, RII = 76.2%), Storing Knowledge (M = 5.30, RII = 75.6%), Applying 

Knowledge (M = 5.24, RII = 74.9%), Creating Knowledge (M = 5.22, RII = 74.6%). 

In general, the level of agreement on KM constructs is high with (M = 5.28, RII = 

75.4%). Also, the results of one sample T-test around (4) indicate that there is posi-

tive significant difference between mean of answers on each construct and (4) value, 

it means that the mean of answers greater than 4, which indicates that the point of 

view of respondent about KM goes to agreement. Figure 5.2 present the RII for each 

construct. 

Table (5.8): M, SD, RII and one sample T-test for constructs of Knowledge 

Management 
Knowledge Management M SD RII T Sig. Rank Level 

1 Creating Knowledge 5.22 1.44 74.6% 8.92 0.000 4 High 

2 Storing Knowledge 5.30 1.25 75.6% 10.83 0.000 2 High 

3 Disseminating Knowledge 5.33 1.26 76.2% 11.08 0.000 1 High 

4 Applying Knowledge 5.24 1.23 74.9% 10.61 0.000 3 High 

 Overall 5.28 1.20 75.4% 11.15 0.000  High 
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Hint: M=Mean of answers, SD=Standard Deviation. RII=Relative Importance Index 

((Mean/7) *100%),T = statistics of one sample T-test about (4), and sig = significance 

of test. 

 

 

Figure (5.2): RII of Knowledge Management constructs. 

Relative important index is calculated for each construct to identify the most signifi-

cant one. Figure 5.2 shows the ranking of  KM  constructs according to their im-

portance and it indicates that Disseminating Knowledge is the most important con-

struct as it gained the highest RII value (76.20%) while Creating Knowledge is the 

lowest (74,60%). 

 

5.2.2.1 Descriptive Statistics of Creating Knowledge – CK 

Table (5.9): The M, SD, RII, and one sample T-test of Creating Knowledge Con-

struct 

Items M SD RII T Sig. Rank Level 

1 

My organization has mechanisms 

for creating and acquiring 

knowledge from different sources 

such as employee, customers, 

business partners and competitors. 

5.15 1.67 73.5% 7.20 0.000 
3 

 

High 

2 

My organization encourages and 

has processes for the exchange of 

ideas and knowledge between 

individuals and groups. 

5.35 1.40 76.4% 10.05 0.000 
1 High 

3 
My organization rewards employ-

ees for new ideas and knowledge 5.17 1.56 73.9% 7.88 0.000 2 High 

 Overall 5.22 1.44 74.6% 8.92 0.000  High 

. 
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Hint: M=Mean of answers, SD=Standard Deviation. RII=Relative Importance Index 

((Mean/7) *100%), T = statistics of one sample T-test about (4), and sig = signifi-

cance of test. 

Table (5.9) shows the descriptive measurements of items of CK construct, 

whereas the table has three items, the item which comes first based on level of 

agreement is “My organization encourages and has processes for the exchange of 

ideas and knowledge between individuals and groups.” with (M =5.35, SD = 

1.40, RII =76.4%).On the other hand, the item which comes last based on agreement 

level is “My organization has mechanisms for creating and acquiring knowledge 

from different sources such as employee, customers, business partners and 

competitors.”  with (M =5.15, SD =1.67, RII =73.5%). Moreover, P-values = 0.000, 

which are smaller than the level of significance α = 0.05. 

The total degree of agreement on CK construct is high with (M = 5.22, SD 

=1.44, RII =74.6%). According to one sample T-test around the mid value (4), results 

indicate that there is positive significant difference between mean of answers on each 

item and (4) value, it indicates that the mean of answers greater than 4, which means 

that the point of view of respondent about CK construct goes to agreement. 

To sum up, the descriptive statistics concerning the construct (CK) indicate CK 

within Jawwal Co. are considered high in terms of level from the perspective of the 

study’s sample. Also, it indicates that employees within Jawwal Co. develop new 

ways of doing things, as the result of an exchange process of ideas and resources 

among various organizational units, as well as greater use of information and more 

exploration of  potential solutions. 

5.2.2.2 Descriptive Statistics of Storing Knowledge – SK 

Table (5.10): The M, SD, RII, and one sample T-test of Storing Knowledge Con-

struct 

Items M SD RII T Sig. Rank Level 

1 

My organization utilizes databases, 

repositories and information tech-

nology applications to store 

knowledge for easy access by all 

employees. 

5.16 1.48 73.8% 8.24 0.000 4 High 

2 

My organization utilizes various 

written devices such as newsletter, 

manuals to store the knowledge 

they capture from employees. 

5.25 1.41 75.1% 9.33 0.000 3 High 

3 

My organization has different pub-

lications to display the captured 

knowledge. 

5.33 1.42 76.1% 9.79 0.000 2 High 
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4 

My organization has mechanisms 

to patent and copyright new 

knowledge. 

5.44 1.30 77.7% 11.56 0.000 1 High 

 Overall 5.30 1.25 75.6% 10.83 0.000  High 

 

Hint: M=Mean of answers, SD=Standard Deviation. RII=Relative Importance Index 

((Mean/7) *100%), T = statistics of one sample T-test about (4), and sig = signifi-

cance of test. 

 

Table 5.10 shows the descriptive measurements of items of SK construct, 

whereas the table has four items, the item which comes first based on level of 

agreement is “My organization has mechanisms to patent and copyright new 

knowledge.” with (M = 5.44, SD =1.30, RII = 77.7%). On the other hand, the item 

which comes last based on agreement level is “My organization utilizes databases, 

repositories and information technology applications to store knowledge for 

easy access by all employees.” with (M = 5.16, SD =1.48, RII = 73.8%). Moreover, 

P-values = 0.000, which are smaller than the level of significance α = 0.05. 

The total degree of agreement on SK construct is high with (M = 5.30, SD 

=1.25, RII = 75.6%). According to one sample T-test around the mid value (4), re-

sults indicate that there is positive significant difference between mean of answers on 

each item and (4) value, it indicates that the mean of answers greater than 4, which 

means that the point of view of respondent about SK construct goes to agreement. 

To sum up, the descriptive statistics concerning the construct (SK) indicate SK 

within Jawwal Co. are considered high in terms of level from the perspective of the 

study’s sample. Also, it indicates that Jawwal co. has a tendency to save knowledge 

physically, not just in the head of the employees, since it utilizes different database 

application to store the acquired knowledge and facilitate knowledge re-access. 

5.2.2.3 Descriptive Statistics of Disseminating Knowledge – DK 

Table (5.11): The M, SD, RII, and one sample T-test of Disseminating 

Knowledge Construct 

Items M SD RII T Sig. 
Rank Level 

1 

My organization has knowledge in the 

form that is readily accessible to em-

ployees who need it. (Intranets, internet, 

etc.) 

5.42 1.55 77.4% 9.62 0.000 
2 High 

2 

My organization sends out timely re-

ports with appropriate information to 

employees, customers and other rele-

vant organizations. 

5.47 1.33 78.2% 11.60 0.000 
1 High 
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3 

My organization has libraries, resource 

center and other forums to display and 

disseminate knowledge. 

5.16 1.40 73.8% 8.73 0.000 4 High 

4 

My organization has regular symposi-

ums, lectures, conferences, and training 

sessions to share knowledge 

5.28 1.40 75.5% 9.59 0.000 3 High 

 
Overall 5.33 1.26 76.2% 11.08 0.000 

 

High 

 

Hint: M=Mean of answers, SD=Standard Deviation. RII=Relative Importance Index 

((Mean/7) *100%), T = statistics of one sample T-test about (4), and sig = signifi-

cance of test. 

Table 5.11 shows the descriptive measurements of items of DK construct, 

whereas the table has four items, the item which comes first based on level of 

agreement is “My organization sends out timely reports with appropriate infor-

mation to employees, customers and other relevant organizations.” with (M 

=5.47, SD =1.33, RII =78.2%).On the other hand, the item which comes last based 

on agreement level is “My organization has libraries, resource center and other 

forums to display and disseminate knowledge.” With (M =5.16, SD =1.40, RII 

=73.8%). Moreover, P-values = 0.000, which are smaller than the level of signifi-

cance α = 0.05. 

The total degree of agreement on DK construct is high with (M =5.33, SD 

=1.26, RII =76.2%). According to one sample T-test around the mid value (4), results 

indicate that there is positive significant difference between mean of answers on each 

item and (4) value, it indicates that the mean of answers greater than 4, which means 

that the point of view of respondent about DK construct goes to agreement. 

To sum up, the descriptive statistics concerning the construct (DK) indicate DK 

within Jawwal Co. are considered high in terms of level from the perspective of the 

study’s sample. Also, it indicates that Jawwal co. allows the transfer of knowledge 

between the employees at the right time. Which in turn, should enhance innovation 

performance and  reduce redundant learning efforts. 

5.2.2.4 Descriptive Statistics of Applying Knowledge – AK 

Table (5.12): The Mean, SD, RII, and one sample T-test of Applying Knowledge 

Construct 

Items M SD RII T Sig. Rank Level 

1 

My organization has different methods for 

employees to further develop their 

knowledge and apply them to new situations. 

5.00 1.53 71.4% 6.87 0.000 5 High 
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2 

My organization has mechanisms to protect 

knowledge from inappropriate or illegal use 

inside and outside of the organization. 

5.25 1.30 75.1% 10.16 0.000 3 High 

3 

My organization applies knowledge to criti-

cal competitive needs and quickly links 

sources of knowledge in problem solving. 

5.32 1.33 76.0% 10.42 0.000 2 High 

4 

My organization has methods to analyze and 

critically evaluate knowledge to generate 

new patterns and knowledge for future use. 

5.39 1.30 77.0% 11.22 0.000 1 High 

 
Overall 5.24 1.23 74.9% 10.61 0.000 

 High 

Hint: M=Mean of answers, SD=Standard Deviation. RII=Relative Importance Index 

((Mean/7) *100%), T = statistics of one sample T-test about (4), and sig = signifi-

cance of test. 

 

Table(5.12) shows the descriptive measurements of items of AK construct, 

whereas the table has four items, the item which comes first based on level of agree-

ment is “My organization has methods to analyze and critical evaluate knowledge to 

generate new patterns and knowledge for future use.” with (M =5.39, SD =1.30, RII 

=77.0%). On the other hand, the item which comes last based on agreement level is 

“My organization has different methods for employees to further develop their 

knowledge and apply them to new situations.” with (M =5.0, SD =1.53, RII =71.4%). 

Moreover, P-values = 0.000, which are smaller than the level of significance α = 

0.05. 

The total degree of agreement on AK construct is high with (M =5.24, SD 

=1.23, RII =74.9%). According to one sample T-test around the mid value (4), results 

indicate that there is positive significant difference between mean of answers on each 

item and (4) value, it indicates that the mean of answers greater than 4, which means 

that the point of view of respondent about AK construct goes to agreement. 

To sum up, the descriptive statistics concerning the construct (AK) indicate AK 

within Jawwal Co. are considered high in terms of level from the perspective of the 

study’s sample. Also, it indicates that Jawwal co. is  being able to turn knowledge 

into action, as it successfully use this declarative knowledge in various situations for 

developing organization's competencies  and locating the source of competitive ad-

vantage . 

5.2.3 Descriptive Statistics of Organizational Performance-OP 

Table (5.13) shows the descriptive measurements of main constructs of OP, 

whereas the rank of sub constructs was respectively Process Innovation (M = 5.64, 
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RII = 80.5%), Employee Satisfaction (M = 5.51, RII = 78.7%), Organizational In-

novation (M = 5.40, RII = 77.2%). In general, the level of agreement on OP con-

structs is high with (M = 5.50, RII = 78.6%). Also, the results of one sample T-test 

around (4) indicate that there is positive significant difference between mean of an-

swers on each construct and (4) value, it indicates that the mean of answers greater 

than 4, which means that the point of view of respondent about OP goes to agree-

ment. Figure 5.13 present the RII for each construct. 

Table (5.13): The M, SD, RII and one sample T-test for constructs of Organiza-

tional Performance. 

Organizational Performance M SD RII T Sig. Rank Level 

1 Employee Satisfaction 5.51 1.21 78.7% 13.09 0.000 2 High 

2 Organizational Innovation 5.40 1.03 77.2% 14.34 0.000 3 High 

3 Process Innovation 5.64 1.03 80.5% 16.74 0.000 1 High 

 Overall 5.50 0.97 78.6% 16.20 0.000  High 

Hint: M=Mean of answers, SD=Standard Deviation. RII=Relative Importance Index 

((Mean/7) *100%), T = statistics of one sample T-test about (4), and sig = signifi-

cance of test. 

 

 

Figure (5.3): RII of Organizational Performance constructs. 

Relative important index is calculated for each construct to identify the most signifi-

cant one. Figure 5.3 shows the ranking of  OP  constructs according to their im-

portance and it indicates that Process Innovation is the most important construct as 

it gained the highest RII value (80.50%) while Organizational Innovation is the low-

est (77.20%). 

 

 

 

5.2.3.1 Employee Satisfaction – ES 

Table (5.14): The M, SD, RII, and one sample T-test of Employee Satisfaction 

Construct 
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Items M SD RII T Sig. Rank Level 

1 I am satisfied with my job. 5.38 1.39 76.9% 10.44 0.000 4 High 

2 
I intend to keep working at the long 

term into the future. 
5.63 1.31 80.4% 13.08 0.000 

1 High 

3 I often think about quitting my job. 5.45 1.35 77.9% 11.28 0.000 3 High 

4 
The organization improving my will-

ingness to learn.  
5.56 1.34 79.5% 12.26 0.000 

2 High 

 
Overall 5.51 1.21 78.7% 13.10 0.000   High 

 

Hint: M=Mean of answers, SD=Standard Deviation. RII=Relative Importance Index 

((Mean/7) *100%), T = statistics of one sample T-test about (4), and sig = signifi-

cance of test. 

 

Table (5.14) shows the descriptive measurements of items of ES construct, 

whereas the table has four items, the item which comes first based on level of agree-

ment is “I intend to keep working at the long into the future” with (M =5.63, SD 

=1.31, RII =80.4%). On the other hand, the items “I am satisfied with my job” and 

“I often think about quitting my job” are relatively close to each other, since their 

mean values are 5.38 and 5.45 respectively. This result gives an indication that some 

of the respondents may did not pay enough attention in choosing the accurate re-

sponses or did not understand the different meaning between the two notions; This is 

a particularly salient issue as employee satisfaction should be negatively associated 

with employees’ intention to quit their job. 

 

Overall, the total degree of agreement on ES construct is high with (M=5.51, 

SD=1.21, RII =78.7%). According to one sample T-test around the mid value (4), 

results indicate that there is positive significant difference between mean of answers 

on each item and (4) value, it indicates that the mean of answers greater than 4, 

which means that the point of view of respondent about ES construct goes to agree-

ment. 

To sum up, the descriptive statistics concerning the construct (ES) indicate ES 

within Jawwal Co. are considered high in terms of level from the perspective of the 

study’s sample. Also, it indicates that employees within  Jawwal co. are satisfied  

with intention to keep working at it.  

5.2.3.2 Organizational Innovation – OI 

Table (5.15): The M, SD, RII, and one sample T-test of Organizational Innova-

tion Construct 
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Items M SD RII T Sig. Rank Level 

1 
Use of databases of best practices, les-

sons and other knowledge. 
5.27 1.33 75.3% 10.06 0.000 7 High 

2 

Implementation of practices for em-

ployee development and better worker 

retention. 

5.37 1.28 76.8% 11.21 0.000 6 High 

3 Use of quality management systems 5.42 1.27 77.4% 11.75 0.000 4 High 

4 Decentralization in decision-making 5.16 1.37 73.8% 8.90 0.000 8 High 

5 Use of inter-functional working groups 5.48 1.26 78.3% 12.32 0.000 3 High 

6 Flexible job responsibilities 5.39 1.11 77.0% 13.15 0.000 5 High 

7 Collaboration with customers 5.49 1.28 78.4% 12.19 0.000 2 High 

8 Outsourcing of business activities 5.63 1.24 80.4% 13.76 0.000 1 High 

 
Overall 5.40 1.03 77.2% 14.34 0.000  High 

 

Hint: M=Mean of answers, SD=Standard Deviation. RII=Relative Importance Index 

((Mean/7) *100%), T = statistics of one sample T-test about (4), and sig = signifi-

cance of test. 

Table (5.15) shows the descriptive measurements of items of OI construct, 

whereas the table has eight items, the item which comes first based on level of 

agreement is “Outsourcing of business activities” with (M =5.63, SD =1.24, RII 

=80.4%). On the other hand, the item which comes last based on agreement level is 

“Decentralization in decision-making” with (M =5.16, SD =1.37, RII =73.8%). 

Moreover, P-values = 0.000, which are smaller than the level of significance α = 

0.05. 

The total degree of agreement on OI construct is high with (M =5.40, SD=1.03, 

RII =77.2%). According to one sample T-test around the mid value (4), results indi-

cate that there is positive significant difference between mean of answers on each 

item and (4) value, it indicates that the mean of answers greater than 4, which means 

that the point of view of respondent about OI construct goes to agreement. 

To sum up, the descriptive statistics concerning the construct (OI) indicate OI 

within Jawwal Co. are considered high in terms of level from the perspective of the 

study’s sample. Also, it indicates that Jawwal co. supports the implementation of new 

techniques for organizing work procedures and apply new methods for distributing 

responsibilities and decision making among employees. 
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5.2.3.3 Process Innovation – PI 

Table (5.16): The M, SD, RII, and one sample T-test of Process Innovation Con-

struct 

Items M SD RII T Sig. Rank Level 

1 

My firm is able to create and manage 

a portfolio of interrelated technolo-

gies  

5.51 1.22 78.7% 13.00 0.000 6 High 

2 

My firm is able to master and absorb 

the basic and key technologies of 

business 

5.67 1.16 81.0% 15.15 0.000 3 High 

3 
My firm continually develops pro-

grams to reduce production costs  
5.68 1.17 81.2% 15.04 0.000 2 High 

4 

My firm has valuable knowledge for 

innovating manufacturing and tech-

nological processes 

5.64 1.14 80.5% 15.07 0.000 4 High 

5 

My firm has valuable knowledge on 

the best processes and systems for 

work organization 

5.59 1.13 79.9% 14.80 0.000 5 High 

6 
My firm is able to offer environmen-

tally friendly processes  
5.73 1.22 81.8% 14.87 0.000 1 High 

 
Overall 5.64 1.03 80.5% 16.74 0.000  High 

Hint: M=Mean of answers, SD=Standard Deviation. RII=Relative Importance Index 

((Mean/7) *100%), T = statistics of one sample T-test about (4), and sig = signifi-

cance of test. 

Table (5.16) shows the descriptive measurements of items of PI construct, 

whereas the table has six items, the item which comes first based on level of agree-

ment is “My firm is able to offer environmentally friendly processes” with 

(M=5.73,SD= 1.22, RII =81.8%). On the other hand, the item which comes last 

based on agreement level is “My firm is able to create and manage a portfolio of 

interrelated technologies” With (M = 5.51, SD = 1.22, RII = 78.7%). Moreover, P-

values = 0.000, which are smaller than the level of significance α = 0.05. 

The total degree of agreement on PI construct is high with (M =5.64, SD 

=1.03, RII = 80.5%). According to one sample T-test around the mid value (4), re-

sults indicate that there is positive significant difference between mean of answers on 

each item and (4) value, it indicates that the mean of answers greater than 4, which 

means that the point of view of respondent about PI construct goes to agreement. 

To sum up, the descriptive statistics concerning the construct (PI) indicate PI 

within Jawwal Co. are considered high in terms of level from the perspective of the 

study’s sample. Also, it indicates that Jawwal Co. provides a better service processes 

and outcomes  through the continuous improvement of their programs. 
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1. The differences in Business Intelligence, Knowledge Management and Organiza-

tional Performance according to demographic factors. 

To test the differences in BI, KM and OP according to demographic factors 

“Age, Gender, Place of work, Education level, Administrative level and Years of 

service”. This study used independent samples T-test to test the null hypothesis (Ho: 

there is no significance differences) verses alternative hypothesis (H1: there is signif-

icance differences) for factors that have two categories like Gender, and analysis of 

variance test for factors that have more than two categories like age of respondent. 

 

5.3.1 Differences in BI according to demographic factors. 

Table (5.17) shows the results of test the differences in BI according to demo-

graphic factors, where the results indicate that the level of significance for all of fac-

tors is greater than the standard level 0.05 except age and years of service. their level 

of significance is (0.039) (0.011) respectively. Thus, the findings show that there are 

no significant differences in BI according to demographic factors at level 0.05, ex-

cept age and years of service. In other word, it is concluded that BI does significantly 

vary according to Age and Years of services. 

 

 

Table (5.17): Results of test the differences in BI according to demographic fac-

tors. 
Demographic fac-

tors 
Mean SD RII 

Test - sta-

tistics 
Sig. Comment 

Age 

Less than 30 years 5.30 1.22 75.7% 

F = 3.35 0.039 
There is significant 

difference. 

From 30 to less than 

40 years. 

4.87 0.86 69.6% 

40 or more. 5.50 0.87 78.6% 

Gender 

Male 4.97 0.85 71.0% 
T = -1.12 0.267 

There is no significant 

difference. Female 5.22 1.22 74.6% 

Place of work 

South of Gaza 5.22 0.67 74.5% 

F = 0.49 0.687 
There is no significant 

difference. 

Middle of Gaza 5.36 1.09 76.5% 

Gaza 5.08 1.04 72.6% 

North of Gaza 5.48 1.23 78.3% 

Education Level 

Postgraduate 5.13 0.79 73.3% 
F = 0.16 0.846 

There is no significant 

difference. 
Bachelor 5.11 1.04 72.9% 
Diploma 5.31 1.31 75.8% 

Administrative level 

Senior and middle 5.52 1.15 78.8% 
T = 0.58 0.563 

There is no significant 

difference. Operational 5.24 0.84 74.8% 
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Demographic fac-

tors 
Mean SD RII 

Test - sta-

tistics 
Sig. Comment 

Years of Service 

Less than 5 Years. 5.34 1.15 76.4% 

F = 3.72 0.011 
There is significant 

difference. 

From 5 to less than 

10 years. 
4.78 1.25 68.2% 

From 10 to less than 

15 years. 
4.90 0.66 70.0% 

From 15 years or 

more. 
5.76 0.79 82.3% 

            

5.3.2.  Differences in KM according to demographic factors. 

Table (5.18) shows the results of test the differences in KM according to de-

mographic factors, where the results indicate that the level of significance is greater 

than the standard level 0.05 for all factors. Thus, the findings show that there are no 

significant differences in KM according to demographic factors at level 0.05. In oth-

er word, it is concluded that KM does not significantly vary according to demograph-

ic factors. 
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Table (5.18): Results of test the differences in KM according to demographic 

factors. 

Demographic factors Mean SD RII 
Test - sta-

tistics 
Sig. Comment 

Age 

Less than 30 years 5.46 1.39 78.0% 

F = 1.40 0.250 
There is no significant 

difference. 

From 30 to less than 40 

years. 

5.13 1.03 73.3% 

40 or more. 5.60 1.06 80.0% 

Gender 

Male 5.25 1.01 75.0% 
T = -0.07 0.943 

There is no significant 

difference. Female 5.27 1.42 75.3% 

Place of work 

South of Gaza 5.44 0.83 77.7% 

F = 0.17 0.914 
There is no significant 

difference. 

Middle of Gaza 5.36 1.19 76.6% 

Gaza 5.26 1.25 75.1% 

North of Gaza 5.55 1.29 79.3% 

Education Level 

Postgraduate 4.99 1.17 71.3% 

F = 0.91 0.406 
There is no  significant 

difference. 
Bachelor 5.34 1.15 76.3% 

Diploma 5.63 1.46 80.4% 

Administrative level 

Senior and middle 5.37 0.89 76.7% 
T = 0.11 0.914 

There is no significant 

difference. Operational 5.34 1.19 76.3% 

Years of Service 

Less than 5 Years. 5.59 1.33 79.9% 

F = 2.54 0.061 
There is no significant 

difference. 

From 5 to less than 10 

years. 

5.19 1.17 74.1% 

From 10 to less than 15 

years. 

5.00 1.02 71.4% 

From 15 years or more. 5.83 0.94 83.3% 
 

5.3.3 Differences in OP according to demographic factors. 

Table (5.19) shows the results of test the differences in OP according to demo-

graphic factors, where the results indicate that the level of significance is greater than 

the standard level 0.05 for all factors. Thus, the findings show that there are no sig-

nificant differences in OP according to demographic factors at level 0.05. In other 

word, it is concluded that OP does not significantly vary according to demographic 

factors. 
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Table (5.19): Results of test the differences in OP according to demographic fac-

tors. 

Demographic factors Mean SD RII 
Test - statis-

tics 
Sig. Comment 

Age 

Less than 30 years 5.68 1.01 81.1% 

F = 1.66 0.195 
There is no significant 

difference. 

From 30 to less than 40 

years. 

5.39 0.91 77.0% 

40 or more. 5.77 0.80 82.4% 

Gender 

Male 5.47 0.85 78.1% 
T = -0.54 0.594 

There is no significant 

difference. Female 5.57 1.06 79.6% 

Place of work 

South of Gaza 5.76 0.79 82.3% 

F = 0.75 0.523 
There is no significant 

difference. 

Middle of Gaza 5.73 0.81 81.9% 

Gaza 5.45 0.97 77.9% 

North of Gaza 5.77 1.21 82.4% 

Education Level 

Postgraduate 5.48 0.89 78.3% 

F = 0.61 0.545 
There is no significant 

difference. 
Bachelor 5.52 0.90 78.9% 

Diploma 5.86 1.30 83.7% 

Administrative level 

Senior and middle 5.72 0.77 81.7% 

T = 0.93 0.355 
There is no significant 

difference. Operational 5.54 0.88 79.1% 

Years of Service 

Less than 5 Years. 5.73 1.02 81.9% 

F = 2.19 0.094 
There is no significant 

difference. 

From 5 to less than 10 

years. 

5.36 0.96 76.6% 

From 10 to less than 15 

years. 

5.38 0.83 76.9% 

From 15 years or more. 6.00 0.80 85.7% 

 

2.  Relationships between Variables of the study (BI, KM and OP). 

Pearson correlation coefficients used to describe relationships among variables. 

It is a technique to measure the strength of the association that exist between two 

quantitative variables(Aref & Redzuan, 2009) . Value of Pearson correlation coeffi-

cient should not be below 0.5 for the minimum allowed stability. The following ta-

bles show the results of Pearson correlation coefficients between each main variable 

of the study and its sub construct. 

5.4.1 Pearson correlation coefficients between BI and its constructs 

Table (5.20) shows the correlation coefficients between BI and all of its sub 

construct. The higher correlation is interaction with other system (R=0.943, Sig. 
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=0.000), while the lowest correlation is Data Quality (R =0.746, Sig. = 0.000). 

Moreover, The p-values (Sig.) are less than 0.05, so the correlation coefficients of 

this field are significant at α ≤ 0.05, thus, it can be said that the items of this field are 

consistent and valid to be measure what it was set for. Figure 5.4 shows correlation 

coefficient between BI and all of its constructs. 

Table (5.20): Pearson correlation coefficients between BI and its constructs. 
    DQ UA IS RL Flex AC 

DQ 
Correlation            

Sig.             

UA 
Correlation 0.641

**
          

Sig. 0.000           

IS 
Correlation 0.674

**
 0.768

**
        

Sig. 0.000 0.000         

RL 
Correlation 0.571

**
 0.729

**
 0.775

**
      

Sig. 0.000 0.000 0.000       

Flex 
Correlation 0.640

**
 0.777

**
 0.858

**
 0.823

**
    

Sig. 0.000 0.000 0.000 0.000     

AC 
Correlation 0.546

**
 0.596

**
 0.736

**
 0.785

**
 0.779

**
  

Sig. 0.000 0.000 0.000 0.000 0.000   

BI 
Correlation 0.746

**
 0.837

**
 0.906

**
 0.888

**
 0.943

**
 0.858

**
 

Sig. 0.000 0.000 0.000 0.000 0.000 0.000 

  **. Correlation is significant at the 0.01 level (2-tailed), *. Correlation is signif-

icant at the 0.05 level (2-tailed). 

 

Figure (5.4): Relationship between BI and its constructs, where the value on line 

represents correlation coefficient and the value in the circle represents the square of 

correlation coefficient. 
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5.4.2 Pearson correlation coefficients between KM and its constructs 

Table (5.21) shows the correlation coefficients between KM and all of its sub 

constructs. The higher correlation is Applying Knowledge (R=0.939, Sig.=0.000), 

while the lowest correlation is Creating Knowledge (R =0.922, Sig.= 0.000). More-

over, The p-values (Sig.) are less than 0.05, so the correlation coefficients of this 

field are significant at α ≤ 0.05, thus, it can be said that the items of this field are 

consistent and valid to be measure what it was set for. Figure 5.5 shows correlation 

coefficient between KM and all of its constructs.  

Table (5.21): Pearson correlation coefficients between KM and its constructs. 
    CK SK DK AK 

SK 
Correlation 0.814**    

Sig. 0.000    

DK 
Correlation 0.807** 0.844**   

Sig. 0.000 0.000   

AK 
Correlation 0.842** 0.825** 0.839**  

Sig. 0.000 0.000 0.000  

Knowledge 

Management 

Correlation 0.922** 0.935** 0.937** 0.939** 

Sig. 0.000 0.000 0.000 0.000 

**. Correlation is significant at the 0.01 level (2-tailed). 

 

 

Figure (5.5): Relationship between KM and its constructs, where the value on 

line represents correlation coefficient and the value in the circle represents the square 

of correlation coefficient. 
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5.4.2 Pearson correlation coefficients between OP and its constructs 

Table (5.22)  shows the correlation coefficients between OP and all of its sub 

constructs. The higher correlation is Organizational Innovation (R=0.962, 

Sig.=0.000), while the lowest correlation is Employee Satisfaction (R =0.846, 

Sig.=0.000). Moreover, The p-values (Sig.) are less than 0.05, so the correlation co-

efficients of this field are significant at α ≤ 0.05, thus, it can be said that the items of 

this field are consistent and valid to be measure what it was set for. Figure 5.6 shows 

correlation coefficient between OP and all of its constructs. 

Table (5.22): Pearson correlation coefficients between OP and its constructs. 
    ES OI PI 

OI 
Correlation 0.756**   

Sig. 0.000   

PI 
Correlation 0.616** 0.815**  

Sig. 0.000 0.000  

Organizational 

Performance 

Correlation 0.846** 0.962** 0.902** 

Sig. 0.000 0.000 0.000 

      **. Correlation is significant at the 0.01 level (2-tailed). 

 

 

Figure (5.6): Relationship between OP and its constructs, where the value on line 

represents Correlation coefficient and the value in the circle represents the square of 

correlation coefficient. 

Based on the results of the above three tests, the researcher can now utilized re-

gression analyses to test the research hypotheses. 

3.  The mediating role of KM in relationship between BI and OP. 
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To estimate and evaluate the proposed model (see Figure 5.6), an application of 

SEM is used. SEM is a statistical methodology, which allows the examination of a 

set of relations among unobserved(latent) and observed variables (Augusto, Lisboa, 

& Yasin, 2014b). Also, increases the model ability to detect relations among varia-

bles (Yasin, Augusto, Alavi, & Lisboa, 2009). 

Partial least squares (PLS), specialized form of SEM, can provide much value 

for causal inquiry in communication related and behavioural research fields(Lowry 

& Gaskin, 2014). PLS-SEM has lately gained wide attention in many disciplines like 

marketing, strategic management , management information systems, and other are-

as. The ability of PLS-SEM to handle problematic modelling issues that usually hap-

pen in the social sciences such as unusual data characteristics (e.g. non-normal data) 

and highly complex models is the substantial reason behind increasing the usage of 

this approach(Yusr, Yusr, et al., 2017). 

Given the advantage of this approach, this study used PLS-SEM to thoroughly 

test the proposed hypotheses. Smart-PLS software was carried out to evaluate both 

the outer and inner models respectively. Testing the outer model allowed for ensur-

ing the goodness of the measurement in terms of reliability and validity, as previous-

ly discussed in section 5.5.2.3 and table 5.4. while , the introduced hypotheses were 

examined through the inner model. 

There are many steps that need to be taken to assess the hypothesized relation-

ships within the inner model. In order to evaluate these relationships, two basic indi-

ces are used: the coefficient of determination (R
2
), and the standardized coefficient 

path (β) 

1. The Coefficient of Determination (R
2
). 

R
2
 is a measure of the model’s predictive accuracy(Hair Jr et al., 2014). 

Therefore, the R² level of the main target constructs has to be high. Basically, 

classifying the R
2
 level depends on the kind of research discipline. However, 

researchers have to depend on a ‘rough’ rule of thumb regarding an acceptable R², 

i.e., 0.75, 0.50, and 0.25, respectively, describing substantial, moderate, or weak 

levels of predictive accuracy (Yusr, Yusr, et al., 2017). Moreover, Memon and 

Rahman (2014) state that for a good model, the R
2
 value of each endogenous latent 

variable in the model should be more than 0.26. 
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From figure (5.7) it can be noted that R
2 

of KM is (R
2
 = 0.603) it means that BI 

variable explain 60.3% of variance of KM. And R
2 

of OP is (R
2
= 0.683) it means that 

BI and KM variables explain 68.3% of variance of OP. Moreover in order to check 

the quality of structural model results show that the M of R
2 

is 0.643, the mean of CR 

is 0.942, M of AVE is 0.786 and M of Cronbach’s Alpha of model is 0.915; all of 

these criteria’s indicate that the quality of structural model is high, according to 

this, it can be  therefore confirmed that the model is adequate predictive power. 

In more details, the SEM model has been built with sub constructs of inde-

pendent variable (BI) to know the direct and indirect effect of each one on the de-

pendent variable (OP). 

From figure (5.8) ,it can be noted that R
2
 of KM is (R

2
 = 0.630), it means that 

sub constructs of BI variables explain 63% of variance of KM. And R
2 

of OP is (R
2
= 

0.708), it means that sub constructs of BI variables and KM variable explain 70.8% 

of variance of OP. To check the quality of structural model: M of  R
2 

are is 0.669, M 

of CR is 0.940, M of AVE is 0.789, and M of Cronbach’s Alpha of model is 0.912; 

all of these criteria indicate that the quality of structural model is so good. 

2. Path coefficients (β) 

This study will proceed to the final step of assessing the inner model which 

tested the hypothesized relationships by means of running PLS algorithm to identify 

the path coefficient to determine the significance level of the obtained coefficients. 

Moreover, β indicates the strength of the relationships between the dependent and 

independent variables (D'Arcy & Greene, 2014). β values are ranging from -1 to 

+1, with coefficient closer to +1 represents strong positive relationships and co-

efficient closer to -1 indicates strong negative relationships. Although values 

close to +1 or -1 are almost always statistically significant (F. Hair Jr, Sarstedt, 

Hopkins, & G. Kuppelwieser, 2014). 

Table (5.23) represents the results of SEM to measure the direct effect of BI 

and KM on OP, and indirect effect of BI on OP through KM as a mediate variable. 

Figure (5.7) also presents the model with effects between the variables. From table 

(5.23) and figure (5.7) below, it can be noted that BI variable has positive direct sig-

nificant effect on KM (B = 0.776, Sig. = 0.000),and KM variable has positive direct 

significant effect on OP (B = 0.723, Sig. = 0.000). However, BI variable has positive 
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direct insignificant effect on OP (B = 0.128, Sig. = 0.136), but BI variable has posi-

tive indirect significant effect on OP (B = 0.560, Sig. = 0.000). 

Table (5.23): General SEM for direct and indirect relationships between BI, 

KM and OP. 
Direction of relation-

ships 

Direct effect Indirect effect Total effect  

Result B Sig. B Sig. B Sig. 

 BI → KM 0.776 0.000   0.776 0.000 
positive direct 

significant effect 

BI → OP 0.128 0.136 0.562 0.000 0.690 0.000 
positive indirect 

significant effect 

KM → OP 0.723 0.000   0.723 0.000 
positive direct 

significant effect 

Quality Criteria of the model: (M of R
2
 = 0.643, M of AVE = 0.818, M of CR = 

0.949, and M of Cronbach’s Alpha = 0.926). 

 

 

Figure (5.7): General SEM for direct and indirect relationships between BI, KM 

and OP. The values on arrows between circles and rectangles represents loading of 

sub construct on main. The values on arrows between circles represents effects be-

tween variables. The values in circles represents coefficients of determination. 

 

Table (5.24) below shows the results of estimation. It can be noted that there is no 

significant direct effect of any independent variable on OP except Risk Level - RL 

has positive significant direct effect (B = 0.269, Sig. = 0.026). The variables which 

have significant indirect effect on OP through KM are Interaction with other Sys-

tems – IS (B = 0.245, Sig. = 0.028) and User Access – UA (B = 0.177, Sig. = 0.032). 
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The variables which have significant effect on KM are Interaction with other Sys-

tems – IS (B = 0.327, Sig. = 0.016) and User Access – UA (B = 0.237, Sig. = 

0.025). The mediate variable (KM) has positive significant effect on OP (B = 0.748, 

Sig. = 0.000).           

Table (5.24): Detailed SEM for direct and indirect relationships between BI, 

KM and OP. 

Direction of relationships 
Direct effect Indirect effect Total effect 

B Sig. B Sig. B Sig. 

AC -> KM 0.125 0.445   0.125 0.445 

AC -> OP 0.073 0.556 0.093 0.451 0.166 0.371 

DQ -> KM -0.043 0.597   -0.043 0.597 

DQ -> OP -0.036 0.598 -0.032 0.601 -0.068 0.470 

Flex -> KM. 0.230 0.143   0.230 0.143 

Flex -> OP -0.136 0.398 0.172 0.147 0.036 0.854 

IS -> KM 0.327 0.016   0.327 0.016 

IS -> OP -0.075 0.653 0.245 0.028 0.170 0.374 

KM -> OP 0.748 0.000   0.748 0.000 

RL -> KM -0.021 0.902   -0.021 0.902 

RL-> OP 0.269 0.026 -0.016 0.906 0.253 0.153 

UA -> KM 0.237 0.025   0.237 0.025 

UA -> OP 0.034 0.756 0.177 0.032 0.212 0.140 

Quality Criteria of the model:(M of R
2
 = 0.669, M of AVE = 0.789, M of CR = 

0.940, M of Cronbach’s Alpha = 0.912). 

 

Figure(5.8): Detailed SEM for direct and indirect relationships between BI, KM 

and OP. The values on arrows between circles represents effects between variables. 

The values in circles represents coefficients of determination. 
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5.1.  Testing Hypotheses  

5.1.1. First sub hypothesis: BI has effects on KM in Jawwal Co. in the Gaza Strip. 

According to results in table 5.24 above, it can be noted that BI has high signif-

icant effect on KM by (effect = 0.776, Sig. = 0.000), and this result supports the va-

lidity of first sub hypothesis. So, it can be concluded that “There is high positive 

significance effect of BI on KM”. 

Although there is a limited studies focusing on the effect of BI on KM, the 

finding is consistent with the results of studies conducted by (Barakat, Al-Zu’bi, & 

Al-Zegaier, 2013; Campbell, 2009; Drelichowski, Bobek, & Zabukovšek, 2012; 

Mola, Rossignoli, Carugati, & Giangreco, 2015; Okkonen et al., 2002; M. Sonesson 

& R. Storgren, 2016). According to Yu, Kim, and Kim (2004) they only examine the 

effect of flexibility -one of BI constructs- on KM ; they conclude that the level of 

flexibility within an organization will have a positive effect on KM. Since flexibility 

of an organization known as the ability to quickly reconfigure and produce its KM 

activities in response to environmental requirements and demands. While Barakat et 

al. (2013) indicate that BI tools useful in Knowledge Sharing “ one of KM process-

es”. It also became obvious that BI tools has a positive impact on achieving 

Knowledge Sharing among employees.  

In sum, this signifies that when BI is efficiently used, it generates wide masses 

of data, which need processing in BI. Also in order to convert data into information 

and intelligence an efficient KM could be used for attaching meaning to such infor-

mation and intelligence. At the same time, by processing data systematically, it can 

be spread and interpreted in the form of information and knowledge so that all levels 

of an organisation can access it with respect to their needs and protect them against 

competitive behaviour’s. Thus, the use of BI leverages the value of using KM and 

vice versa .  

5.1.2. Second sub hypothesis: KM has effects on OP in JAWWAL Co. in the Gaza 

Strip. 

According to results in table 5.24 above, it can be noted that KM has high sig-

nificant effect on OP (effect = 0.723, Sig. = 0.000), and this result supports the valid-
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ity of second sub hypothesis. So, it can be concluded that “There is high positive 

significance effect of KM on OP” 

To illustrate more, this study provides empirical evidence and confirms the re-

sults of past researchers “KM processes (knowledge creating, knowledge storing, 

knowledge sharing and knowledge application) are positively and significantly relat-

ed to OP”. For instance, the finding is consistent with the results of studies conduct-

ed by Shehata (2015) ,Gharakhani and Mousakhani (2012), Palacios Marqués and 

José Garrigós Simón (2006), Tseng and Lee (2014), Zack, McKeen, and Singh 

(2009),Mills and Smith (2011) and T.-H. Kuo (2011), M. Tubigi and Alshawi 

(2015), AL-Hakim, Hassan, and Abdullah (2012).Additionally, the findings  have 

provided that KM processes significantly and positively related to firm innovative-

ness. Which is consistence with Ju, Li, and Lee (2006) and Chen et al. (2010) find-

ings; as they believe that KM and innovation processes are the chain fields which 

result in the creation of new ideas, innovation, and continuous improvement in per-

formances that they systematically support each other. They also confirmed that 

when the structure of the organization is more decentralized, less formalized, and 

integrated KM will be more enhanced. 

According to OI, the study result confirms the positive and strong effect of KM 

on OI , which is similar to the result reported by Liao and Hu (2007), Johannessen 

(2008), Alrubaiee et al. (2015), and Popadiuk and Choo (2006). This signifies that 

firms who are successful in leveraging knowledge, normally witness increased 

efficiencies in operations, higher rates of successful innovations, maximized levels of 

customer service, and an ability to have foresight on trends and patterns emerging in 

the marketplace. 

What’s more, the findings confirm the result of previous empirical studies, 

which found  KM has a positive effect on employee satisfaction. Although a consid-

erable interest regarding the connection between KM and employee satisfaction has 

been expressed, only few authors have been able to investigate the possible connec-

tions. More to the point, Tsirikas and Katsaros (2014) found that KM positively af-

fects worker’s job satisfaction. Also, A. K. Singh and Sharma (2011) have shown 

that there is a positive correlation between KM and employee satisfaction. Thus, this 

confirms that job satisfaction can be enhanced from KM practices.  
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Generally, based on the study findings, it can be said that KM processes can 

play a significant role in improving organizational innovation, process innovation, 

staff performance, work relationships, and employee satisfaction, and thus in im-

proving the OP. 

5.1.3.  Third sub hypothesis: BI has effects on OP in Jawwal Co. in the Gaza 

Strip. 

According to results in table 5.23 above, it can be noted that BI has insignifi-

cant direct effect (effect = 0.128, Sig. = 0.136) and significant indirect effect (effect 

= 0.562, Sig. = 0.000) on OP. This result supports the validity of third sub hypothe-

sis. So, it can be concluded that “There is high positive indirect significance effect 

of BI on OP”. 

According to the finding that BI has insignificant direct effect on OP, is incon-

sistent with the results of  previous  related research (Eidizadeh et al., 2017; Elbashir 

et al., 2008; Maghrabi, Oakley, Thambusamy, & Iyer, 2011; Pirttimäki et al., 2006; 

Ramakrishnan et al., 2012; Schubert, Williams, & Woelfle, 2013; Teoh, Rajendran, 

& Lim, 2014). Which they  found  that  BI  and  OP are positively and directly corre-

lated. Thus, the result requires further attention to investigate this issue. 

To illustrate more about the direct impact of BI on OP and how the value is 

created at organizational level.Pirttimäki et al. (2006) concluded that BI did contrib-

uted to OP in intangible form particularly from internal process and learning growth 

perspectives (Pirttimäki et al., 2006). Also, in a more recent empirical study, it is 

found that established organizations have attained considerably superior business 

payback from BI (Raber, Wortmann, & Winter, 2013). Moreover, BI has emerged as 

one of the key applications in firms that provides useful insight, supports decision 

making, and drives firm Performance (Ramakrishnan et al., 2012).Additionally, 

Eidizadeh et al. (2017) confirmed that BI has a positive and significant impact on 

knowledge sharing, organisational innovation and gaining competitive advantage . It 

can be said that BI provides the necessary conditions for innovation in the organisa-

tion through providing data, knowledge, and information. Therefore, necessary 

knowledge to coordinate with changes, transformations, and innovation will be pro-

vided using BI in the organisation. Thus, by depending on the previous studies 

mentioned above, it can be concluded that BI is an important factor for increas-
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ing OP. But this study didn’t provide enough evidence for that, so, it requires 

further studies to investigate that matter. 

5.1.4. Main Hypothesis: BI has effects on OP under KM in JAWWAL Co. in The 

Gaza Strip.  “KM is a mediator between BI and OP” 

The answer of this hypothesis depends on the results of SEM above. Where the 

things that make a variable is mediator between other two variables is the significant 

indirect effect of independent variable on dependent variable through this mediate 

variable. 

The results in table 5.24 show that the independent variable BI has high signif-

icant indirect effect on dependent variable OP (effect = 0.690, Sig. = 0.000), and this 

support the validity of main hypothesis. Therefore, the mediating role of KM be-

tween BI and OP improves the level of OP in Jawwal Co. in The Gaza Strip. So, it 

can be concluded that “There is high positive significance mediating role of KM 

in the relationship between BI and OP”. 

Another essential point, the missing link between BI and OP  illustrates the 

existence of a black box. The black box indicates that there is an unknown ap-

paratus. which is apparently invisible in maximizing firm performance. There-

fore, it can be confirmed that KM is the box that is recognized as the fundamen-

tal activity for growing, obtaining and creating knowledge value that will im-

mediately lead to gain a super competitive advantages. As well as, KM  is not 

only served as predecessor to OP, but  also solved the problem which is pointed 

out in the 3rd hypothesis when it is played as an intervening mechanism be-

tween BI and OP. 

Furthermore, Previous studies have examined the role of KM as a mediator. 

For instance, Zheng et al. (2010), examines the possible mediating role of KM in the 

relationship between organizational culture, structure, strategy, and organizational 

effectiveness. While, Chen and Huang (2009) examines the role of KM capacity in 

the relationship between strategic human resource practices and innovation perfor-

mance.Donate and de Pablo (2015) find that KM practices mediate the effect of 

knowledge oriented leadership on innovation performance. Likewise, Hsu and 

Sabherwal (2011) provide insights into the mediating roles of KM and knowledge 

utilization in the relationship between innovation and Intellectual Capital. Whereas, 
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Huang and Li (2009) examine the mediating role of KM in the relationship between 

innovation performance and social interaction. Thus, All of the mentioned above 

studies confirmed that KM mediates the impact of the independent variable on the 

dependent variable.   

To conclude, this study highlights the crucial importance of the mediating 

role of KM when examining the relationship between BI and OP. The key point is 

that BI works its beneficial effects on firm performance through the level of 

knowledge creating, storing, disseminating, and application. 

 

5.5 Chapter summary 

In this chapter, the results of the data analysis of the study are presented. At 

first, the descriptive statistics are calculated for BI ,KM and OP variables, and the 

correlation among the key constructs are reported. Then, the differences in BI, KM 

and OP according to demographic factors are tested and observed. After that , the 

relations among observed  and unobserved variables are evaluated using SEM. Then, 

the coefficient of determination and the standardized coefficient path are calculated 

in order to assess the hypothesized relationships within the inner model. Finally , the 

hypothesized model is tested using the hierarchical multiple regression, and the re-

sults are conducted to provide further understanding. 
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Chapter 6 

conclusions and recommendations of the study 

6.1 Introduction 

This final chapter will be seen as a summary of the research study. The most 

important part of this chapter is to highlight the contributions to knowledge of the 

entire research. Since this study explored a number of important and significant re-

sults that the researcher hopes that they would lead to novel contributions to theory 

and relevant literature.  

6.2 Main findings. 

6.2.1 Findings of the Descriptive Statistics 

1. The descriptive statistics indicate that BI within Jawwal Co. are considered High in terms 

of level from the perspective of the study’s sample. Also, indicate that the rank of its sub 

constructs is respectively Risk Level, Flexibility, Interaction with Other System, Analyti-

cal capabilities, User Access, and finally Data Quality. 

 The descriptive statistics indicate that Data Quality within Jawwal Co. are considered 

High in terms of level from the perspective of the study’s sample. Also, indicate that the 

data which is used in BI  is correct, integrated, and accurate. 

 The descriptive statistics indicate  that User Access  within Jawwal Co. are considered 

High in terms of level from the perspective of the study’s sample. Also, indicate that the 

employees within Jawwal co. can access the information which is most relevant to their 

jobs requirements. 

 The descriptive statistics indicate that interaction with other system  within Jawwal Co. 

are considered High in terms of level from the perspective of the study’s sample. Also, 

indicate that the level and quality of integration between BI and other systems is fair 

enough and provides a unified view of business data 

 The descriptive statistics indicate that  Risk Level  within Jawwal Co. are considered 

High in terms of level from the perspective of the study’s sample. Also, BI within Jaw-

wal Co. can support decisions under conditions of uncertainty when not all the facts are 

known. 

 The descriptive statistics indicate that Flexibility within Jawwal Co. are considered 

High in terms of level from the perspective of the study’s sample. Also, BI within Jaw-

wal Co. has the capability to provide decision support when variations exist in technol-

ogy, business processes or the business environment in general. 
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 The descriptive statistics indicate that Analytical Capabilities within Jawwal Co. are 

considered high in terms of level from the perspective of the study’s sample. Also, it in-

dicates that there is a high insight in future perspectives changes and how accurately 

uncertain future events can be predicted. 

2. The descriptive statistics indicate that KM within Jawwal Co. are considered High in 

terms of level from the perspective of the study’s sample. Also, indicate that the rank of 

its sub constructs is respectively Disseminating Knowledge, Storing Knowledge, Ap-

plying Knowledge, and finally Creating Knowledge. 

 The descriptive statistics indicate that Creating Knowledge within Jawwal Co. are con-

sidered high in terms of level from the perspective of the study’s sample. Also, it indi-

cates that employees within Jawwal Co. develop new ways of doing things, as the result 

of an exchange process of ideas and resources among various organizational units, as 

well as greater use of information and more exploration of  potential solutions. 

 The descriptive statistics indicate that Storing Knowledge within Jawwal Co. are con-

sidered high in terms of level from the perspective of the study’s sample. Also, it indi-

cates that Jawwal co. has a tendency to save knowledge physically, not just in the head 

of the employees, since it utilizes different database application to store the acquired 

knowledge and facilitate knowledge re-access 

 The descriptive statistics indicate that Disseminating Knowledge within Jawwal Co. are 

considered high in terms of level from the perspective of the study’s sample. Also, it in-

dicates that Jawwal co. allows the transfer of knowledge between the employees at the 

right time. Which in turn, should enhance innovation performance and  reduce redun-

dant learning efforts. 

 The descriptive statistics indicate that Appling Knowledge within Jawwal Co. are con-

sidered high in terms of level from the perspective of the study’s sample. Also, it indi-

cates that Jawwal co. is  being able to turn knowledge into action, as it successfully use 

this declarative knowledge in various situations for developing organization's compe-

tencies and locating the source of competitive advantage . 

 

3. The descriptive statistics indicate that OP within Jawwal Co. are considered High in 

terms of level from the perspective of the study’s sample. Also, indicate that the rank of 

its sub constructs is respectively Process Innovation, Employee, and finally Organiza-

tional Innovation. 

 The descriptive statistics indicate that Employee Satisfaction within Jawwal Co. are 

considered high in terms of level from the perspective of the study’s sample. Also, it in-
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dicates that employees within  Jawwal co. are satisfied with intention to keep working at 

it.  

 The descriptive statistics indicate that Organizational Innovation within Jawwal Co. are 

considered high in terms of level from the perspective of the study’s sample. Also, it in-

dicates that Jawwal co. supports the implementation of new techniques for organizing 

work procedures and apply new methods for distributing responsibilities and decision 

making among employees. 

 The descriptive statistics indicate that Process Innovation within Jawwal Co. are con-

sidered high in terms of level from the perspective of the study’s sample. Also, it indi-

cates that Jawwal Co. provides a better service processes and outcomes through the con-

tinuous improvement of their programs. 

6.2.2 Results of testing the differences on BI, KM and OP according to demo-

graphic factors “Age, Gender, Place of work, Education level, Administrative 

level and Years of service”. 

 

 The findings show that there are no significant differences in BI according to demo-

graphic factors at level 0.05, except age and years of service. 

 The findings show that there are no significant differences in KM according to demo-

graphic factors at level 0.05. 

 The findings show that there are no significant differences in OP according to demo-

graphic factors at level 0.05. 

6.2.3 Results measuring the nature of the relationship that exist between the 

variables and  the effect of each independent variable on other variables. 

 BI explains about 60.3%  of the variance in the KM  

 BI and KM explains about 68.3% %  of the variance in the OP 

 BI has positive direct significant effect on KM.  

 KM has positive direct significant effect on OP. 

 BI has positive direct insignificant effect on OP. 

 BI has positive indirect significant effect on OP. 

 It means that BI made strong contribution in explaining KM acceptance. Also, KM made 

strong contribution in explaining OP acceptance. While, BI made less contribution. Con-

sequently, it means that BI  affect indirectly OP acceptance. 
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6.2.4 Results of Testing Hypotheses 

 There is high positive significance effect of BI on KM. This This signifies that the use of 

BI leverages the value of using KM. 

 There is high positive significance effect of KM on OP. This This signifies that KM pro-

cesses can play a significant role in improving organizational innovation, process innova-

tion, staff performance, work relationships, and employee satisfaction, and thus in im-

proving the OP. 

 There is high positive indirect significance effect of BI on OP. This signifies that BI indi-

rectly provides the necessary conditions for improving organization performance. 

 There is high positive significance mediating role of KM in the relationship between BI 

and OP. This signifies the crucial importance of the mediating role of KM when examin-

ing the relationship between BI and OP. As well as , BI works its beneficial effects on 

firm performance through the level of knowledge creating, storing, sharing, and applica-

tion. 

6.3 Recommendations  

In the light of the empirical results which have been reached the researcher 

suggests the following recommendations. 

1. Jawwal company has to apply BI in their business activities to transform large volumes of 

data stored in relational databases into meaningful business information, and to help cor-

porate executives, business managers and operational workers make better and more in-

formed business decisions and improve their tactical  strategic management processes. 

Since using it offers streamlined structure for reporting and analytics. 

2. Jawwal company should increase employees ability to collect information from all 

sources both within and outside the company, to help them gain competitive advantage. 

3. Jawwal company need to consider using BI, to extract data directly from the data sources, 

generate data reports, allow managers to monitor businesses, reduce the scope of error, 

and thus improve the accuracy and usefulness of the data generated by different depart-

ments. 

4. It is important for Jawwal company  to adopt KM system to achieve success over compet-

itors, as it is one of the most actual assets a company might have. 

 

5. Jawwal company should apply KM process, including: Knowledge creation, knowledge 

storing, knowledge sharing and knowledge application. 
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6. Jawwal  company should encourage sharing of ideas and experiences among employees 

to enhance their ability to innovate, minimizing the duplication of effort across all tasks. 

Also to improve their engagement and communication.  

7. Jawwal company need to devote its attention on storing knowledge to avoid knowledge 

being lost ,as well as storing knowledge will grant employees more power to invent 

something new and increase their efficiency and productivity.  

8. Jawwal company should continuously measures the performance of organizational inno-

vation, process innovation and employee satisfaction to achieve superior results. Also to 

align its strategic activities to the strategic plan. 

9. More emphasized should be allocated to create a culture that believes in the importance 

of integrating KM and BI in business processes for successful performance at Jawwal 

company. However, many companies still do not understand the real meaning and value 

of integrating KM and BI. As a result, many companies have difficulties with creation, 

capture, and maximization of business value.   

10. Jawwal company should conduct case studies, each of them building a model which max-

imize the direct positive effect of BI in achieving firm performance. 

11. It must be noted that the findings of the literature may vary according to the models used 

to test and evaluate the relationship. Therefore, the model which is used to measure the 

effect of any variable on the other one should be selected fussily in order to get the most 

appropriate results. 

6.4 Future research 

This study  has several limitations in its interpretation of the results which need 

to be addressed in the future research. First, the small size of our sample reduces the 

power of the research model. In addition, the sample consisted of only Jawwal com-

pany employees who works in Gaza strip. This reduces the generalizability of the 

results obtained. Thus, the study  can overcome this limitation and improve the find-

ings by increasing the sample size by including participants form the whole company 

(West Bank and Gaza Strip). 

According to the finding that BI has insignificant direct effect on OP, is incon-

sistent with the results of  previous  related research (Eidizadeh et al., 2017; Elbashir 

et al., 2008; Maghrabi et al., 2011; Pirttimäki et al., 2006; Ramakrishnan et al., 2012; 

Schubert et al., 2013; Teoh et al., 2014). Thus, this result requires further attention to 

investigate this issue by conducting a deeper understanding and refinement of the 
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study model and find the factors which influencing the successful deployment of BI 

and its relationship with OP. 

The limited theoretical development on the relation between BI, KM and OP 

qualitative research might be particularly beneficial to elaborate theory on these rela-

tionships and allows the researcher to advance his understanding and draw a com-

prehensive perspective of people's experiences. Moreover, conducting Qualitative 

research will help researcher to access the real thoughts and feelings, as well as un-

derstand the ideas and interpretations of the of respondents. 

6.5 Chapter Summary. 

This chapter presented the key findings of the study research and a number of 

recommendations deriving from these findings for Jawwal company to consider. Fi-

nally, areas for further research are discussed. 
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Appendix 

Appendix (A): Questioner   

 

 
 
 

 استبيــــان
 الزمالء الكرام،،

 السالم عليكم ورحمة هللا وبركاته ،،،
 

دراسة حالة شركة : األداء التنظيميعالقة بين ذكاء األعمال و دارة المعرفة في الإدور تقوم الباحثة بدراسة 
الجامعة  في إدارة األعما  من روذلك استكماال لمتطلبات الحصو  على درجة الماجستي، جوال في قطاع غزة

 اإلسالمية بغزة.
 

األمثل للحصو   التي تجعلكم المصدر الخبرةتمتلكون من  شركة جوا ومن منطلق إيماننا بأنكم كعاملين في 
على المعلومات المطلوبة بدقة وأمانة، نأمل من حضرتكم التكرم بتعبئة االستبانة المرفقة باختيار اإلجابات التي 
تعكس واقع العمل في شركتكم، يرجي محاولة اجابة جميع االسئلة ولكن اذا كنت   غير متأكد من اجابة معينة، 

عليها من قبلكم ستستخدم سنحصل مع التأكيد على أن المعلومات التي  ،يرجي ترك السؤا  دون اجابة محددة
 فقط ألغراض البحث العلمي، وسوف تحظ   بالسرية التامة.

 .عنبتمقبل البدء باإلجابة علي األسئلة يجري قرأه المصطلحات التالية 

 زةـــــغبة ــالميــــــة اإلســـــــــامعـالج

 شئون البحث العلمي والدراسات العليا

 ة التـــجــــــــــــــــــارةــــــــــــــــــليـك

 ماجستير إدارة األعمـــــــــــــــــــــــال

The Islamic University of Gaza 

Research and Postgraduate Affairs 

Faculty of Commerce 

Master of Business & Administration  
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البيانات  مجموعة من التقنيات واالدوات لتحويل يشير الي”Business Intelligence“: ذكاء األعمال
، من خال  قدرتها علي التعامل مع البيانات من مصادرها المختلفة واتاحة  معلومات مفيدة الىاالولية وتحليلها 

 الكبيرة التي تساعد في اغناء عمل المنظمة واتخاذ القرارات الصحيحة  لجمع وتفسير و تحليل البياناتاالمكانية 
تشير الي مجموعة من العمليات المتتالية والمتشابكة )مثل  :”Knowledge Management”المعرفة ةدار إ

خلق وجمع وتخزين وتوزيع المعرفة واستخدامها( داخل الشركة بطريقة تحسن فهم العاملين للمعلومات التي 
 تعتبر ضرورية لألنشطة اإلدارية المختلفة كاتخاذ القرارات، وحل المشكالت والتخطيط االستراتيجي.

هو المؤشر الذي يقيس نجاح المنظمة في تحقيق  :”Organizational Performance“األداء التنظيمي 
 ن االبتكار المؤسسي.يجابي علي رضا العامليأهدافها وقدرتها علي البقاء و النمو، من خال  انعكاسها اإل

حسن تعاونكم، وأقدر جهدكم ووقتكم الثمين لتعبئة االستبيانكم علي أشكر  

 

هيا محمد البرعصيالباحثة:    
 

 
 

 
 

 

 
\\\ 

   بيانات عامة ول:الجزء األ 

 العمر:. 1

 سنة فأكثر50 □ سنة 50أقل من -40من □ سنة 40أقل من  – 30من □ سنة 30أقل من  □
 

 الجنس: أنثي □ ذكر □

 مكان العمل:

 شمال غزة □ غزة □ وسط غزة □ جنوب غزة □
 

 :المستوي العلمي

  أقل من ذلك □ دبلوم □ بكالوريوس □ دراسات عليا □

 أخرى □ اقتصاد □ محاسبة □ إدارة أعمال □ هندسة □ تكنولوجيا المعلومات □

 التخصص العلمي:

 :الُمستوى االداري

إدارة عليا )مدير عام/ مدير دائرة/ مدير  □

 إدارة(

إدارة وسطى )رئيس وحدة/ رئيس  □

 قسم(

إدارة تشغيلية )مهندس/  □

  إداري/ ...(
 :سنوات الخدمة

  فأكثر 15من □ 15أقل من -10من □ 10أقل من  -5من □ 5أقل من □
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 " في شركة جوال.Business Intelligenceيتعلق هذا الجزء بدراسة ذكاء األعمال" :لثانيالجزء ا
 \بناًء علي موافقتك علي كل من العبارات التالية اإلجابة  يرجى التكرم باختيار: 
 أوافق بشدة أوافق جداً  أوافق محايد ال أوافق ال أوافق جداً  ال أوافق بشدة الرأي

 7 6 5 4 3 2 1 درجة الموافقة
 

 Data Qualityجودة البيانات  ". 1

 # موافق بشدة -7....................................... غير موافق بشدة -1 1  7

 1 أثق في البيانات التي يتم جمعها عبر أنظمة جمع وتحليل البيانات.       

 2 تتصف البيانات المغذية ألنظمة جمع وتحليل البيانات بالتكامل والتناسق.       

 3 وتحليل البيانات بالدقة. تتصف البيانات التي يتم جمعها عبر أنظمة جمع       

 4 ُتحدث البيانات التي يتم جمعها عبر أنظمة جمع وتحليل البيانات باستمرار.       
 

 

 

 "User Accessوصول المستخدم ". 2

 # موافق بشدة -7غير موافق بشدة ....................................... -1 1  7

 1 التي أصل من خاللها الي أنظمة جمع وتحليل البيانات.أنا راِض عن جودة الطريقة        

 2 ُيسمح لي بالوصو  الي جميع المعلومات التي احتاجها من أنظمة جمع وتحليل البيانات.       

       
طريقة وصولي ألنظمة جمع وتحليل البيانات تتناسب تماما مع أنواع القرارات التي 

 اتخذها.
3 

 

 

 

 Interaction With Other Systemالنظم األخرى  " تفاعل النظام مع. 3

 # موافق بشدة -7غير موافق بشدة ....................................... -1 1  7

       
بصوره موحده  التجاريةُيزود نظام ذكاء األعما  امكانية عرض البيانات والعمليات 

 متكاملة.
1 

 2 روابط مشتركة تربط ما بين تطبيقات األعما  المختلفة.ُيزود نظام ذكاء األعما         

       
ُيزود نظام ذكاء األعما  دليل إلكتروني شامل لمختلف مصادر المعلومات المؤسسية 

 داخل الشركة.
3 

       
ُيزود نظام ذكاء األعما  إمكانية الوصو  السهل والسلس للبيانات الموجودة في التطبيقات 

 األخرى.واألنظمة 
4 
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 Flexibilityالمرونة  ". 4

 # موافق بشدة -7غير موافق بشدة ....................................... -1 1  7

       
 ميكروسوفت أوفيس، نظام ذكاء األعما  يتوافق مع البرامج االخرى التي استخدمها )مثل

 قواعد البيانات(
1 

 2 التغيرات في متطلبات العمل بسرعة. نظام ذكاء األعما  يستوعب       

 3 نظام ذكاء األعما  ُيسهل التعامل مع الحاالت االستثنائية في العمل.       

 4 فيما يتعلق بعدد المعامالت نظام ذكاء األعما  ت سمح امكانياته بالتوسع       

 5 البيانات.فيما يتعلق بكمية  نظام ذكاء األعما  ت سمح امكانياته بالتوسع       

 6 فيما يتعلق بعدد المستخدمين. نظام ذكاء األعما  ت سمح امكانياته بالتوسع       

 7 فيما يتعلق بالبنية التحتية للشركة.  نظام ذكاء األعما  ت سمح امكانياته بالتوسع       

 8 نظام ذكاء األعما  تتقبل طريقة تنظيمه وتكامل مكوناته فكره حدوث التغيرات السريعة.            
 

 

 

 

 " في شركة جوال.Knowledge Managementيتعلق هذا الجزء بدراسة إدارة المعرفة " :لثالثالجزء ا

 Analytical capabilities القدرات التحليلية  "". 5

 # موافق بشدة -7.......................................غير موافق بشدة  -1 1  7

 1 ُتزود أنظمة جمع وتحليل البيانات العاملين بتقارير ورقية.       

 2 ُتزود أنظمة جمع وتحليل البيانات العاملين بتقارير تفاعلية.       

       
 فوريةُتزود أنظمة جمع وتحليل البيانات العاملين بمعالجة تحليلية 

 " تحليل البيانات بشكل تفاعلي متعدد األبعاد من وجهات نظر متعددة" 
3 

       
ُتزود أنظمة جمع وتحليل البيانات العاملين بالتطبيقات التحليلية التي تتضمن تحليل  

 االتجاه "ماذا لو أردنا زيادة نسبة المبيعات".
4 

       
 بإمكانية تنقيب البيانات ُتزود أنظمة جمع وتحليل البيانات العاملين

 ".عالقة منطقية تلخص البيانات بطريقة تكون مفهومة ومفيدة"اكتشاف 
5 

       
ُتزود أنظمة جمع وتحليل البيانات العاملين بلوحة تحكم تحتوي علي مقايس مؤشرات 

 األداء الرئيسية. 
6 

 

 

 Creating Knowledgeخلق المعرفة  ". 6

 # موافق بشدة -7....................................... غير موافق بشدة -1 1  7

       
ُتوجد آليات لخلق واكتساب المعرفة من عدة مصادر مختلفة مثل الموظف والعمالء 

 والشركاء التجاريين والمنافسين
1 

 2 يتم دعم عملية تباد  األفكار والمعارف بين األفراد والجماعات.       

 3 مكافئة الموظفين عند تطويرهم لألفكار والمعارف الجديدة.يتم        
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 Storing Knowledge تخزين المعرفة  ". 7

 # موافق بشدة -7غير موافق بشدة ....................................... -1 1  7

       
المعرفة وتسهيل يتم استخدام قواعد البيانات وتطبيقات تكنولوجيا المعلومات لتخزين 

 الوصو  إليها من قبل الموظفين.
1 

       
يتم استخدام أدوات مختلفة للكتابة مثل المجالت االلكترونية والكتيبات لتخزين المعرفة 

 التي ُاكتسبت من قبل الموظفين.
2 

 3 لنشر وايصا  المعرفة المكتسبة. ةتتوفر أساليب مختلف       

 4 ولحفظ المعارف الجديدة. ت توفر آليات لتسجيل       

 

 

 " Disseminating knowledge نشر المعرفة  ". 8

 # موافق بشدة -7غير موافق بشدة ....................................... -1 1  7

       
ُتخزن المعرفة بطريقة ُتمكن الموظفين من الوصو  اليها بسهولة )مثل توفر شبكة داخلية 

 .المعلومات والتطبيقات المهمة بين الموظفين( وخارجية لتباد 
1 

       
يتم ارسل تقارير في الوقت المناسب للموظفين والعمالء والمنظمات ذات الصلة تتالءم 

 مع طبيعة عملهم. 
2 

 3 ت توفر مكتبات ووسائل أخرى لعرض ونشر المعرفة بين الموظفين.       

 4 التدريبية المنتظمة بهدف نشر المعرفة بين الموظفين.يتم عقد المؤتمرات، والدورات        

 

 

 "Applying knowledgeتطبيق المعرفة  ". 9

 # موافق بشدة -7غير موافق بشدة ....................................... -1 1  7

       
في يتم توفير وسائل مختلفة للموظفين تساعدهم في تطوير المعرفة لديهم واستخدامها 

 مواقف مستقبلية مستحدثة .
1 

       
ُتوجد آليات لحماية المعرفة من االستخدام غير المالئم أو غير المشروع سواء من داخل 

 المنظمة أو خارجها.
2 

       
يتم العمل على تطبيق المعرفة المتوفرة لدي الشركة من أجل تدعيم موقفها التنافسي 

 واستثمار مصادرها المعرفية في ايجاد حلو  لمشكالت العمل. 
3 

       
يمكن أنماط ومعارف جديدة  ، من أجل خلقالمعرفةوتقييم أساليب لتحليل  يتم استخدم

 ستخدامها في المستقبل.ا
4 

 

 

 

 

 

 

 

 

 



159 

 

 " في شركة جوال..Organizational Performanceيتعلق هذا الجزء بدراسة األداء التنظيمي " :لرابعالجزء ا
 

 "”Employee Satisfactionرضا العاملين  . 10

 # موافق بشدة -7غير موافق بشدة ....................................... -1 1  7

 1 أنا راٍض عن عملي.       

 2 يوجد لدي رغبة في مواصلة عملي في المستقبل.       

 3 فكره ترك العمل بعيدة كل البعد عن خيالي وال تلوح بخاطري مطلقا.       

 4 تزيد الشركة من رغبة التعلم لدي الموظفين.        

 

 

 "Organizational Innovation"  االبتكار المؤسسي. 11

 # موافق بشدة -7.......................................غير موافق بشدة  -1 1  7

       
لدى الشركة قواعد البيانات الخاصة بأفضل الممارسات التي تشتمل علي الدروس 

 المستفادة والمعارف األخرى ذات العالقة.
1 

       
تهم، كفاءلدى الشركة القدرة علي تبني الممارسات المتعلقة بأمور تطوير الموظفين، ورفع 

 واستبقاءهم داخل الشركة.
2 

       
، العمل على إشباع رغبة العميل"مثل  الجودة إدارة لدى الشركة آليات الستخدام أنظمة

 ".تالمستمر للخدماالتحسين و 
3 

       
لدى الشركة القدرة على استخدام أسلوب الالمركزية في اتخاذ القرارات "منح سلطة 

 صنع القرار".للموظفين للمشاركة في 
4 

 5 لدى الشركة القدرة على استخدام أسلوب العمل الجماعي.       

 6 لدى الشركة أدوار ومسؤوليات تتصف بالمرونة.       

       
لدى الشركة آليات للتعاون مع العمالء "مثل األخذ بعين االعتبار مالحظاتهم لتحسين 

 الخدمات.
7 

 8 االستعانة بمصادر خارجية إلتمام األنشطة التجارية.لدى الشركة القدرة على        
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 "”Process Innovation  عملية االبتكار. 12

 # موافق بشدة -7غير موافق بشدة ....................................... -1 1  7

 1 المتكاملة.لدي الشركة القدرة على بناء وإدارة حزمة من البرمجيات واالنظمة        

       
أهم التقنيات والتطبيقات التكنولوجية المطلوب  بلدي الشركة القدرة على اتقان واستيعا

 استخدامها في العمل.
2 

       
لدي الشركة القدرة على التطوير المستمر للبرامج التطبيقية المستخدمة من أجل تقديم 

 خدمات بأقل تكلفة ممكنة.
3 

       
القدرة على االهتمام بالمعارف والخبرات القيمة من أجل تحسين العمليات لدي الشركة 

 اإلنتاجية والتقنية .
4 

       
لدي الشركة القدرة علي اإلدراك الجيد حو  أفضل العمليات واألنظمة التي يجب 

 استخدامها في أمور تنظيم العمل.
5 

 6 للبيئة.لدي الشركة القدرة علي تقديم خدمات صديقة        
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Appendix (B):  Questionnaire Evaluation Academic and professional referees' 

Names and Titles 

# Name Title 

1 Dr. Sami A Abou-

AlRoss 

Associate Professor, Faculty of Commerce, Islamic Univer-

sity of Gaza. 

2 Dr. Hatem A. Elaydi. Associate Professor, Faculty of Engineering,  Islamic Uni-

versity of Gaza. 

3 Dr. Wael Thabet Assistant Professor, Faculty of Economics and Administra-

tive Sciences, Al-Azhar University. 

4 Dr. Mansour M. 

Alayoubi 

Assistant Professor, Business Administration, Palestine 

Technical College - Deir Balah Gaza. 

5 Dr. Hisham Madi Assistant Professor, Faculty of Engineering, Islamic Univer-

sity of Gaza. 

6 Dr. Khalil Madi Faculty of Economics and Administrative Sciences, Al-

Azhar University of Gaza. 

7 Dr. Nabeel A. Allouh Human Development Consultant, General Personnel Council 

– Gaza. 

8 Dr.  Wasim I. Habil Associate Professor, Faculty of Commerce, Islamic Univer-

sity of Gaza. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 




